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EVIDENCE FROM INDIVIDUAL PERCEPTIONS IN ITALY 

by Eleonora Porreca* and Alfonso Rosolia* 

Abstract 

We test whether the native population correctly assesses the effects of immigration on 
their own labour market opportunities. We relate natives’ self-reported probabilities of losing 
or finding a job to the presence of foreign-born residents in their neighbourhood. We interpret 
coefficient estimates through the lens of a simple learning model that allows us to disentangle 
the true effect of immigration from the perception bias. Our results show that natives in 
employment greatly overestimate the effects of immigration on the likelihood of losing their 
current job,  given the lack of significant true effects; native jobseekers’ perceptions are 
instead broadly unaffected by immigration – a largely correct assessment given that no 
significant true effects were detected. Overestimation of the negative effects of immigration 
on separation rates is very much concentrated among women, the less educated, younger 
people, residents of smaller towns, and employees on permanent contracts; the 
complementary groups appear to correctly assess that immigration has at best only modest 
effects. We briefly discuss the implications of these findings for the interpretation of 
empirical work on the labour market effects of immigration.  
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1 Introduction∗

In this paper we ask whether natives correctly assess the effect of immigrants on their own labour

market opportunities. In non competitive models of the labour market, beliefs and information

about fundamentals define agents’ behaviours such as, for example, job search intensity, on-the-

job effort, or propensity to accept job offers. These in turn shape observable outcomes such as

wages and employment status. Thus, holding incorrect beliefs or biased information may have

real effects and lead to sub-optimal choices and outcomes;1 for example, a job seeker having

pessimistic views of the distribution of wage offers might set a lower reservation wage, bringing

about an inefficiently high acceptance rate and a lower expected wage.

A broad body of evidence documents that in advanced countries natives are poorly informed

about immigrants in their countries; they typically overestimate their amount and hold too

negative views of their socio-demographic characteristics and behaviours.2 Yet, little attention

has been paid to the possibility that the labour market effects of immigration can be partly

traced to the sub-optimal behaviour of misinformed agents rather than to traditional labour

market mechanisms; empirical studies are typically cast within a standard competitive labour

market framework in which wage and employment effects stem exclusively from the techno-

logical parameters governing the elasticity of substitution between different labour inputs and

informational imperfections are implicitly assumed away.3

Our empirical analysis is guided by a simple learning model. Agents form beliefs about their

∗We thank for comments Gaetano Basso, Andrea Brandolini, Giuseppe Ilardi, Michele Mancini and seminar
participants at the Bank of Italy, EEA-ESEM 2019, AIEL 2019, SIE 2019. The views expressed are not
necessarily shared by the Bank of Italy or the Eurosystem.

1See, for example, Conlon, Pilossoph, Wiswall and Zafar (2018), Mueller, Spinnewijn and Topa (2018),
Spinnewijn (2015), Kassenboehmer and Schatz (2017), Dickerson and Green (2012)

2See, for example, Card, Dustmann and Preston (2005), Senik, Stichnoth and van der Straeten (2009),
Grigorieff, Roth and Ubfal (2018), Alesina, Miano and Stantcheva (2018))

3For example, Card (2001), Borjas (2003), Ottaviano and Peri (2012). The few papers that study the effect
of immigration within a non competitive labour market framework also implicitly assume perfect information
about fundamentals. See Ortega (2000), Epstein, Kunze and Ward (2009), Moreno-Galbis and Tritah (2016),
Battisti, Felbermayr, Peri and Poutvaara (2017), Chassamboulli and Palivos (2014), Iftikhar and Zaharieva
(2019)).
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own future labour market opportunities combining a prior and the signal provided by available

relevant data, for example recent labour market developments. The prior embeds individual

perceptions about immigration, which combine what the agent thinks about both the number

of immigrants and their impact on his labour market opportunities; the signal reflects instead

the actual effects of the true stock of immigrants. We show that regressions of perceived own

labour market opportunities on measures of the true size of the immigrant population allow

estimating the overall effect of immigration on individual beliefs, that is the sum of the true

effect of immigration and of the perception bias; we also show that by augmenting the control

set of this regression with a rich set of observable predictors of own labour market outcomes

yield an estimate of the extent of the perception bias. Therefore, the difference of the two

estimates yields an assessment of the true effect of immigration. It is important to stress,

however, that this latter parameter combines both the potential effect of immigration due to

fundamental mechanisms in the absence of misperceptions, and the real effects stemming from

behaviours driven by wrong perceptions; while our empirical strategy is able to detect the

presence of a perception bias, it cannot disentangle these two elements.

We implement this approach using novel data on self-assessed future labour market transition

probabilities collected by the Bank of Italy in its 2016 Survey of Household Income and Wealth.

We relate these probabilities to the share of immigrants in the municipality, the smallest admin-

istrative unit in Italy. We address endogeneity concerns, whereby a better reported individual

outlook might reflect unobserved positive labour demand shocks that also attract more immi-

grants, by means of a conventional IV strategy based on historical geographical settlements of

immigrants by country of origin (Card (2001)).

We find statistically significant evidence that natives are too pessimistic about the effects of

immigration on their opportunities. A one standard deviation increase in the ratio of foreign-

born to Italian residents in the municipality raises the perceived separation rate over the next 12

months by at least 4 percentage points, more than one fourth of the average expected rate. The
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increase is largely unjustified: we find economically modest and statistically non significant true

effects of immigration. Against the widespread lack of true effects of immigration on separation

rates, we detect a great deal of heterogeneity in perception bias. Residents of smaller towns,

females, less educated, younger workers and open-end employees are quite pessimistic about

the effects of immigration; the complementary groups, instead, appear to correctly perceive

the lack of substantial effects of a larger immigrant population in the municipality. Finally, we

do not detect statistically significant effects of immigration on perceived or actual job finding

rates.

We contribute to the literature in several respects. First, we propose a theoretically grounded

empirical method to infer the amount of misperceptions about the size and effects of immigra-

tion without directly observing individual assessments in this respect. This empirical strategy

can easily be adapted to other contexts where one observes opinions about an outcome of in-

terest and wants to assess how biased is perception of relevant economic mechanisms. Second,

we implement our strategy using novel data on self-reported assessments of own labour market

outlook collected without any reference to immigration. To the best of our knowledge, all ex-

isting empirical research on natives’ perceptions about immigration and its effects is based on

replies to questions that explicitly refer to immigration and its effects on the broader economic

outlook rather than on own conditions. The explicit reference to immigration is likely to intro-

duce ideological bias and confound subsequent inference. Third, and more importantly from

the policy perspective, we raise the possibility that natives’ behavioural responses to wrong

beliefs may partly explain the labour market effects (or lack thereof) of immigration. Em-

pirical studies of the effects of immigration have so far neglected this possibility. Indeed, our

main result that specific segments of the native population are excessively pessimistic about

the consequences of immigration suggests that the occasionally detected correlation between

their labour market outcomes and immigrant presence might be partly due to this mechanism

rather than to standard market ones.
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The paper is organised as follows. The next section lays out the simple learning model that

will guide our inference. We then briefly describe the main data and then move to the results

of the empirical analysis. We then conclude.

2 A simple theoretical framework

Our goal is to assess the amount of bias in natives’ opinions about the effects of immigration

on their personal labour market perspectives. To this end, we start out modeling a native’s

assessment of a specific future personal labour market outcome pi, say the probability of losing

the current job over the near future, as the result of a simple linear learning rule that combines

available observable data relevant to this judgment (for example, recent separation probabilities

in the relevant labour market, ongoing unemployment rates, etc.) with a personal prior p̃i

unobserved to the econometrician. Specifically:

pi = αp̃i + (1 − α)di (1)

where for expositional purposes we let relevant available data be summarised by a single uni-

variate index di.

Next, we introduce the possibility that natives misperceive both the relative size of the

immigrant population and how it affects their own outcomes. Let Mn be the true value of the

ratio of immigrant to native populations in i’s neighborhood, n; similarly, let M̃in be the same

ratio as perceived by i. We allow for different relationships between observed data and the true

presence of immigrants and between the prior and the perceived presence of immigrants:

di = θi + βMn (2)

p̃i = µi + γM̃in (3)

where {θi, µi} summarize the actual and the perceived effects of other determinants of own

labour market perspectives and, while potentially not the same, are assumed to be positively
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correlated through µi = θi + ǫi, E(θi, ǫi) = 0.

Finally, perceptions about the amount of immigrants relative to natives are related to the

true ratio through:

M̃in − Mn = δMn + ξi, δ ≥ 0, E(Mn, ξi) = 0 (4)

so that the amount of misperception is potentially increasing with the actual immigrant pop-

ulation. Also, we let E(ξi, ǫi) 6= 0 thus allowing for a potential correlation between other

determinants of priors about own future outcomes and the size of individual biases about the

presence of immigrants. This allows us to capture, for example, the fact that a pessimistic

individual about his job perspectives is more likely to also perceive more immigrants in his

neighborhood. Notice also that we do not make assumptions about E(θi,Mn), thus allowing

for the possibility that the presence of immigrants is correlated to other determinants of indi-

vidual labour market outcomes, such as unobserved labour market shocks that may affect both

determinants of observable predictors of individual outcomes (θi) and individual priors about

own perspectives (µi).

Equations (1)-(4) lay out a crude representation of the data generating process. An in-

dividual’s assessment of his own employment opportunities reflects the observable share of

immigrants in his neighborhood through two channels, the unobserved prior and the observed

predictors. Formally, expressing the model in terms of observable quantities leads to:

pi = αγ(δ + 1)Mn + (1 − α)di + αµi + αγξi (5)

which shows that the endogenous share of immigrants enters both directly and indirectly

through the outcome predictor, di. In Appendix (A) we show two results that will guide

the empirical analysis of section (4).

First, we show that a least squares regression of self-reported individual expected labour

market outcomes on the true stock of migrants relative to natives, pi = a + bMn + ei, yields

E(b̂) = β+α(γ(δ+1)−β)+ cov(θi,Mn)
V (Mn)

, a non consistent estimate of the total effect of immigration
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on a native’s assessment of his labour market outlook. This is given by the sum of the true

effect β and of the perception bias α(γ(δ + 1)− β). The perception bias, in turn, is simply the

difference between the overall perceived effect and the true one compounded by the importance

of one’s prior, α. A suitable IV strategy able to account for the potential correlation between

the presence of immigrants and recent labour market developments allows us to consistently

estimate E(b̂) = btotal = β + α(γ(δ + 1) − β).

Second, we show that a least squares estimate of pi = a + bMn + kdi + ei yields E(b̂) =

bbias = α(γ(δ + 1) − β), a consistent estimate of the overall perception bias, even if the extent

of immigration is endogenously determined. Therefore the quantity (btotal − bbias) provides an

estimate of β, the true effect of immigration on individual labour market outcomes. Notice

that neither of the quantities we are able to pin down reflects the effect of the prior, αγ(δ + 1),

or of the signal, (1 − α)β, implied by equation (5). In fact, bbias obtained from direct LS

estimation of equation (5) is a biased estimate of the structural effect of the prior which, due

to the correlation structure implied by the model, measures precisely the perception bias we

are interested in.4

This simple representation of the data generating process commands three considerations.

First, we refer to the parameter β as the true effect of immigration. Clearly, this includes

also the effects of the behavioural response of misinformed agents. To convey this intuition,

consider a simple search model in which each period a job seeker receives a wage offer w

drawn from a cdf F (w). If she is correctly informed about F , she will set a reservation wage

wF = u + ρ

1−ρ

∫

∞

wF
(1 − F (w))dw, where ρ is the discount factor and u is utility from unem-

ployment; if instead she believes wages are drawn from a “worse” cdf G(w) ≥ F (w) ∀w,

because of a perception bias about the competition exerted by immigrants in the local labour

market, she will set a reservation wage wG < wF . Her own assessment of the expected wage

4Notice also that, given the endogeneity of Mn and the fact that it also has an indirect effect on the outcome
through the mediator di, together with the availability of only one instrument implies that IV estimates of
equation (5) would not return a consistent estimate of the effects of immigration through the prior (see, for
example, Deuchert and Huber (2017)).
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will then be E(w|w ≥ wG; G), that is referred to the cdf G; this is lower than the observed

ex-post mean wage, E(w|w ≥ wG; F ), that is referred to the true cdf F given the selected

reservation wage wG driven by the perception bias, which in turn is lower than the expected

wage absent perception biases, E(w|w ≥ wF ; F ). This example clarifies that immigration

can have observable effects (E(w|w ≥ wG; F ) − E(w|w ≥ wF ; F )) even if it does not affect

fundamentals. It is easy to extend this simple example to the case where immigration does

affect the distribution but still agents think the effect is stronger. Assume the distribution

of wage offers absent immigration is H(w) such that G(w) ≥ F (w) ≥ H(w) ∀w, implying

that immigration may have some negative effect on the wage distribution. Again, the true

effect of immigration, absent misperceptions, would be (E(w|w ≥ wF ; F )−E(w|w ≥ wH ; H));

because misperceptions affect the reservation wage, the observed effect of immigration with

respect to a counterfactual of no immigration is E(w|w ≥ wG; F ) − E(w|w ≥ wH ; H) =

[E(w|w ≥ wG; F ) − E(w|w ≥ wF ; F )] + [E(w|w ≥ wF ; F ) − E(w|w ≥ wH ; H)], the sum of the

effect of misperceptions with respect to the current wage distribution affected by immigration

(F ) and the effect of immigration through fundamentals when agents act under perfect informa-

tion. In the model outlined by equations (1)-(4), β captures this aggregate, that is it represents

all observable effects of immigration, irrespective of their actual source.

Second, the estimated perception bias bbias = α(γ(δ+1)−β) involves the strength of the prior,

α, the overall perceived impact of immigration, γ(δ + 1), and the true effect of immigration,

β. Without further assumptions, it is not possible to learn about the single components from

the data. Yet, it is possible to bound the overall perceived effect, γ(δ + 1), whenever the prior

attracts a strictly positive weight. Let us begin by considering the case of a non-zero estimate

of the perception bias, bbias 6= 0. In this case, α = 0 can be ruled out. Assume bbias > 0; then

it must be that γ(δ + 1) > β. Therefore γ(δ + 1) > β + α(γ(δ + 1) − β) = btotal, so that the

overall perceived effect of immigration is at least as large as the estimated btotal. Analogously, if

bbias < 0 then γ(δ+1) < btotal. The case where bbias = 0 is instead uninformative about whether

there is no bias (γ(δ + 1) = β) or the prior is inconsequential for individual beliefs (α = 0).
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However, this latter case is not of interest: if the prior is given no weight in forming beliefs,

then any potential misconception becomes irrelevant. It seems therefore reasonable to rule out

this extreme case, thereby assuming that α ∈ (0, 1] so that if bbias = 0 then γ(δ+1) = β = btotal.

Third, we have assumed throughout that both perceptions and labour market effects are

shaped by the neighborhood-level share of immigrants. However, while it seems plausible that

perceptions are influenced most by the composition of the closest neighborhood it may be the

case that employment effects reflect the share of migrants in the broader local labour market to

which the neighborhood belongs. In Appendix (A) we show that if the two channels reflect the

presence of immigrants at different levels of spatial aggregation both the perceived, αγ(δ + 1),

and the true, (1 − α)β, effect of immigration can be separately identified.

3 Data

3.1 Opinions about own labour market outcomes

We draw our main dependent variable from the 2016 wave of the Bank of Italy’s Survey of

Households Income and Wealth (SHIW). The 2016 SHIW covers 7420 households interviewed

from January 2017 to September 2017. Along with the the usual detailed information on income,

wealth and socio-demographic characteristics, the survey has collected novel information on

individual perceptions of the likelihood of joblessness. Specifically, employed respondents are

asked to assess the chances of retaining their current job over the next 12 months; job-seeking

respondents, both unemployed and employed, are asked to assess the chances of finding a

job in the next 12 months. Replies are reported in terms of probabilities, on a scale 0-100.

Self-reported probabilities are asked only to members of the family present at the time of the

interview and to members in the labour force. Therefore, the final sample consists of 3531

individuals, of which 2924 were employed at the time of interview.
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In the empirical analysis individual replies are expressed in terms probability of losing the

current job for the employed and of not finding a new job for the unemployed and for the job

seeking employed.

Table (1) reports some descriptive statistics of the final sample. We restrict our attention to

Italian citizens. Employed respondents report quite high probabilities of losing their current

job; job seekers are also quite pessimistic. A breakdown by individual characteristics shows

more pessimistic perceptions on both events among the low educated, those that were previously

unemployed and residents in the South and in small municipalities. Youths, those on temporary

contracts and with low-skill jobs report higher probabilities of losing job. On the contrary, older

individuals perceive a higher probability of not finding a job.

3.2 Immigration

We measure the presence of immigrants in the relevant neighborhood by the ratio of foreign-

born to Italian residents in a given municipality as of January 1st 2017. Therefore, we take the

relevant neighborhood to be the municipality of residence. Municipalities are the smallest Ital-

ian administrative units. As of 2018 they are short of 8,000; 90 percent of them hosts at most

15,000 residents (and half of them at most 2,500). Smaller municipalities display on average

a lower ratio of foreign to Italian citizens. However, foreigners are on average more visible in

small centers than in large cities, where they are often concentrated in specific neighborhood.

For example, in their study of the relationship between house prices and share of foreigners

in urban districts, Accetturo, Manaresi, Mocetti and Olivieri (2014) show that foreign resi-

dents in the 20 largest Italian cities are highly concentrated: in 2010 the shares of foreign

residents in the most immigrant-dense districts is on average about 4 times that recorded in

least immigrant-dense districts. Therefore, in large municipalities most of the population is not

significantly exposed to foreign residents while a small fraction experiences much more frequent

interactions; in smaller municipalities, exposure is instead much more homogeneous. Therefore,
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we choose to focus mainly on municipalities, rather than on larger local labour markets com-

prising more than one municipality, to emphasize the role of proximity in shaping perceptions

(Grigorieff et al. (2018), Alesina et al. (2018)). However, we also explore the possibility that

while perceptions are shaped by the nearby presence of foreign-born, the employment effects of

immigration reflect the workings of the broader local labour market and therefore the labour

supply of foreign-born workers living also in nearby towns belonging to the same local labour

market (LLM). Specifically, LLMs are collections of neighboring municipalities whose residents’

observed commuting routes largely remain within the collection, therefore suggesting it is a self-

contained labour market. They are singled out by the National Statistical Agency based on

data collected in the decennial population censuses. In 2011 there were 611 such LLMs, on

average comprising 13 municipalities and about 100.000 residents.

3.3 Predictors of individual labour market outcomes

To assess the extent of misperceptions our empirical strategy requires reliable observable predic-

tors of the events whose likelihood respondents are asked to assess. We therefore complement

the rich set of individual observable characteristics collected by the SHIW with detailed de-

scriptions of labour market dynamics. Specifically, we focus on municipalities, and obtain

municipality-level participation, employment and unemployment rates from the 2011 popula-

tion censuses. More recent labour market data are available at the local labour market level

(LLM), for which we consider participation, employment and unemployment rates from the

2017 Istat data and 3 lags from 2017 of percentage changes in local employment.5

We further enrich the set of predictors with individual level municipality-specific estimates of

annual labour market transition rates obtained from the Labour Force Survey (LFS). In par-

ticular, we exploit recall questions on one-year earlier labour market status and the duration

5We rely on this broader concept of labour market because yearly data are available at the LLM level since
2006 while labour market data at the municipality level are available only at decennial census dates.
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of the current job or non-employment spell collected in the 2017 waves of the LFS to recover

individual observed 2016-2017 transitions. We use these as dependent variables in probit mod-

els for the probability of losing one’s job or of remaining jobless; explanatory variables include

individual socio-demographics, 2001 and 2011 municipal labour market characteristics obtained

from population censuses and aggregate observed transitions in the municipality. These pre-

dicted probabilities are then assigned to corresponding individuals in the SHIW, that is those

living in the same municipality and with the same observable socio-demographic characteristics.

A more detailed description of the probit estimation and of the subsequent matching between

LFS and SHIW is provided in Appendix (B).

Figure (1) compares self-reported and observed transition rates estimated from the LFS. Em-

ployed natives are quite pessimistic, as the self-reported probability of losing job is higher than

the observed one across all sub-groups of the population. Job seeking natives are instead more

optimistic, self-reporting a probability of not finding employment lower than the actual one

across almost all sub-groups of the population. These results are in line with the literature on

job search behaviour and unemployment expectation, that finds that job seekers tend to over-

estimate their probability of success (Mueller et al. (2018), Spinnewijn (2015)), while employed

persons overestimate their chances of losing their current job (Dickerson and Green (2012)).

4 Empirical analysis

We implement the approach sketched in section (2) relating self-reported probabilities of losing

the current job and of not finding one in the next year (pi) to the ratio of foreign to Italian

residents in municipality n (Mn) with a simple linear regression model:

pi = bMn + ΛLin + ΓΩi + πr + ei (6)

where Lin is a set of observable predictors of individual transition probabilities, described in the

previous section; Ωi is a set of individual characteristics (sex, age, education, marital status,
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household size, income, years of previous unemployment, job tenure, job sector, occupational

skills, municipality-level population); πr are regional dummies and ei iid residuals.

Equation (6) can thus be mapped in the learning model sketched above. Under the restriction

Λ = 0, that is by excluding available predictors of future labour market outcomes, E( ˆbIV ) =

btotal = β + α(γ(δ + 1) − β); similarly, the unconstrained regression yields E( ˆbLS) = bbias =

α(γ(δ+1)−β), that is only the perception bias with respect to the true effect β of immigration.

As we show in Appendix (A) the potential endogeneity of the main explanatory variable

Mn is a source of concern only when estimating equation (6) under the restriction Λ = 0. To

address this concerns we construct an instrument based on historical settlements of foreigners

by country of origin as proposed in the seminal Card (2001) paper. Specifically, total foreign

population in municipality n in 2017 is predicted assuming that total arrivals in Italy from a

given origin country c recorded over a long period of time distribute across municipalities as far

back in time. This ensures that the increase in the number of immigrants in a given municipality

does not reflect recent local labour demand shocks that also affect natives’ individual labour

market opportunities.6 Formally, the instrument is defined as:

Zn =

∑

c λc,n,2007Fc

(1 + ω)Nn,2007

(7)

where λc,n,2007 =
F 2007

c,n

F 2007
c

is the share of immigrants from country c residing in municipality n

in 2007, a decade before our reference period, and Fc = ∆c + F 2007
c is the total number of

immigrants from country c in 2017. Analogously, the denominator is defined as the number

of natives in 2017 had population growth in municipality n been equal to the overall growth

ω (excluding foreigners inflows), so as to control for the potential endogeneity of mobility

choices. Therefore, under the assumption that (conditional on the control set {Ωi, πr}) the

initial distribution of immigrants from a certain origin country across Italian municipalities is

6Population registry data on foreign residents does not measure foreigners legally living in Italy but not
recorded in population registers and foreigners illegally in Italy. However, under a reasonable proportionality
assumption about the relationship between the stock of these two groups and the officially recorded stock of
immigrants, this source of measurement error is accounted for in our empirical specification. See, for example,
Bianchi, Buonanno and Pinotti (2012).
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orthogonal to persistent unobserved municipality effects correlated with subsequent individual

labour market transitions, IV estimates of the parameter of interest in (6) are identified out

of exogenous variation in the share of immigrants and can be interpreted as suggested in

section (2). The main threat to the validity of the instrument is thus the possibility that the

initial distribution of immigrants across Italian municipalities reflects persistent unobserved

pull factors that also affect current labour demand. For example, sectoral specialization may

influence both the amount and type of immigrants attracted to the local labour market and

native’ employment opportunities. This is even more likely since, due to data availability and

recent immigration patterns, we select 2007 as our base year.7 To mitigate these concerns,

we also include in the control set Ω a number of labour market indicators at the municipality

level as of 2001. Specifically, we include municipality-specific participation, employment and

unemployment rates and also construct a predictor for municipality-level aggregate labour

demand in 2016 based on 2001 municipality-level sectoral specialization as
∑

s q0
n,sEs, where

q0
s,n is the share of municipality m total employment employed in sector s in 2001, and Es is

national employment in sector s in 2016 from the National accounts (Bartik (1991)).

Finally, we underscore that all our results are based on Jackknife Repeated Replication (JRR)

estimates of the variance-covariance matrix. This has two advantages. First, there is no need

to cluster standard errors at the municipality level. The potential correlation within primary

sampling units (municipalities) is already accounted for by the JRR estimator. Second, this

estimator of the variance is robust to outliers since replication weights are constructed iteratively

dropping subsets of observations within primary sampling units.

7We choose 2007 as our base period to be able to account for the effects of the sudden large inflow of Eastern
Europeans starting in the mid 2000s. Before that date these communities were quite marginal in Italy, thus
seriously weakening the predictive power of the their historical settlements.
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4.1 Main results

Table (2) reports our main results. Panel A reports results for the perceived probability that

an employed native loses his job over the coming 12 months; panel B focuses instead on that

of (potentially employed) job seekers of not finding a job over the same period. In line with

the discussion in section (2), columns (1) and (2) report OLS and IV results for estimates of

equation (6) under the restriction Λ = 0, that is excluding available predictors of individual

outcomes. The IV estimate of coefficient of the ratio of foreign-born to Italian residents rep-

resents thus the sum of the actual effect of immigration and of the associated perception bias

on own opportunities, btotal. In column (3) we add the rich set of predictors for individual

labour market transitions; therefore, the OLS estimate of the share of immigrants now only

reflects the misperceived component of the overall effect of immigration on own labour market

opportunities, bbias.

First, consistently with the expected sign of the endogeneity bias caused by migrants being

more likely to leave less promising labour markets, IV point estimates of the overall effect of

foreign-born residents on self-assessed probabilities are higher than corresponding OLS ones

(cols. 1-2); the F-statistic of the first stage are reassuring about the strength of the instrument.

However, the effect turns out to be positive and statistically significant only for the the perceived

probability of losing the current job; the positive point estimates of the overall effect on the

self-assessed likelihood of an unsuccessful job-search cannot be reliably rejected to be different

from zero.

Second, estimates in column (3) measure the extent of the perception bias. This interpretation

hinges on the fact that the empirical specification is augmented with reliable observed predictors

of future individual transitions that concur to the formation of individual beliefs. Indeed, a

formal test that Λ = 0, that is the coefficients of all predictors are jointly zero strongly rejects

the null, as concerns both the probability of losing the job and that of not finding one. Results in

column (3) show therefore that employed persons heavily overestimate the effect of immigration
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on their separation probability while, again, job seekers’ perception bias cannot be rejected to

be null.

Third, as shown in section (2) the IV estimate in column (2) can be combined with the

OLS one in column (3) to yield a measure of the true effect of immigration on labour market

outcomes in addition to the individual perception bias; specifically, it is given by their difference.

The true effect of immigration on the perceived probability of losing one’s current job is at

best weakly positive (β = btotal − bbias = 0.8 − 0.5 = 0.3) so that the perception bias (bbias)

accounts for most of the response to immigration of own assessments. Indeed, a formal test

that β = btotal − bbias = 0 cannot reject the null with a p-value of 0.2.8 As shown in section

(2), under the assumption that α ∈ (0, 1) a lower bound to the combination of perceived effect

(γ) and perceived size ((δ + 1)) can be estimated at 0.8. This implies that an increase of the

ratio of foreign-born to Italian residents in the municipality by one standard deviation (5.2

points in 2017) is perceived to increase the probability of losing one’s current job by at least

4.2 percentage points, against a negligible true effect. As concerns the chances of success of job

search, our results suggest that agents have perceptions in line with the true effect and that

this is basically nil.

Notice that our implicit estimate of the true effect of foreigners on natives’ labour market

outcomes are broadly consistent with available evidence that in advanced countries, including

Italy, immigration on average modestly improves or at best leaves unaffected natives’ labour

market outcomes.9

8Under the null H0 : β = 0, plim b̂total = plim b̂bias = αγ(δ + 1) so that the basic intuition of Hausman
(1978) can be applied.

9See for example, Card and Lewis (2005), Card (2009), Peri and Sparber (2009), Ottaviano and Peri (2012)
for the US, D’Amuri, Ottaviano and Peri (2010), Dustmann, Frattini and Preston (2012), Glitz (2012), D’Amuri
and Peri (2014), Cattaneo, Fiorio and Peri (2015), Foged and Peri (2016) for Europe, and Gavosto, Venturini
and Villosio (1999), Venturini and Villosio (2006), Staffolani and Valentini (2010), Barone and Mocetti (2011)
for Italy.
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4.2 Heterogeneous perceptions

The empirical literature has documented that immigration can have redistributive effects, how-

ever. Some groups of the population, those more likely to compete with foreigners and less

able to upgrade to avoid this competition, end up suffering in terms of wages and/or employ-

ment opportunities while the rest may even benefit from a larger immigrant labour supply. In

Table (3) we pursue a similar reasoning and document whether perceptions are heterogeneous

across population subgroups. We only focus on perceptions about the probability of losing

the current job; the small number of individuals reporting on the probability of finding a job

do not allow meaningful stratifications of the sample. Results are very differentiated across

groups. More immigrants are associated with a significantly higher perceived instability among

females, youths, less educated and residents of small towns. Interestingly, these are the same

groups in which recent papers find stronger misconceptions about immigration (Alesina et al.

(2018), Grigorieff et al. (2018)). In all these cases, our simple model suggests that perceptions

reflect a null true effect of immigration, as shown by the test on the difference between the

two coefficients. In the complementary groups (more educated, males, older and living in large

towns) coefficient estimates are instead not statistically different from zero, thus suggesting

that perceptions are broadly in line with the absence of a substantial effect on own labour

market perspectives. The heterogeneous results by geographic areas indicate that natives over-

estimate the effect of immigration both in the South and in the Centre-North. However, the

overestimation in the Southern regions is not justified by a true effect of immigration, while in

the Centre-North the true effect of immigration is statistically significantly different from zero.

In fact, one percentage point higher share of immigrants in the municipality is perceived to

increase the probability of losing one’s current job by at least 0.7 percentage points against an

estimated true increase of about 0.4 percentage points.

Finally, the last panel of Table (3) splits the sample according to the degree of protection of

one’s job. Specifically, we estimate the effects of immigration separately for open end employees
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and self-employed workers.10 Italian employment regulation awards extensive protection against

dismissals to open end employees, while self-employed workers are not at all insulated from

shocks to labour demand.11 Consistently with the substantial difference in terms of exposure

to competition faced by the two groups, our results suggest that the higher likelihood of losing

one’s job reported by permanent employees is entirely traceable to misperceptions about the

role of immigrants. The evidence is less clearcut for the self-employed, perhaps reflecting the

greater heterogeneity of this group that pools high level professionals, small entrepreneurs and

self-employed manual workers.

4.3 The geography of perceptions and of labour markets

So far, we have read the results under the assumption that both perceptions and labour market

effects are shaped by the presence of immigrants in the municipality of residence, that is in the

smallest neighborhood for which we can collect suitable data on the number of foreign-born

residents. However, this assumption may be questioned on the ground that while perceptions

plausibly reflect one’s daily experience, so that living in neighborhood more densely populated

by foreign-born residents tends to raise one’s assessment of the phenomenon, a correct assess-

ment of the employment effect of immigration has to take into account the composition of

labour supply in the relevant labour market, hardly being the single small town of residence.

We thus extend our analysis to account for this possibility. Within the theoretical framework

introduced above, this amounts to letting the predictors of own individual outcomes (di) in

equation (2) be a function of the share of foreign-born residents in a larger geographical unit

comprising the municipality of residence, which we take to be the relevant LLM described in

10We do not consider the few temporary employees present in the sample; the limited number of observations
does not allow us to consider them separately and, at the same time, they are hardly similar to any of the two
larger groups being considered.

11Italian employment protection regulation has undergone several changes over the past years. Among the
most recent ones, protection against dismissals was reduced across the board for employees at larger firms in
2012 through a dramatic limitation of the cases for reinstatement after unfair dismissal; in 2014 newly hired
employees were subjected to a further weakening of protections.
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section (3) above. In Appendix (A) we show that, in terms of the learning model, this implies:

pi = αγ(δ + 1)Mn + (1 − α)βML + (θi + αǫi + αγξi) (8)

where ML is the ratio of foreign-born to native residents in the LLM. In Appendix (A) we show

that an IV strategy based on historical settlements across municipalities and across LLMs pro-

vides the two instruments needed to identify the coefficients of interest in (8). Clearly, we are

not able to contrast the competing hypotheses about what shapes the employment effects of

immigration. We can only establish whether taking into consideration this alternative possibil-

ity would significantly change our previous conclusions about the relative role of perceptions

and actual labour market mechanisms in shaping individual assessments of own employment

opportunities.

Table (4) reports the results of this alternative specification. We find that, analogously to

evidence in table (2), only the perceived probability of losing one’s current job is affected by

the presence of immigrants. Moreover, consistently with that previous evidence, we also find

that this effect reflects only the incorrect assessment of the role of immigrants rather than the

workings of a true labour market mechanism. A one percentage point higher ratio of foreign-

born to natives in the municipality of residence, which our theory assumes only affects the

prior judgment, increases the self-assessed probability of losing the current job by 0.9 percentage

points, a value remarkably consistent with the lower bound to this effect (0.8 percentage points)

implied by estimates in table (2). At the same time, even considering the presence of foreigners

in the broader labour market beyond the municipality does not lead to a statistically significant

true effect of immigration: the coefficient on the ratio of foreign-born to natives in the LLM,

which in our theory captures the labour market effects, is nil. The self-assessed probability

of remaining unemployed is instead unaffected by the presence of foreign-born residents in the

municipality and in the LLM. Again, this is consistent with previous results and implies that

natives correctly assess that immigrants do not affect their reemployment probabilities. A joint

test that b̂1 = b̂2 = 0 cannot reject the null with a p-value of 0.541.
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5 Conclusions

Immigration is one of the major issues at the center of the political debate in advanced countries.

Immigrants are felt to compete with natives along a number of dimensions at a time when

resources are scarce: constraints to government spending severely limit the reach of welfare

systems, the adoption of labour-saving technologies hampers employment opportunities of less

qualified segments of the labour force, the secular growth slowdown raises concerns about

future living standards. This perceived competition is consistently detected by a number of

social surveys, and goes hand in hand with sizable natives’ misperceptions about the amount,

characteristics and behaviours of immigrants.

In this paper we ask whether natives are too pessimistic about the effects of immigration on

their own labour market opportunities. Answering this question is relevant since perceptions

themselves do affect behaviours and outcomes; therefore, holding wrong views about immigra-

tion and its effects may have real effects even if fundamentals are largely unaffected by increases

in foreign labour supply. Our inference is guided by a simple learning model describing how

agents form their assessments of the probability of losing or finding a job; we implement it us-

ing novel data on Italian households’ self-assessed labour market transition probabilities. The

theoretical model shows how to jointly recover estimates of the true effect of immigration and

of the perception bias about the effects and amount of immigrants from regressions of agents’

beliefs on the observed share of immigrants in the labour market and on other predictors of

labour market outcomes.

We find that on average natives significantly overestimate the impact of immigration. A one

standard deviation increase in the ratio of foreign-born to Italian residents in the municipality

raises the perceived separation rate over the next 12 months by at least 4 percentage points,

more than one fourth of the average expected rate. The increase is largely unjustified as at

best we find economically modest and statistically non significant true effects of immigration.

These effects are heterogeneous across the population. More educated, older and male natives
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appear to correctly perceive the (at best very weak) effects of immigration on their separation

probabilities; on the other hand, the less educated, the youths, the women, and the residents

of smaller towns display sizable overestimation against still weak actual effects. As an indirect

test of our empirical approach, we investigate separately the responses of permanent employees

in highly protected jobs and those of self-employed workers, substantially exposed to labour

demand volatility. We find that among permanent employees the entire empirical association

between the probability of losing one’s job and the presence of immigrants is exclusively a

reflection of misperceptions; on the contrary, among self-employed workers holding riskier jobs

results are less clearcut but do not suggest a significant degree of misperception.

Overall, the evidence seems broadly in line with standard studies that look at observed

labour market outcomes and that typically fail to detect significant effects of immigration at

the aggregate level. On the other hand, our considerations suggest that among the groups

where these effects are more likely to be detected, they may be partly driven by behavioural

responses to wrong beliefs.
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Table 1: Self-assessed likelihood of unemployment

Probability of:

losing not finding
Mean SD Mean SD

All 15.4 (28.6) 59.8 (29.9)
Male 15.0 (28.7) 59.9 (31.8)
Female 15.8 (28.4) 59.7 (27.8)
Age<45 17.6 (29.5) 51.7 (29.1)
Age>=45 14.0 (27.9) 69.5 (27.9)
Lower education 16.5 (29.1) 61.7 (29.7)
Higher education 11.5 (26.3) 49.2 (28.9)
Married 13.7 (28.1) 62.0 (30.5)
Non-married 17.9 (29.1) 58.2 (29.4)
North 13.3 (27.2) 54.6 (31.0)
Centre 14.6 (28.6) 60.6 (28.1)
South 19.7 (30.5) 63.3 (29.3)
Small municipality 18.0 (31.0) 63.7 (30.2)
Medium municipality 15.7 (29.0) 58.2 (28.9)
Large municipality 11.2 (23.0) 59.2 (33.3)
Previous unemployment: yes 23.6 (30.6) 60.8 (29.6)
Previous unemployment: no 13.3 (27.6) 55.8 (31.2)
Permanent employee 13.3 (27.5)
Temporary employee 35.3 (28.5)
Self-employed 13.9 (28.9)
Service sector 14.5 (28.4)
Non-Service sector 17.7 (28.9)
Low skill 17.0 (28.9)
High skill 12.5 (27.7)
Private sector 15.2 (27.6)
Public sector 16.6 (33.6)

Obs. 2924 682
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Table 2: Immigration and perceived job instability.

btotal bbias

No LM predictors With LM predictors
(1) (2) (3)

OLS IV OLS

A. Probability of losing job (N=2801)
Ratio foreign-born/Italian residents 0.6*** 0.8*** 0.5**

(0.2) (0.3) (0.2)

First-stage F-statistic 2783.3
H0: Λ = 0 (p-value) 0.03
H0: btotal − bbias = 0 (p-value) 0.20

B. Probability of not finding job (N=656)
Share of foreign-born -0.1 0.3 0.4

(0.5) (0.5) (0.5)

First-stage F-statistic 274.2
H0: Λ = 0 (p-value) 0.00
H0:btotal − bbias = 0 (p-value) 0.89

Jackknife standard errors in parenthesis; replication weights used; *** p<0.01; ** p<0.05; * p<0.1.
All columns include sex, age, education, marital status, household size, income, years of previous un-
employment, job tenure, job sector, occupational skill, municipal population, regional dummies, 2001
municipality-level Bartik and participation, unemployment and employment rates. Column (3) also in-
cludes predictors of labour market transitions: observed transition probabilities of losing job and of not
finding job, 2011 municipality-level participation, unemployment and employment rates, 2017 local labour
market level participation, unemployment and employment rates and 3 lags of percentage changes in local
employment.
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Table 3: Immigration and perceived job instability: heterogeneity.

(IV) (OLS) (IV) (OLS)
btotal bbias btotal bbias

South (Obs. 860) Centre-North (Obs. 1941)
Ratio foreign-born/Italian residents 1.0* 1.2** 0.7*** 0.3***

(0.6) (0.6) (0.2) (0.1)
H0: Λ = 0 (p-value) 0.026 0.000
H0: btotal − bbias = 0 (p-value) 0.841 0.000

Less than HS (Obs. 2222) HS or more (Obs. 579)
Ratio foreign-born/Italian residents 0.9** 0.7** 0.1 -0.2

(0.4) (0.3) (0.6) (0.5)
H0: Λ = 0 (p-value) 0.338 0.000
H0: btotal − bbias = 0 (p-value) 0.345 0.228

Females (Obs. 1206) Males (Obs. 1595)
Ratio foreign-born/Italian residents 1.1*** 0.9** 0.4 0.1

(0.4) (0.4) (0.4) (0.4)
H0: Λ = 0 (p-value) 0.146 0.202
H0: btotal − bbias = 0 (p-value) 0.349 0.458

Less than 45 (Obs. 816) 45 or older (Obs. 1985)
Ratio foreign-born/Italian residents 1.1** 0.7* 0.6* 0.5*

(0.5) (0.4) (0.4) (0.3)
H0: Λ = 0 (p-value) 0.09 0.075
H0: btotal − bbias = 0 (p-value) 0.238 0.490

Small towns (Obs. 1176) Large towns (Obs. 1625)
Ratio foreign-born/Italian residents 2.0*** 1.4*** 0.2 -0.2

(0.5) (0.3) (0.4) (0.2)
H0: Λ = 0 (p-value) 0.053 0.379
H0: btotal − bbias = 0 (p-value) 0.133 0.078

Open end (Obs. 1995) Self-empl (Obs. 558)
Ratio foreign-born/Italian residents 0.8** 0.7** 1.0** 0.7

(0.4) (0.3) (0.5) (0.5)
H0: Λ = 0 (p-value) 0.054 0.289
H0: btotal − bbias = 0 (p-value) 0.608 0.251

Jackknife standard errors in parenthesis; replication weights used; *** p<0.01; ** p<0.05; * p<0.1.
Column (IV) includes sex, age, education, marital status, household size, income, years of previous
unemployment, job tenure, job sector, occupational skill, municipal population, regional dummies, 2001
municipality-level Bartik and participation, unemployment and employment rates. Column (OLS) also

not finding job, 2011 municipality-level participation, unemployment and employment rates, 2017 local
labour market level participation, unemployment and employment rates and 3 lags of percentage changes
in local employment.

includes predictors of labour market transitions: observed transition probabilities of losing job and of
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Table 4: Immigration and perceived job instability: geography

Self-assessed probability of:
losing job not finding job

Ratio foreign-born/Italian residents in:
...municipality (b1 = αγ(δ + 1)) 0.9*** 0.6

(0.3) (0.6)

...local labour market (b2 = (1 − α)β) -0.4 -0.8
(0.4) (1.0)

F-tests of first stage regressions
Ratio foreign-born/Italian residents in:
...municipality 885.6 200.6
...local labour market 1229.3 336.8
Obs. 2801 656

Jackknife standard errors in parenthesis; replication weights used; *** p<0.01; ** p<0.05; * p<0.1.
IV regression include sex, age, education, marital status, household size, income, years of previous un-
employment, job tenure, job sector, occupational skill, municipal population, regional dummies, 2001
municipality-level Bartik and participation, unemployment and employment rates.

31



Figure 1: Self-reported and observed probabilities
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A Interpretation of coefficient estimates

Data generating processes

Formation of beliefs
pi = αp̃i + (1 − α)di (A.1)

Prior
p̃i = µi + γM̃in (A.2)

Signal
di = θi + βMn (A.3)

Unobserved determinants of signal and prior

µi = θi + ǫi E(ǫi, θi) = 0 (A.4)

Perceptions about immigrant presence

M̃in − Mn = δMn + ξi E(ξi,Mn) = 0, E(ξi, µi) = E(ξi, ǫi) 6= 0 (A.5)

Endogeneity of immigration

Mn = ρZn + νn E(νn, θi) 6= 0 (A.6)

Total effect of immigration

Substitute the data generating process for prior (A.2) and signal (A.3) into (A.1):

pi = α(µi + γM̃in) + (1 − α)(θi + βMn)

= αγM̃in + (1 − α)βMn + αµi + (1 − α)θi (A.7)

Use expressions for misperceptions (A.5) and for unobserved determinants of signal and prior
(A.4) into above:

pi = αγM̃in + (1 − α)βMn + αµi + (1 − α)θi

= (αγ(δ + 1))Mn + (1 − α)βMn + (θi + αǫi + αγξi)

= (β + α(γ(δ + 1) − β))Mn + ui

where

E(Mn, ui) = E(Mn, (µi + αǫi + αγξi)) = E(Mn, θi) + αE(Mn, ǫi) + αγE(Mn, ξi)
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which under our working assumptions amounts to E(Mn, θi) = E(νn, θi) 6= 0. Therefore LS
estimation of

pi = a + bMn + ei

leads to inconsistent estimates of the object of interest. A suitable IV strategy addresses this
issue and yields a consistent estimate of the total effect of immigration,

E(b̂) = (β + α(γ(δ + 1) − β))

Misperceptions about immigration

Consider estimating
pi = a + bMn + kdi + ei (A.8)

LS estimate of parameters in (A.8) can be represented in matrix form as (I drop subscript
and variable names now represent the corresponding vectors of data):

[

b̂

k̂

]

=

([

M ′

d′

]

[

M d
]

)

−1 [

M ′p

d′p

]

(A.9)

To express p in terms of the two variables considered in the above estimate, M,d, substitute
into equation (A.1) the expressions for prior (A.2) and then those for misperceptions (A.5) and
for unobserved determinants (A.4) to get:

pi = α(µi + γM̃in) + (1 − α)di

= (αγ(δ + 1))Mn + (1 − α)di + (αµi + αγξi)

= (αγ(δ + 1))Mn + (1 − α)di + ui (A.10)

Then use (A.10) into (A.9) to get:

[

b̂

k̂

]

=

[

αγ(δ + 1)
1 − α

]

+

(

M ′M M ′d

d′M d′d

)

−1 [

M ′u

d′u

]

=

[

αγ(δ + 1)
1 − α

]

+

[

d′d −M ′d

−M ′d M ′M

] [

M ′u

d′u

]

(M ′M)(d′d) − (M ′d)(M ′d)
(A.11)

We are interested in the coefficient b̂:

b̂ = αγ(δ + 1) +
(d′d)(M ′u) − (M ′d)(d′u)

(M ′M)(d′d) − (M ′d)(M ′d)
(A.12)

= αγ(δ + 1) +
V (d)cov(M,u) − cov(M,d)cov(d, u)

V (M)V (d) − cov(M,d)2

= αγ(δ + 1) +
V (θ + βM)cov(M,αµ + αγξ) − cov(M, θ + βM)cov(θ + βM,αµ + αγξ)

V (M)V (θ + βM) − cov(M, θ + βM)2

(A.13)
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where in moving from (A.12) to (A.13) we have used, slightly abusing notation, standard
asymptotic theory. Noticing that cov(θ, µ) = V (θ), few straightforward operations lead to

E(b̂) = α(γ(δ + 1) − β) (A.14)

This shows that estimating parameters in equation (A.8) by LS returns the coefficient of
interest even if E(Mn, ui) 6= 0. Notice that precisely because of this endogeneity, while being
the quantity of interest for our purposes, E(b̂) is not the “structural” coefficient on Mn in
equation (A.10), (αγ(δ + 1)).

Municipalities and LLMs

Consider an alternative data generation process in which equation (A.3) above (the signal)
is substituted by:

di = θi + βML (A.15)

where, analogously to Mn, ML is the ratio of foreign-born to native residents in i’s local labour
market, that is the one her municipality belongs to (n ∈ L). Assume also that this ratio is the
result of ML = φZL + νL, with ZL sharing all orthogonality conditions of Zn above. Finally,
assume Zn and ZL are related by Zn = ZL + en, with E(en|n ∈ L) = 0. This latter assumption
establishes the mechanical link between the municipality-level and LLM-level instruments based
on historical settlements: foreign-born are distributed heterogeneously across the municipalities
belonging to a given LLM.

Consider estimating equation (8) in the main text by IV using these two instruments, {Zn, ZL}.
Proceeding as before, let the IV estimator be:

[

b̂1

b̂2

]

=

([

Z ′

n

Z ′

L

]

[

Mn ML

]

)

−1 [

Z ′

np

Z ′

Lp

]

(A.16)

Therefore, we have that:

b̂1 =
(Z ′

LML)(Z ′

np) − (Z ′

nML)(Z ′

Lp)

(Z ′

nMn)(Z ′

LML) − (Z ′

nML)(Z ′

LMn)
(A.17)

b̂2 =
(Z ′

nMn)(Z ′

Lp) − (Z ′

LMn)(Z ′

np)

(Z ′

nMn)(Z ′

LML) − (Z ′

nML)(Z ′

LMn)
(A.18)

Noticing that E(en|n ∈ L) = 0 implies that plim(e′nZL) = plim(e′nML) = 0, using the
orthogonality conditions implied by Zn, ZL being valid instruments and substituting for the
expressions for Mn,ML, p proves that:

E(b̂1) = αγ(δ + 1)

E(b̂2) = (1 − α)β
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B Matching SHIW and LFS

In order to obtain the realized transition probabilities from the occupational status in 2017
to that in the next year, we should use information on realized occupational status in 2018
of the same sample. However, the SHIW-2016 is the last available wave of the survey and no
panel data are available. To this end, we make use of the Labour Force Survey (LFS) from the
2017, which provides recall occupational status in the previous year, and perform a statistical
matching with SHIW-2016 to import the realized probability of losing job and of not finding
job. The LFS is provided on a quarterly basis by Istat and constitutes the official statistics on
the Italian labour market aggregates.
We use this data source for two reasons: first, it includes recall data on the occupational status
in the previous year, allowing for the estimation of realized transition probabilities; second, the
survey characteristics are comparable to the SHIW so that a statistical matching between the
two sources is reasonable. However, an important caveat is warranted. Ideally, we would like to
describe the most recent available transition patterns at the time of the interview, therefore we
should use LFS from the 2018 in order to obtain realized transition probability of losing job and
not finding job from 2017 to 2018. Unfortunately, the 2017 waves are the last ones for which we
observe the municipality of residence, a crucial element of our imputation strategy. Therefore,
we use realized transition probabilities from the occupational status in 2016 to that in 2017 as
a proxy for the realized transitions of interest, between 2017 and 2018, under the assumption
that labour market developments were not substantially different. Table (B.1) seems to suggest
this is a reasonable assumption as labour market aggregates remained fairly stable.

Table (B.1) summarizes the salient characteristics of the two surveys along with the occu-
pational status gathered from the SHIW and from the LFS, in order to check whether the
preliminary conditions for a statistical matching are met, i.e. samples drawn from the same
population, comparable sampling design and similar distribution of the variable of interest. The
reference population, the sampling design and the reference units (primary and secondary) are
very similar between the two data sources. The occupational status in the SHIW is self-declared
by the household members, while the LFS provides both the self-declared status and the occu-
pational status defined according to the International Labour Organization (ILO) standards.
These define employed individuals as those of working age who: i) worked for at least one hour
in the last week in any activity for pay or profit, ii) worked for at least one hour in the last week
without pay in family enterprise, iii) temporary not at work in the last week, but had a job
(maternity, sick leave, etc.); unemployed individuals as those of working age who: i) were not
in employment, ii) carried out activities to seek employment in the previous 30 days, iii) were
currently available to take up employment in the subsequent two weeks or i) were starting a job
in the subsequent three months and were available to take up employment in the subsequent
two weeks. The table shows that self-declared status in the SHIW and in the LFS are very
similar, whereas the percentages of individuals out of labour force defined according to the ILO
standards are quite different. In fact, the latter definition is characterized by higher incidence
of individuals out of labour force and lower share of unemployment than the self-declared status
in the two surveys. This is due to the fact that the ILO definition considers out of labour force
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also those who i) did not actively seek a job but were available to work ii) actively seek a job
but were not available to work. However, these individuals self-declared to be unemployed.
From this table we can conclude that the self-declared status from the LFS should be preferred
to the ILO definition, and that we can rely on shares of employed, unemployed and inactive by
geographic area and sex very similar between the SHIW and the LFS.

The matching between SHIW and LFS is performed at the municipality level and controlling
for individual demographic characteristics that are homogeneous between the two data sources.
In particular, it is conducted through two steps: first, we estimate the realized transition prob-
abilities at the individual level and in each municipality, controlling for sex, age and education,
using the LFS sample. In this way, we obtain the realized transition probability for each pos-
sible combination of sex, education and age in each municipality. Second, we match LFS and
SHIW at municipality level and the estimated transition probabilities in each matched munic-
ipality are attributed to individuals in the SHIW with the same combination of sex, age and
education. Thanks to the similar sampling design, about 68% of municipalities in the SHIW
are also present in the LFS. For the remaining individuals residing in municipalities that are
not also in the LFS, we attribute the realized transition probability through the propensity
score matching. In particular, the propensity score matching is performed within each Italian
region and it associates each observation in the SHIW with the most similar observation in the
LFS, in terms municipal population size, municipal immigrant rate, sex, age and education.

37



T
ab

le
B

.1
:

L
ab

ou
r

m
ar

ke
t

ou
tc

om
es

in
S
H

IW
an

d
in

L
F
S

(1
)

(2
)

(3
)

(4
)

(5
)

S
H

IW
20

16
L
F
S

20
18

L
F
S

20
17

O
cc

u
p
at

io
n
al

st
at

u
s

S
el

f-
d
ec

la
re

d
S
el

f-
d
ec

la
re

d
S
el

f-
d
ec

la
re

d
S
el

f-
d
ec

la
re

d
IL

O
st

at
u
s

st
at

u
s

in
20

17
st

at
u
s

in
20

18
st

at
u
s

in
20

17
st

at
u
s

in
20

16
in

20
17

A
ll

em
p
lo

ye
d

36
.8

38
.1

37
.5

36
.9

38
.0

u
n
em

p
lo

ye
d

10
.7

8.
7

9.
4

9.
7

5.
0

ou
t

of
la

b
ou

r
fo

rc
e

52
.5

53
.2

53
.2

53
.4

57
.0

N
or

th
em

p
lo

ye
d

41
.4

43
.4

42
.8

42
.3

43
.4

u
n
em

p
lo

ye
d

7.
1

5.
1

5.
5

5.
9

3.
3

ou
t

of
la

b
ou

r
fo

rc
e

51
.4

51
.5

51
.6

51
.8

53
.3

C
en

tr
e

em
p
lo

ye
d

39
.5

40
.9

40
.2

39
.4

40
.8

u
n
em

p
lo

ye
d

9.
4

7.
2

7.
8

8.
3

4.
6

ou
t

of
la

b
ou

r
fo

rc
e

51
.1

51
.8

52
.0

52
.2

54
.6

S
ou

th
em

p
lo

ye
d

29
.0

29
.4

28
.7

28
.3

29
.3

u
n
em

p
lo

ye
d

16
.2

14
.4

15
.3

15
.5

7.
4

ou
t

of
la

b
ou

r
fo

rc
e

54
.8

56
.2

56
.0

56
.2

63
.4

M
al

e
em

p
lo

ye
d

43
.7

45
.4

44
.8

44
.2

45
.3

u
n
em

p
lo

ye
d

11
.6

9.
8

10
.4

10
.8

5.
4

ou
t

of
la

b
ou

r
fo

rc
e

44
.7

44
.9

44
.8

45
.0

49
.3

F
em

al
e

em
p
lo

ye
d

30
.2

31
.2

30
.5

30
.0

31
.1

u
n
em

p
lo

ye
d

9.
9

7.
7

8.
3

8.
6

4.
5

ou
t

of
la

b
ou

r
fo

rc
e

59
.9

61
.0

61
.1

61
.4

64
.4

T
ab

le
en

tr
ie

s
ar

e
p
er

ce
n
ta

ge
s

of
p
op

u
la

ti
on

in
a

gi
ve

n
la

b
ou

r
m

ar
ke

t
st

at
u
s.

C
ol

s.
(1

)-
(4

)
re

fe
r

to
se

lf
-d

efi
n
ed

co
n
d
it

io
n
;
co

l.
(5

)
re

fe
rs

to
IL

O
d
efi

n
it

io
n
s.

C
ol

.
(1

):
S
H

IW
,
co

n
d
it

io
n
s

as
of

F
eb

ru
ar

y
-m

ar
ch

20
17

;
co

ls
.

(2
)-

(x
):

L
F
S
,
co

n
d
it

io
n
s

at
ti

m
e

of
in

te
rv

ie
w

;
co

ls
.

(x
):

L
F
S
,
re

tr
os

p
ec

ti
ve

co
n
d
it

io
n
s.

R
ef

er
en

ce
p
op

u
la

ti
on

is
re

si
d
en

ts
in

h
ou

se
h
ol

d
s.

38



(*) Requests for copies should be sent to: 
Banca d’Italia – Servizio Studi di struttura economica e finanziaria – Divisione Biblioteca e Archivio storico – Via 
Nazionale, 91 – 00184 Rome – (fax 0039 06 47922059). They are available on the Internet www.bancaditalia.it.

RECENTLY PUBLISHED “TEMI” (*)

N. 1266 – Determinants of  the credit cycle: a flow analysis of the extensive margin, by 
Vincenzo Cuciniello and Nicola di Iasio (March 2020).

N. 1267 – Housing supply elasticity and growth: evidence from Italian cities, by Antonio 
Accetturo, Andrea Lamorgese, Sauro Mocetti and Dario Pellegrino (March 2020).

N. 1268 – Public debt expansions and the dynamics of the household borrowing constraint, 
by António Antunes and Valerio Ercolani (March 2020).

N. 1269 – Expansionary yet different: credit supply and real effects of negative interest rate 
policy, by Margherita Bottero and Enrico Sette (March 2020).

N. 1270 – Asymmetry in the conditional distribution of euro-area inflation, by Alex 
Tagliabracci (March 2020).

N. 1271 – An analysis of sovereign credit risk premia in the euro area: are they explained by 
local or global factors?, by Sara Cecchetti (March 2020).

N. 1252 – The cost of steering in financial markets: evidence from the mortgage market, by 
Leonardo Gambacorta, Luigi Guiso, Paolo Emilio Mistrulli, Andrea Pozzi and 
Anton Tsoy (December 2019).

N. 1253 – Place-based policy and local TFP, by Giuseppe Albanese, Guido de Blasio and 
Andrea Locatelli (December 2019).

N. 1254 – The effects of bank branch closures on credit relationships, by Iconio Garrì 
(December 2019).

N. 1255 – The loan cost advantage of public firms and financial market conditions: evidence 
from the European syndicated loan market, by Raffaele Gallo (December 2019).

N. 1256 – Corporate default forecasting with machine learning, by Mirko Moscatelli, Simone 
Narizzano, Fabio Parlapiano and Gianluca Viggiano (December 2019).

N. 1257 – Labour productivity and the wageless recovery, by Antonio M. Conti, Elisa 
Guglielminetti and Marianna Riggi (December 2019).

N. 1258 – Corporate leverage and monetary policy effectiveness in the Euro area, by Simone 
Auer, Marco Bernardini and Martina Cecioni (December 2019).

N. 1263 – Rising protectionism and global value chains: quantifying the general equilibrium 
effects, by Rita Cappariello, Sebastián Franco-Bedoya, Vanessa Gunnella  
and Gianmarco Ottaviano (February 2020).

N. 1264 – The impact of TLTRO2 on the Italian credit market: some econometric evidence, 
by Lucia Esposito, Davide Fantino and Yeji Sung (February 2020).

N. 1265 – Public credit guarantee and financial additionalities across SME risk classes,  
by Emanuele Ciani, Marco Gallo and Zeno Rotondi (February 2020).

N. 1259 – Energy costs and competitiveness in Europe, by Ivan Faiella and Alessandro 
Mistretta (February 2020).

N. 1260 – Demand for safety, risky loans: a model of securitization, by Anatoli Segura  
and Alonso Villacorta (February 2020).

N. 1261 – The real effects of land use regulation: quasi-experimental evidence from a 
discontinuous policy variation, by Marco Fregoni, Marco Leonardi and Sauro 
Mocetti (February 2020).

N. 1262 – Capital inflows to emerging countries and their sensitivity to the global  
financial cycle, by Ines Buono, Flavia Corneli and Enrica Di Stefano (February 2020).



 "TEMI" LATER PUBLISHED ELSEWHERE 

2018 
 

ACCETTURO A., V. DI GIACINTO, G. MICUCCI and M. PAGNINI, Geography, productivity and trade: does 
selection explain why some locations are more productive than others?, Journal of Regional Science, 
v. 58, 5, pp. 949-979, WP 910 (April 2013). 

ADAMOPOULOU A. and E. KAYA, Young adults living with their parents and the influence of peers, Oxford 
Bulletin of Economics and Statistics,v. 80, pp. 689-713, WP 1038 (November 2015). 

ANDINI M., E. CIANI, G. DE BLASIO, A. D’IGNAZIO and V. SILVESTRINI, Targeting with machine learning: 
an application to a tax rebate program in Italy, Journal of Economic Behavior & Organization, v. 
156, pp. 86-102, WP 1158 (December 2017). 

BARONE G., G. DE BLASIO and S. MOCETTI, The real effects of credit crunch in the great recession: evidence from 
Italian provinces, Regional Science and Urban Economics, v. 70, pp. 352-59, WP 1057 (March 2016). 

BELOTTI F. and G. ILARDI Consistent inference in fixed-effects stochastic frontier models, Journal of 
Econometrics, v. 202, 2, pp. 161-177, WP 1147 (October 2017). 

BERTON F., S. MOCETTI, A. PRESBITERO and M. RICHIARDI, Banks, firms, and jobs, Review of Financial 
Studies, v.31, 6, pp. 2113-2156, WP 1097 (February 2017). 

BOFONDI M., L. CARPINELLI and E. SETTE, Credit supply during a sovereign debt crisis, Journal of the 
European Economic Association, v.16, 3, pp. 696-729, WP 909 (April 2013). 

BOKAN N., A. GERALI, S. GOMES, P. JACQUINOT and M. PISANI, EAGLE-FLI: a macroeconomic model of 
banking and financial interdependence in the euro area, Economic Modelling, v. 69, C, pp. 249-
280, WP 1064 (April 2016). 

BRILLI Y. and M. TONELLO, Does increasing compulsory education reduce or displace adolescent crime? 
New evidence from administrative and victimization data, CESifo Economic Studies, v. 64, 1, pp. 
15–4, WP 1008 (April 2015). 

BUONO I. and S. FORMAI The heterogeneous response of domestic sales and exports to bank credit shocks, 
Journal of International Economics, v. 113, pp. 55-73, WP 1066 (March 2018). 

BURLON L., A. GERALI, A. NOTARPIETRO and M. PISANI, Non-standard monetary policy, asset prices and 
macroprudential policy in a monetary union, Journal of International Money and Finance, v. 88, pp. 
25-53, WP 1089 (October 2016). 

CARTA F. and M. DE PHLIPPIS, You've Come a long way, baby. Husbands' commuting time and family labour 
supply, Regional Science and Urban Economics, v. 69, pp. 25-37, WP 1003 (March 2015). 

CARTA F. and L. RIZZICA, Early kindergarten, maternal labor supply and children's outcomes: evidence 
from Italy, Journal of Public Economics, v. 158, pp. 79-102, WP 1030 (October 2015). 

CASIRAGHI M., E. GAIOTTI, L. RODANO and A. SECCHI, A “Reverse Robin Hood”? The distributional 
implications of non-standard monetary policy for Italian households, Journal of International Money 
and Finance, v. 85, pp. 215-235, WP 1077 (July 2016). 

CIANI E. and C. DEIANA, No Free lunch, buddy: housing transfers and informal care later in life, Review of 
Economics of the Household, v.16, 4, pp. 971-1001, WP 1117 (June 2017). 

CIPRIANI M., A. GUARINO, G. GUAZZAROTTI, F. TAGLIATI and S. FISHER, Informational contagion in the 
laboratory, Review of Finance, v. 22, 3, pp. 877-904, WP 1063 (April 2016). 

DE BLASIO G, S. DE MITRI, S. D’IGNAZIO, P. FINALDI RUSSO and L. STOPPANI, Public guarantees to SME 
borrowing. A RDD evaluation, Journal of Banking & Finance, v. 96, pp. 73-86, WP 1111 (April 2017). 

GERALI A., A. LOCARNO, A. NOTARPIETRO and M. PISANI, The sovereign crisis and Italy's potential output, 
Journal of Policy Modeling, v. 40, 2, pp. 418-433, WP 1010 (June 2015). 

LIBERATI D., An estimated DSGE model with search and matching frictions in the credit market, 
International Journal of Monetary Economics and Finance (IJMEF), v. 11, 6, pp. 567-617, WP 986 
(November 2014). 

LINARELLO A., Direct and indirect effects of trade liberalization: evidence from Chile, Journal of 
Development Economics, v. 134, pp. 160-175, WP 994 (December 2014). 

NATOLI F. and L. SIGALOTTI, Tail co-movement in inflation expectations as an indicator of anchoring, 
International Journal of Central Banking, v. 14, 1, pp. 35-71, WP 1025 (July 2015). 

NUCCI F. and M. RIGGI, Labor force participation, wage rigidities, and inflation, Journal of 
Macroeconomics, v. 55, 3 pp. 274-292, WP 1054 (March 2016). 

RIGON M. and F. ZANETTI, Optimal monetary policy and fiscal policy interaction in a non_ricardian economy, 
International Journal of Central Banking, v. 14 3, pp. 389-436, WP 1155 (December 2017). 



 "TEMI" LATER PUBLISHED ELSEWHERE 

SEGURA A., Why did sponsor banks rescue their SIVs?, Review of Finance, v. 22, 2, pp. 661-697, WP 1100 
(February 2017). 

 
 

2019 
 

ALBANESE G., M. CIOFFI  and P. TOMMASINO, Legislators' behaviour and electoral rules: evidence from an Italian 
reform, European Journal of Political Economy, v. 59, pp. 423-444, WP 1135 (September 2017). 

APRIGLIANO V., G. ARDIZZI and L. MONTEFORTE, Using the payment system data to forecast the economic 
activity, International Journal of Central Banking, v. 15, 4, pp. 55-80, WP 1098 (February 2017). 

 ARNAUDO D., G. MICUCCI, M. RIGON and P. ROSSI, Should I stay or should I go? Firms’ mobility across 
banks in the aftermath of the financial crisis, Italian Economic Journal / Rivista italiana degli 
economisti, v. 5, 1, pp. 17-37, WP 1086 (October 2016). 

BASSO G., F. D’AMURI and G. PERI, Immigrants, labor market dynamics and adjustment to shocks in the 
euro area, IMF Economic Review, v. 67, 3, pp. 528-572, WP 1195 (November 2018). 

BATINI N., G. MELINA and S. VILLA, Fiscal buffers, private debt, and recession: the good, the bad and the 
ugly, Journal of Macroeconomics, v. 62, WP 1186 (July 2018). 

BURLON L., A. NOTARPIETRO and M. PISANI, Macroeconomic effects of an open-ended asset purchase 
programme, Journal of Policy Modeling, v. 41, 6, pp. 1144-1159, WP 1185 (July 2018). 

BUSETTI F. and M. CAIVANO, Low frequency drivers of the real interest rate: empirical evidence for 
advanced economies, International Finance, v. 22, 2, pp. 171-185, WP 1132 (September 2017). 

CAPPELLETTI G., G. GUAZZAROTTI and P. TOMMASINO, Tax deferral and mutual fund inflows: evidence from 
a quasi-natural experiment, Fiscal Studies, v. 40, 2, pp. 211-237, WP 938 (November 2013). 

CARDANI R., A. PACCAGNINI and S. VILLA, Forecasting with instabilities: an application to DSGE models 
with financial frictions, Journal of Macroeconomics, v. 61, WP 1234 (September 2019). 

CHIADES P., L. GRECO, V. MENGOTTO, L. MORETTI and P. VALBONESI, Fiscal consolidation by 
intergovernmental transfers cuts? The unpleasant effect on expenditure arrears, Economic 
Modelling, v. 77, pp. 266-275, WP 985 (July 2016). 

CIANI E., F. DAVID and G. DE BLASIO, Local responses to labor demand shocks: a re-assessment of the case 
of Italy, Regional Science and Urban Economics, v. 75, pp. 1-21, WP 1112 (April 2017). 

CIANI E. and P. FISHER, Dif-in-dif estimators of multiplicative treatment effects, Journal of Econometric 
Methods, v. 8. 1, pp. 1-10, WP 985 (November 2014). 

CIAPANNA E. and M. TABOGA, Bayesian analysis of coefficient instability in dynamic regressions, 
Econometrics, MDPI, Open Access Journal, v. 7, 3, pp.1-32, WP 836 (November 2011). 

COLETTA M., R. DE BONIS and S. PIERMATTEI, Household debt in OECD countries: the role of supply-side 
and demand-side factors, Social Indicators Research, v. 143, 3, pp. 1185–1217, WP 989 (November 
2014). 

COVA P., P. PAGANO and M. PISANI, Domestic and international effects of the Eurosystem Expanded Asset 
Purchase Programme, IMF Economic Review, v. 67, 2, pp. 315-348, WP 1036 (October 2015). 

ERCOLANI V. and J. VALLE E AZEVEDO, How can the government spending multiplier be small at the zero 
lower bound?, Macroeconomic Dynamics, v. 23, 8. pp. 3457-2482, WP 1174 (April 2018). 

FERRERO G., M. GROSS and S. NERI, On secular stagnation and low interest rates: demography matters, 
International Finance, v. 22, 3, pp. 262-278, WP 1137 (September 2017). 

FOA G., L. GAMBACORTA, L. GUISO and P. E. MISTRULLI, The supply side of household finance, Review of 
Financial Studies, v.32, 10, pp. 3762-3798, WP 1044 (November 2015). 

GIORDANO C., M. MARINUCCI and A. SILVESTRINI, The macro determinants of firms' and households' 
investment: evidence from Italy, Economic Modelling, v. 78, pp. 118-133, WP 1167 (March 2018). 

GOMELLINI M., D. PELLEGRINO and F. GIFFONI, Human capital and urban growth in Italy,1981-2001, 
Review of Urban & Regional Development Studies, v. 31, 2, pp. 77-101, WP 1127 (July 2017). 

MAGRI S., Are lenders using risk-based pricing in the Italian consumer loan market? The effect of the 2008 
crisis, Journal of Credit Risk, v. 15, 1, pp. 27-65, WP 1164 (January 2018). 

MAKINEN T., A. MERCATANTI and A. SILVESTRINI, The role of financial factors for european corporate 
investment, Journal of International Money and Finance, v. 96, pp. 246-258, WP 1148 (October 2017). 

 MIGLIETTA  A., C. PICILLO and M. PIETRUNTI, The impact of margin policies on the Italian repo market, 
The North American Journal of Economics and Finance, v. 50, WP 1028 (October 2015). 



 "TEMI" LATER PUBLISHED ELSEWHERE 

MONTEFORTE L. and V. RAPONI, Short-term forecasts of economic activity: are fortnightly factors useful?, 
Journal of Forecasting, v. 38, 3, pp. 207-221, WP 1177 (June 2018). 

NERI S. and A. NOTARPIETRO, Collateral constraints, the zero lower bound, and the debt–deflation 
mechanism, Economics Letters, v. 174, pp. 144-148, WP 1040 (November 2015). 

PEREDA FERNANDEZ S., Teachers and cheaters. Just an anagram?, Journal of Human Capital, v. 13, 4, pp. 
635-669, WP 1047 (January 2016). 

 RIGGI M., Capital destruction, jobless recoveries, and the discipline device role of unemployment, 
Macroeconomic Dynamics, v. 23, 2, pp. 590-624, WP 871 (July 2012). 

 
 

2020 
 

COIBION O., Y. GORODNICHENKO and T. ROPELE, Inflation expectations and firms' decisions: new causal 
evidence, Quarterly Journal of Economics, v. 135, 1, pp. 165-219, WP 1219 (April 2019). 

 D’IGNAZIO A. and C. MENON, The causal effect of credit Guarantees for SMEs: evidence from Italy, The 
Scandinavian Journal of Economics, v. 122, 1, pp. 191-218, WP 900 (February 2013). 

RAINONE E. and F. VACIRCA, Estimating the money market microstructure with negative and zero interest 
rates, Quantitative Finance, v. 20, 2, pp. 207-234, WP 1059 (March 2016). 

RIZZICA L., Raising aspirations and higher education. evidence from the UK's widening participation policy, 
Journal of Labor Economics, v. 38, 1, pp. 183-214, WP 1188 (September 2018). 

 
 

FORTHCOMING 
 

ARDUINI T., E. PATACCHINI and E. RAINONE, Treatment effects with heterogeneous externalities, Journal of 
Business & Economic Statistics, WP 974 (October 2014). 

BOLOGNA P., A. MIGLIETTA and A. SEGURA, Contagion in the CoCos market? A case study of two stress 
events, International Journal of Central Banking, WP 1201 (November 2018). 

BOTTERO M., F. MEZZANOTTI and S. LENZU,  Sovereign debt exposure and the Bank Lending Channel: impact 
on credit supply and the real economy, Journal of International Economics, WP 1032 (October 2015). 

BRIPI F., D. LOSCHIAVO and D. REVELLI, Services trade and credit frictions: evidence with matched bank – 
firm data, The World Economy, WP 1110 (April 2017). 

BRONZINI R., G. CARAMELLINO and S. MAGRI, Venture capitalists at work: a Diff-in-Diff approach at late-
stages of the screening process, Journal of Business Venturing, WP 1131 (September 2017). 

BRONZINI R., S. MOCETTI and M. MONGARDINI, The economic effects of big events: evidence from the Great 
Jubilee 2000 in Rome, Journal of Regional Science, WP 1208 (February 2019). 

CORSELLO F. and V. NISPI LANDI, Labor market and financial shocks: a time-varying analysis, Journal of 
Money, Credit and Banking, WP 1179 (June 2018). 

COVA P., P. PAGANO, A. NOTARPIETRO and M. PISANI, Secular stagnation, R&D, public investment and monetary 
policy: a global-model perspective, Macroeconomic Dynamics, WP 1156 (December 2017). 

GERALI A. and S. NERI, Natural rates across the Atlantic, Journal of Macroeconomics, WP 1140 
(September 2017). 

LIBERATI D. and M. LOBERTO, Taxation and housing markets with search frictions, Journal of Housing 
Economics, WP 1105 (March 2017). 

LOSCHIAVO D., Household debt and income inequality: evidence from italian survey data, Review of Income 
and Wealth, WP 1095 (January 2017). 

MOCETTI S., G. ROMA and E. RUBOLINO, Knocking on parents’ doors: regulation and intergenerational 
mobility, Journal of Human Resources, WP 1182 (July 2018). 

PANCRAZI R. and M. PIETRUNTI, Natural expectations and home equity extraction, Journal of Housing 
Economics, WP 984 (November 2014). 

PEREDA FERNANDEZ S., Copula-based random effects models for clustered data, Journal of Business & 
Economic Statistics, WP 1092 (January 2017). 

RAINONE E., The network nature of otc interest rates, Journal of Financial Markets, WP 1022 (July 2015). 




