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Introduction∗

The hypothesis of downward price rigidity in housing markets is corroborated by several stylized facts. Indeed, prices and transactions are usually
correlated over the economic cycle, which is at odds to what is predicted
by standard asset theory. Furthermore, during market downturns, housing
units take longer to be sold, while the gap between ask prices and transaction
prices widens.
What could be behind such price rigidity? Preferences characterized
by loss aversion are one possible explanation (Genesove and Mayer, 2001).
Indeed, homeowners decision to sell may not be the sheer outcome of the
current opportunity cost, but also depend on the difference between current
market price respect to previous buying price. During downturns the market
value of many houses is often way below the price they have been paid
for by the current owner. Owners who are loss-averse have an incentive
to reduce this expected loss by setting a reservation price that exceeds the
current value of the unit and is closer to the price they have paid. Therefore,
ceteris paribus, they set higher asking prices, which are less likely to match
a potential buyer in the market. A lower number of transactions, longer
time to sale and higher asking-final price spread follow it.
In this paper, using data on a sample of Italian households, we test
whether, conditional on both observable and unobservable housing characteristics, homeowners evaluate differently the market value of their main
dwelling according to the price at which they bought it. To rule out spurious correlation due to unobserved housing characteristics, first we regress
previous sale prices on observed characteristics at the time of sale, and then
take the residual, i.e. the difference between sale price and estimated price
based on observed characteristics at the time of sale, as a proxy of latent
quality.
We find that homeowners subject to estimated losses almost do not adjust
their assessment in response to downward market condition, while their
evaluation is independent of the previous sale price in case of expected gain.
We document some heterogeneity in loss aversion according to observable
characteristics of the household: while loss aversion is mildly stronger among
poorer and less educated households, there is a strong case for loss aversion
accross all demographic characteristics we accounted for.
The existence of downward housing price rigidity we document in this
paper has relevant implications for policy debate, mainly because it amplifies
∗
We wish to thank Antonio Accetturo, Matteo Gomellini, Vernon Henderson, Tiziano
Ropele, Stefano Schiaffi, Paolo Sestito, two anonymous referees of Temi di discussione
della Banca d’Italia, and seminar participants at the “Workshop on Urban Economics”,
Rome March 2016, at the HFCN Conference, Krakow June 2019 and at the AREUEA
Conference, Milan June 2019. The usual disclaimer applies. The views expressed herein
are those of the author are not necessarily those of Bank of Italy.
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the effects of negative economic shocks.
Our findings contribute to the strand of empirical literature on loss aversion in housing markets, documenting that it arises not only when considering asking or transaction prices, but also when taking into account the
household market evaluation of their asset. To our knowledge, this is the
first analysis focusing on such data and thus it has the big advantage of
showing the extent to which loss aversion is rooted in an ex-ante cognitive
distortion, prior to any decision on whether to put or not the asset on the
market and before the owner might be influenced by the real estate agent’s
valuation (which would reflect in the ask price) or by the match with the
demand in the real estate market (which would reflect in the transaction
price).
A second contribution of the paper is to document heterogeneity in loss
aversion among households by exploring its interplay with demographic characteristics. In particular our rich database allows us to distinguish very precisely which household characteristics are more related with loss aversion.
For instance, we show that the correlation between anchoring to previous
sale price and a large loan to value ratio, documented by previous literature,
disappears when the overall household wealth is controlled for.
From the policy perspective, loss aversion has important implications on
the understanding of housing market dynamics, as it explains transaction
freeze during downturns. Our focus on household evaluation adds to the
literature along two different policy relevant dimensions. First, estimates of
real wealth based on survey data on household wealth would be systematically upward biased during market downturns, since our results imply that
householders in expected loss overvaluate their real assets. Second, along
the business cycle, the consumption and saving decisions might be asymmetrically influenced by the incorrect valuation of housing wealth by the
households (Agarwal, 2007).

2

Related literature

A widely documented stylized fact in real estate markets —both at country
and urban level— is the correlation between trading volumes and prices,
(Clayton et al., 2010; de Wit et al., 2013; Westerfeld et al., 2014). For instance, the number of residential sales in Italy fell by around 50 percent
in the period between the peak in housing prices in 2007 and 2014.1 Such
finding is at odds with standard asset price theory, which predicts orthogonality between volumes and prices (Lucas, 1978): assuming efficient and
frictionless markets, rational agents and an exogenous stock of assets with
stochastic returns, productivity shocks would only affect asset prices, not the
1
In 2007-2014 transactions were falling when prices were falling as well whereas transactions were increasing between 2004 and 2007 when prices were hiking.
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number of times such assets change ownership. While such finding hinges
on the hypothesis of a fixed number of assets, housing stock is expected
to adjust sluggishly with respect to positive demand shock (due to permits
and construction times), and to be almost sticky with respect to negative
shocks. Thus, price-volumes correlation calls for theoretical explanations
beyond baseline microeconomic modeling.
Another remarkable empirical regularity is that during market downturns
housing units take longer to be sold: in Italy, between 2008 and 2014 the
number of months needed to grant a sale rose on average from 6.7 to 9.5.2 At
the same time, the gap between asking prices and transaction ones widens:
in 2008, during the boom of the real estate cycle, in almost two thirds of
the transactions, the final price was smaller than the initial asking prices by
no more than 10 per cent; the same figure dropped to less than a third of
transactions in 2014, at the trough of the real estate cycle.
These three findings (correlation between prices and quantities, longer
time to sell and wider ask-bid gap in downturns) suggest that sellers reservation prices are more sluggish to adjust downward than buyers ones, a fact
which finds support in Genesove and Han (2012), which empirically confirm
the hypothesis that sellers in the housing market react with a lag to demand
shocks, and that such lag is larger than the one of buyers.
Three main microeconomic channels have been proposed in order to explain the documented downward price stickiness.
First, housing price movements affect the net equity of homeowners and
thus their ability to switch dwelling, as the sale of their existing home might
be the main source of down payment requirements to buy a new one (Stein,
1995; Genesove and Mayer, 1997). Second, searching and matching frictions
can also generate downward price rigidity (Wheaton, 1990; Berkovec and
Goodman, 1996; Ngai and Tenreyro, 2014). Third, downward price rigidity can be explained by assuming reference dependent preferences and loss
averse agents: in such setting, households whose expected home selling price
is lower than the one they purchased at —and therefore exposed to a net
loss — are expected to ask higher prices compared to the ones with a net
expected gain.
The last hypothesis draws from Tversky and Kahneman (1991)’s prospect
theory, who propose a preference setting where i) utility does not depend
on the absolute level of a good but rather on the difference with respect
to a “reference point”; ii) preferences feature “loss aversion”, that is utility
increases with gains, i.e. positive differences with respect to the reference
points, less than what it decreases due to an equivalent sized loss; iii) sensitivity to marginal gains and losses is decreasing in absolute value. These
three assumptions determine a value function like the one in figure 1, whose
2

Bank of Italy, Osservatorio Immobiliare italiano and Tecnoborsa Survey on Real Estate Agents (Banca d’Italia, 2016).
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Figure 1: Loss aversion vs. gain attachment

Source: Genesove and Mayer (2001).

slope is higher to the left of the reference point than to the right, and which
is concave with respect to gains and convex with respect to losses. Note that,
under standard preference setting, such value function would be flat along
the horizontal axis, since the relative distance with respect to the reference
point does not matter.
In our analysis, as in most of the literature hinging on this theory, we
consider the previous selling price as the reference point.3
Loss aversion yields interesting implications for asset markets. In financial markets, the decline in utility that comes from obtaining losses leads
investors to hold their losses longer than their gains, even if there is no
mean reversion, so past losses have no correlation with future gains (Shefrin
and Statman, 1985; Odean, 1998). In their seminal paper, Genesove and
Mayer (2001) provide empirical evidence also for real assets: in Boston condominium market, sellers with expected loss ask for higher prices, leave their
housing units more on the market, and obtain higher final prices. Loss aversion among sellers has been confirmed also by further research, in particular
Einiö et al. (2008), Anenberg (2011) and Bokhari and Geltner (2011)). The
latter argue how, at aggregate housing market level, loss aversion effect is
particularly strong in the first parts of economic downturn, while it attenuates with time, as the lack of buyers become more evident. Other analysis
3

The reference point needs not to be univocal, and it might correspond to other past
prices, expectations, agents aspirations, or to a linear combination of them.
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have found effects also in terms of reduced household mobility (Engelhardt,
2003) and increased price dispersion (Leung and Tsang, 2013a,b).
Furthermore, concerning policy implications, downward housing price
rigidity also yield asymmetries on the impact of of monetary policy (Tsai,
2013).
Moreover, downward housing price rigidity should also yield asymmetry
in the impact of monetary policy (Tsai, 2013).
A few analysis focus on how individual characteristics affect loss aversion
(for a full review, see Hjorth and Fosgerau, 2011): higher education, being
a male and lower age have been associated with lower loss aversion, even
though such findings are not always statistically significant (Johnson et al.,
2006; Gächter et al., 2007; Booij and van de Kuilen, 2009). Genesove and
Mayer (2001) find lower, but still significant, loss aversion among professional sellers of housing units. Conversely, according to findings of Bokhari
and Geltner (2011), professional sellers are even more loss averse than non
professionals. Nevertheless, to our knowledge, there is yet no empirical evidence of heterogeneity in loss aversion among homeowners. Exploring agents
heterogeneity is also useful in order to check for potential confounding factors from equity constraints. However, empirical analysis for the US found
that the relative magnitude of such channel is quite small, compared to
the behavioral one, even though American households exhibits high levels of
loan to value on housing mortgages (Genesove and Mayer, 2001; Engelhardt,
2003).

3

Empirical design

Our aim is to detect whether, ceteris paribus, a homeowner i at time t
evaluates her property potential market value depending on the price she
paid to purchase it (henceforth, the reference price) at time t − k.
The simplest model one could use to test this hypothesis is one where
one’s property market evaluation (Pit )4 depends on its prediction (P̂it ) —
based on observable dwelling’s characteristics and municipal market prices5 —
s
), which at this stage can be
and some function of the reference price (Pit−k
considered as linear:
s
Pit = α1 P̂it + βPit−k
+ it .

Since we are interested in understanding whether gains and losses with
respect to the reference price affect the current evaluation differently, we may
4

The question as stated in the survey is: “What price could you ask for your main
dwelling on the market”.
5
P̂it is the predicted value of a regression equation where the evaluation the homeowner
provides of her property (Pit ) is regressed on the average price of real estate located in
the same area and a set of characteristics of the dwelling.
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replace the reference price with its difference with respect to the expected
evaluation based on observables, and estimate the effect of a generic reference
dependence —whether gain or loss with respect to the reference price— on
the current evaluation:


s
Pit = αP̂it + β Pit−k
− P̂it + it .
(1)
where α = α1 + β. Since prospect theory suggests that gains and losses have
an asymmetric effect on the current evaluation of the asset, we might distinguish whether the current market evaluation based on observable exceeds
the reference price, so we rather estimate:


s
s
Pit = αP̂it + β1 Pit−k
− P̂it + β2 |Pit−k
− P̂it |+ + it
(2)
s
s
s
where |Pit−k
− Pit |+ is equal to Pit−k
− Pit if Pit−k
− Pit > 0 and 0 otherwise.
According to this empirical model, the estimate of β1 + β2 turns out to be
an estimate of the average elasticity of the homeowners valuation of their
properties with respect to the a current loss in the value of the property,
that is with respect to a situation in which the current market value is lower
than the reference price. β1 provides an estimate of the elasticity of the
current valuation with respect to a current gain in the value of the property,
when the current market value exceeds the reference price. It follows that
β2 , the difference in the two elasticities, provide a measure of how much on
average homeowners revise their valuation facing a loss relatively to what
they do facing a gain.

3.1

Challenges to the identification

The main challenge to the identification of our empirical model (2) is the
presence of an omitted variable bias due to unobservable housing quality. A
secondary challenge is the possible selection of homeowners.
An omitted variable bias may arise since we cannot control for all housing
features which could potentially influence market price. Such unobservable
quality is expected to affect positively both household evaluation and previous sale prices, thus generating an upward bias of the OLS estimates for
β1 and β2 .
Our strategy to tackle this issue is to include the difference between the
s
sale price and the estimated market price at the time of the sale (Pit−k
−
s
P̂it−k ) as an additional term in equation; under the prior that unobservable quality is a time invariant characteristic of the property, the lagged
value of the difference between estimated market value and price is a reasonable proxy of unobservable quality (Genesove and Mayer, 2001; Beggs
and Graddy, 2009). Even if the unobservable quality of the property is not
time invariant, but has changed from t − k to t, its inclusion should not
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yield inconsistent estimates, as the change in latent quality affects household’s evaluation at time t but not the previous buying price at t − k. In
other words, unpredicted changes in unobserved housing quality, being not
correlated with previous sale price, should safely enter into the error term
of the equation.
Nevertheless, a further omitted variable issues might emerge if unobservable quality changes from t-k are correlated to market price dynamics, in
particular if the choice to renovate the housing unit is strategic with respect
to the latter.6 We believe this is not the case, at least in our sample. Indeed,
the latter refers to housings which have been bought in the recent years to be
the main dwelling for the households. In this case, major renovation works
is usually done just after having purchased the units and before starting to
inhabit it, and it might be done after a few years because of the needs of
the households, arguably unconnected to speculative thoughts. As a further
check for this, in the robustness section we restrict the maximum time since
the sale, making the likelihood of renovation works even more remote.
A minor identification issue is the selection of homeowners. In other
words we may find evidence of asymmetric revision of one own property’s
valuation as a consequence of an expected loss or a gain with respect to the
reference price just because we are observing a selected sample of homeowners who have biased perception because of their observable or unobservable
characteristics. To tackle this issue, we control for a large set of households characteristics, which could be connected to risk attitude or financial
constraints.
Hence our baseline model is:


s
s
Pit =αP̂it + β1 Pit−k
− P̂it + β2 |Pit−k
− P̂it |+
s
s
) + γx Xit + it
+β3 (Pit−k
− P̂it−k

(3)

s
s
Pit−k
− P̂it−k
is the difference between the reference value and the predicted market value of the dwelling at the time it was transacted,7 and Xit
are reported household’s characteristics, namely loan to value dummy (LTV
= 1 if LTV >70%), log of the years of schooling, log of real income, log of
real wealth, household size (number of members), class of size of the munic6

Families might decide it is not worthy to invest in housing units whose value is depreciating. In that case, unobservable quality and prices dynamics would be negatively
s
correlate sign. A positive spurious correlation between Pit−k
− P̂it and unobservable quality, and therefore an underestimation of β1 and β2 might thus follow. If, conversely,
owners invest more in housing units in order to compensate for the loss of value, the
spurious correlation is of the opposite sign, therefore we might overestimate of β1 and β2 .
7 s
P̂it−k is the predicted value of a regression equation where the price paid to purchase
s
the real estate at time t-k (Pit−k
) is regressed on the average price of real estate located
in the same area and a set of characteristics of the dwelling.
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ipality, class of age of the homeowner, macro-region dummy, and years since
last sale.8
As a single household might have been interviewed in several waves, observations belonging to the same household has been clustered in order to
account for their autocorrelation.
Regarding the interpretation of the estimated coefficients of equation (3),
α − (β1 + β2 ) represents the elasticity of the homeowner’s current evaluation
of her property to a change in its market evaluation based solely on observed
s
characteristics.9 Notice that, since the reference price Pit−k
is predetermined
from the point of view of the homeowner, a change in P̂it which leads to a
1% loss with respect to the reference price will lead to a downward revision
in the homeowner valuation of her property of α − (β1 + β2 ) per cent. On
the other hand a change in P̂it which leads to a 1% gain with respect to the
reference price will lead to a upward revision in the homeowner valuation of
her property of α − β1 per cent. Therefore β2 represents a measure of how
more concerned is the homeowner by a loss than by a gain in the value of
her property when it comes to revise her own valuation of the property.10

4

Data

The empirical design we have laid down in the previous section requires data
for each housing unit, which belonged in t to an homeowner who has bought
it at time t − k by the household, on: i) the property’s value estimates
reported by the household at time t, ii) the market evaluation at time t and
t − k, iii) the purchase price at time t − k and the house’s and household’s
characteristics.
We obtain the above information from a blend of data from two data
sources. We take all the characteristics of the house and the household,
including current and previous evaluation of the property and the purchase price from the Bank of Italy Survey on Household Income and Wealth
(SHIW), which gathers data on incomes and savings of Italian households
every two years. Each wave encompasses a stratified sample of more of 8,000
Italian households. Considering the six waves between 2004 and 2016, we
selected households who owned their main dwelling during this time range
and bought it from 2002 onward (the starting year of our market price data).
8

Adding a dummy for the urban vs. non urban location does not alter our results.
More precisely, a change in component P̂it of her evaluation Pit , which depends solely
on the characteristics of the house and the household.
10
An alternative interpretation is that β1 + β2 represents the (semi-)elasticity of the
homeowner’s current evaluation of her property to a change in the reference price. That
if the homeowner i has paid a purchase price 1% larger than the one paid by homeowner
j for a property having the same observable characteristics and the two homeowners live
in comparable households, the property evaluation of homeowner i (Pit ) is going to be
β1 + β2 per cent as large as the one of homeowner j (Pjt ).
9
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Figure 2: Household’s characteristics
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This implies that the sample of properties available each year is increasing
with time, namely from 235 in 2004 to 832 in 2016 (Figure 2).
Our sample is based on households who bought their dwelling relatively
recently. Indeed, as descriptive statistics in Table 1 show, such households
are characterized by younger and more educate householders, higher aggregate income, and are more likely to have a relevant part of the value of their
house covered by mortgages. The wealth of these “recent” homeowners is
higher than the full sample of households but lower than the full sample of
homeowners.
Each household in our sample is asked to provide an estimate for the
market value of her dwelling. This is our dependent variable. Additional information are provided, such as the previous buying price, the size, the location within the municipality (center/semi-periphery/periphery), the number
13

of bathrooms, and the outstanding value of the mortgage, if any.
Market data on residential transactions come from the the Osservatorio
sul mercato Immobiliare (OMI) of the Italian Revenue Agency. Such data
are available from 2002 at municipal level with a sub-municipal breakdown,
namely center (downtown), semi-periphery, periphery11 . These aggregate
prices has been matched both with dwelling assessment at the time of the
interview (t) and at the time when it has been bought (t − k). P̂it is the
computed as the prediction of Pit on both market prices and observable
housing characteristics12
to provide the market based valuation based on observables of the property price at time t and t − k.
Our analysis hinges on the reliability of previous sale price, but the further
apart is this value from its estimate based on observables, the higher the
likelihood that the observation might have been affected by some reporting
errors. Thus, we regress sale prices on housing characteristics and municipal
market prices, after dropping outliers in the top and bottom percentiles of
the distribution of residuals of this regression.13
One may observe that the valuation per square meter provided by the
households is on average significantly higher than the average of municipal
transaction prices, even for the representative samples of households. This
could be explained both by overvaluation of market values by households
(for instance, see Benı́tez-Silva et al., 2015) or by differences between quality of sold houses and our sample of dwellings. But this overvaluation is
not crucial to our analysis: the aim of our analysis is not to estimate an
average bias with respect to market values but rather —more narrowly— to
detect whether homeowners evaluate differently their housing according to
the initial buying price.

5

Results

Table 2 presents the estimates of the baseline model. As the theory section
shows we are interested in two quantities: the revision of the homeowner
evaluation of her properties when the actual market evaluation exceeds the
reference price (and the homeowner is recording a gain), that is α − β1 ,
11

We are not certain that the SHIW and OMI classification in zoning always overlap.
Namely, the regressors included are: the average municipal price, the average municipal market price for center/semi-center/periphery interacted with the location dummy
provided by Survey dataset, the interaction between construction time and municipal
market prices, dwelling size and its square, number of bathrooms, construction time.
Construction time is given by discretizing the construction year in the following periods:
before 1946, 1946-1961, 1962-1981, 1982-2001, after 2001.
13
This is the reason why the sample presented in Table 1 is larger than the one showed in
regression tables. Our findings are nevertheless robust to alternative cutoff of the outliers,
namely cutoffs on the top and bottom 0.5%, 5% and 10%.
12
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Table 1: Descriptive statistics
est. sample (N=3,636)(1)
mean sd min
wealth (thous. euro)
income (thous. euro)
household size
LTV>70%
years of schooling
age
dwelling size (sqm)
municipal mkt price (per sqm)
dwelling estimation (per sqm)

253
37.5
2.9
0.1
11.8
49.1
105.6
1711
2180

312
21.7
1.3
0.3
5.2
13.6
48.9
799
1117

-79
-2.5
1.0
0.0
1.0
18.0
25.0
396
100

max
4850
398.0
12.0
1.0
29.0
97.0
630.0
4331
12766

homewowners (N=39,195)
mean sd

min

max

306
33.1
2.5
0.0
9.7
60.9
111.2
1576
2050

-755
-20.0
1.0
0.0
1.0
17.0
11.0
384
15

25844
840.0
12.0
1.0
29.0
104.0
1000.0
4765
28170

470
23.7
1.2
0.1
5.0
14.9
54.1
777
1186

full sample (N=55,436)
mean sd

min

226
29.1
2.4
0.0
9.4
59.0
102.3
1601
1971

-755 25844
-34.1 840.0
1.0
12.0
0.0
1.0
1.0
29.0
17.0 104.0
10.0 1000.0
0
4765
10 28170

422
22.4
1.3
0.1
4.9
15.8
50.4
782
1165

Source: Survey of Household Income and Wealth; transactions come from the Italian Revenue Agency.
Notes: (1) Estimation sample refers to all homeowners who bought their dwellings since 2002.

and same revision when the actual market evaluation is below the reference
price (and the homeowner is recording a loss), that is α − (β1 + β2 ). Loss
averse agent would revise their valuation by a higher amount of the change
in the market value when in gains rather than in losses, that is: α − β1 >
α − (β1 + β2 ) & 0. All in all our results points exactly in this direction in
all specifications.

Column (1) provides estimates of the simplest possible model (1), where
only a control for the “number of years since the last sale” has been added.
The homeowner evaluation changes almost 1-to-1 with the market evaluation
based on observable characteristics: a 10% change in the market evaluation
(P̂it ) induces a 7.27%(=(1.011-0.284) · 10%=(α − β1 ) · 10%) revision in the
homeowner’s valuation. The homeowner valuation also shows a significant
reference dependence: a 10% deviation across the reference prices of two
comparable properties purchased by two homeowners from two comparable
households leads to 2.84% gap in the current valuation of the property.
Column (2) provides an estimate of model (2), where we distinguish the
effect on the current homeowner’s valuation of the property of a gain of the
market valuation with respect to the reference point from the effect of a loss.
Our result points to a higher conditional correlation of the current valuation
on gains than on losses: a 10% gain of the current market valuation of a
property with respect its reference price induces a 8.24%(=(1.022-0.198) ·
10% = (α − β1 ) · 10%) upward revision of the current evaluation, whereas a
10% loss induce a smaller downward revision of the homeowner’s valuation
of her property, namely 1.2% (that is (1.022-0.198-0.944) · (-10%) = (α −
β1 − β2 ) · (−10%)).
15

max

Table 2: Baseline
(1)

(2)

(3)

(4)

(5)

(6)

Predicted price (α)

1.011***
(0.015)

1.022***
(0.015)

1.014***
(0.015)

1.016***
(0.015)

0.959***
(0.018)

0.959***
(0.018)

reference dependence (β1 )

0.284***
(0.014)

0.198***
(0.016)

0.044
(0.034)

0.034
(0.034)

0.058*
(0.035)

0.061*
(0.035)

0.944***
(0.054)

0.956***
(0.054)

1.336***
(0.103)

0.885***
(0.055)

1.006***
(0.064)

0.174***
(0.035)

0.177***
(0.035)

0.148***
(0.035)

0.145***
(0.035)

0.003
(0.002)

0.003
(0.002)

0.004*
(0.002)

0.005**
(0.002)

0.022
(0.016)

0.022
(0.016)

loss aversion (β2 )
unobserved quality (β3 )
years since last sale

0.004**
(0.002)

0.008***
(0.002)

LTV > 70%
years since last sale X loss
Household characteristics (1)
Observations
R2

-0.028**
(0.014)
no
4526
0.671

no
4526
0.694

no
4526
0.698

no
4526
0.698

yes
4525
0.712

yes
4525
0.712

Source: Survey of Household Income and Wealth (2004-2016); transactions come from the Italian Revenue Agency.
Notes: Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. Standard errors clustered at the
household level. All specifications include controls for the wave of the SHIW database when the homeowner
is interviewed. (1) Households characteristics are: log of the years of schooling, log of real income, log of real
wealth, household size (number of members), class of size of the municipality, class of age of the homeowner, and
a macro-region dummy.

The estimate shown in column (2) is likely to be affected by endogeneity, since the homeowner valuation may depend on the unobserved housing
quality which might in turn have influenced the purchased price at t − k.
To tackle this problem, column (3) adds the control for unobserved quality.
Reference dependence coefficient shrinks below statistical significance, the
effect being consistent with a correction for the expected positive spurious
correlation. On the other side, the coefficient on losses is still significant: a
10% gain of the current market valuation of a property with respect its reference price induces a 9.7%(=(1.014-0.044) · 10% = (α − β1 ) · 10%) upward
revision of the current evaluation, whereas a 10% loss induce a negligible
0.14%(=[1.014-(0.044+0.956)] · (-10%) = (α − β1 − β2 ) · (−10%)) downward
revision of the homeowner’s valuation of her property.
Column (4) adds controls for households characteristics, that is log of
homeowner’s years of schooling, log of real income, log of real wealth, household size (number of members), class of size of the municipality, class of age
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of the homeowner, and a macro-region dummy. Results hold almost unchanged: a (10%) gain in the current market valuation of a property with
respect its reference price induces a almost complete upward revision of the
homeowner valuation of her property (9.01%), whereas a loss leaves the
valuation unchanged (-0.1%) .
Column (5) adds an interaction between the loss and time since last sale,
since we expect the effect of the former to decay gradually over time. Indeed,
we find a moderate negative coefficient for the interaction. According to our
point estimates along the inter-quartile range of the variable ”years since
last sale” the loss aversion coefficient (β2 ) would diminish from to 0.95 to
0.78.14 The intuition is that as long as the purchase of the real estate gets
further apart in time, the reference price is discounted more and more and
its influence on the current evaluation of the homeowner decreases.

6

Robustness checks

Table 3 reports the results of the many robustness checks we performed.
As a first robustness concern we ask ourselves whether household’s evaluation is expressed in real or nominal terms, i.e. whether losses may be
reduced or amplified by price dynamics. We test it by measuring loss in real
terms rather than in nominal ones, that is by deflating losses using a CPI
deflator. Column (1) in Table 3 reports the estimates: a 10% gain of the current market valuation of a property with respect its reference price induces
a 9.32%(=[0.962-(0.030)] · 10% = (α − β1 ) · 10%) upward revision of the current evaluation, whereas a 10% loss induce a 1.70%(=([0.963-(0.030+0.762)]
· 10% = (α − β1 − β2 ) · 10%) downward revision of the homeowner’s valuation of her property. Loss aversion holds even when measured in real
terms: homeowners revise their valuation 1-to-1 with upward market based
revision, while their revision downward are much more sluggish.
When both real loss and nominal loss are included in the regression, the
former turns out to be larger in magnitude (and more precisely estimated)
than the latter, but the remaining coefficients stay unchanged, suggesting
that money illusion does not seem to play a major role.
Our second concern relates to the households we consider in the regression
sample of the baseline exercise. One of the major advantages of the SHIW
data is the little attrition of the households, implying that we follow the
same households over time. For the sake of our baseline regression, this
means that we repeatedly consider the same households in different points
in time.
Even if we had clustered regression errors at household’s level in the baseline exercise, we check for robustness by considering here one observation
per household, namely the last one in time. This means that if an house14

In our sample, ”years since last sale” is 2 at the 25th and 8 at 75th one.
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hold enters in three waves, e.g. 2010, 2012 and 2014, we only consider her in
2014 and we drop we remaining observations of this household. Column (3)
shows the estimates. The number of observation drops by 1/3, but results
are confirmed.
A 10% gain of the current market valuation of a property with respect
its reference price induces a 9.11%(=[0.972-(0.061)] · 10% = (α − β1 ) · 10%).
The third robustness exercise relates to the possibility that homeowners
get information about the market value of their property with some lag. If
this is the case, our computed market value component (P̂it ) considers the
wrong market value information. To take this possibility into account, we
add lagged municipal residential prices in the regression, thus allowing for
the property valuation to adjust sluggishly to changing market conditions.15
Estimates in column (4) show virtually unchanged results (the upward revision when in a 10% gain is 9.12% —compared to a 9.01% of the baseline,
column (4) in table 2; the downward revision when in a 10% loss is 0.32%
compared to a 0.10%): lag in information do not seem to be relevant for loss
aversion.

Finally, where a sizable sample is available, we estimate the model for
single waves of the SHIW, that is for 2010, 2012, 2014, and 2016. This
exercise is useful to check whether results are correlated with specific years
contingencies: for instance, in 2010 average prices were still close to 2008
peak, while four years later they had significantly dropped. In both cases,
results hold basically unchanged.
We argued in chapter 3 that it is unlikely that our findings are biased
by unobservable housing quality due to strategic renovation choices. As a
further check, in column 10 we show estimates on the sample of households
who bought the unit in the last 5 years. This a short time span in which the
likelihood of renovation works for a main dwelling is small, not to say that
they are done strategically with respect to market price dynamics. Results
are unchanged.
In last column, we control for a polynomial of the unobserved quality
proxy up to the fourth degree. The rationale is to check for eventual non
linearities in the omitted variable bias in the estimation of β1 and β2 without
imposing any structure to it. Results are qualitatively similar to the one of
the linear control: the elasticity of the evaluation to purchase price in case of
losses is around 0.75 (β1 + β2 ), while in case of gains, although statistically
significant, is still very small.
15

SHIW surveys are conducted in the first semester following the reference year, thus
already allowing households to have some time to update their knowledge.
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Table 3: Robustness
Dependent variable

real loss real loss once per lagged
family
prices
(1)
(2)
(3)
(4)

Predicted price

2010

2012

2014

2016

(5)

(6)

(7)

(8)

recently polynomial
bought
(9)
(10)

0.962*** 0.962*** 0.972*** 0.973*** 0.918*** 0.972*** 0.985*** 0.972*** 0.929*** 0.972***
(0.018) (0.018) (0.020) (0.021) (0.030) (0.033) (0.032) (0.031) (0.025)
(0.018)

real reference
dependence

0.030
(0.035)

real loss
aversion

0.035
(0.036)

0.762*** 0.584***
(0.048) (0.121)

reference dependence

0.061*
(0.036)

loss aversion

0.061*
(0.036)

0.090
(0.067)

0.006
(0.051)

-0.006
(0.049)

0.015
(0.056)

0.051
(0.052)

0.146***
(0.040)

0.228* 0.879*** 0.880*** 0.842*** 1.024*** 1.023*** 0.681*** 0.934*** 0.616***
(0.134) (0.062) (0.062) (0.107) (0.106) (0.099) (0.114) (0.070)
(0.075)

LTV > 70%

0.021
(0.015)

unobserved quality

0.022
(0.015)

0.028
(0.019)

0.028
(0.019)

-0.016
(0.048)

0.089** 0.093**
(0.043) (0.046)

0.021
(0.049)

0.007
(0.018)

0.025
(0.015)

0.154*** 0.153*** 0.138*** 0.137*** 0.171** 0.151*** 0.143*** 0.177*** 0.159*** 0.217***
(0.035) (0.035) (0.033) (0.034) (0.070) (0.049) (0.048) (0.059) (0.050)
(0.043)

years since last sale
Observations
R2
Household
characteristics (1)

-0.001
(0.002)

-0.000
(0.002)

0.002
(0.002)

0.002
(0.002)

0.008
(0.005)

4525
0.713
yes

4525
0.713
yes

2932
0.721
yes

2932
0.721
yes

717
0.794
yes

0.008** 0.008**
(0.004) (0.003)
886
0.715
yes

889
0.738
yes

0.001 0.019***
(0.003) (0.005)
813
0.731
yes

2098
0.732
yes

0.005**
(0.002)
4525
0.718
yes

Source: Survey of Household Income and Wealth (2004-2016); transactions come from the Italian Revenue Agency.
Notes: Standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. Robust standard errors clustered at the household level. (1) Households
characteristics are: loan to value dummy (LTV = 1 if LTV >70%), log of the years of schooling, log of real income, log of real wealth, household
size (number of members), class of size of the municipality, class of age of the homeowner, macro-region dummy, and years since last sale.

7

Heterogeneity

One advantage of using survey data is the rich information set we have on
households social and economic characteristics. In this section we explore
whether loss aversion is heterogeneous across groups of homeowners according to their observable characteristics. To do so we interact our proxy of loss
s
aversion (|Pit−k
− P̂it |+ in equation (3)) with a set of discretized household’s
16
characteristics.
16

Each one of the household’s characteristics which are in turn interacted with the
proxy for loss aversion also enter the regression equation directly. Overall households
characteristics which we add as linear controls are: loan to value dummy (LTV = 1 if
LTV >70%), income top 75% (=1 if real income > fourth quartile of real income), real
income, wealth top 75% (=1 if real wealth > fourth quartile of real wealth), real income,
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Broadly speaking, we are interested in heterogeneity along two dimensions, preferences and economic constraints. Our idea is that agents can be
more reluctant to downward revise their price evaluation for two reasons,
one is that their preferences might be characterized to a different extent by
a cognitive bias, the other is that they can be more or less constrained by
their budget. The former case does not need further explanation, while in
the latter the ideas is that being budget constrained may amplify the cognitive bias leading to loss aversion. In particular, if the value of the loss an
agent records when the market evaluation falls below the reference price is
large with respect to her income flow or her overall wealth it is likely the
she will be more reluctant to put the asset on the market thus realizing the
loss. The revisions of her valuation of asset will thus lag behind those of
the market. Being more or less well-off might thus hamper or magnify the
cognitive bias of loss averse agents. Furthermore, as pointed out beforehand,
significant outstanding debt on property may be a relevant driver of pricing
decisions in case of market value losses. The effect of loan to value (LTV)
on the main dwelling on its reservation price has been found by Genesove
and Mayer (1997), and attributed to the squeezing of the net equity, which
impairs the ability to switch to another home. In this regard, we add to
this analysis by assessing the role of overall household economic conditions,
namely overall wealth and income. These variables are arguably correlated
with LTV, and thus could be the omitted variables behind findings on LTV
interaction with loss.
Regarding the heterogeneity in loss aversion related to heterogeneous
preferences we wonder whether the level of education plays a role and provides agents with instruments shielding them from this cognitive bias. Other
dimensions of heterogeneity we explore are householder age and geographic
location (North vs. South of Italy and urban vs. non urban one).
While we cannot attribute strict causality to these controls, we still think
that such analysis may provide us a few insights about loss aversion. Table
4 reports our results.
Column (1) introduces the interaction between loss aversion and a dummy
which takes value 1 if loan to value (LTV) ratio of the property exceed a
threshold level that we set at 70%.17 Loss aversion is mildly higher for
owners whose LTV exceeds 70% and the others, but such different is not
statistically significant, meaning that this kind of financial constraint seems
to play at most a very limited role.18 Column (2) introduces the interaction
high school diploma attainment (=1 if the individual attained the high school diploma),
college graduate (=1 if college graduate), age, age above median (=1 if age > median
age), urban (=1 id individual lives in a urban area), South (=1 if individual lives in one
of Italian southern regions).
17
Stein(1995) set it at 80%, while we choose to include a larger share of households
among in the ”high-debt” dummy. Nevertheless, results holds within the 60-80% span.
18
The presence of heterogeneous effects of the reference price on the homeowner’s eval-
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between loss aversion and a dummy which takes value 1 if the homeowner is
in the top quartile of the income distribution. Better off homeowners show
to be less affected by loss aversion: they are less prone to bias the evaluation
of their property toward the price they paid when the market evaluation of
a similar property has reduced than a comparable homeowner whose income
is below the top quartile of the income distribution. Nevertheless, even for
them we find a very high loss aversion coefficient, around 0.75.

Column (3) checks a similar kind of heterogeneity, testing whether being
in the top quartile of the wealth distribution affects loss aversion differently
than being in the lower quartiles of the same distribution. Not surprisingly
richer homeowners are less affected by loss aversion and the coefficient is
similar in magnitude and precision with respect to the interaction of loss
with the top quartile of the income distribution: being well off makes a
difference for what loss aversion is concerned, but being well off because of
income or wealth does not make any difference.
Column (4) introduces two interactions of loss aversion with a proxy
for school attainment. The first one interacts loss aversion with a dummy
which takes value 1 if the homeowner as attained a high school diploma;
the second one interacts loss aversion with a dummy which takes value 1 if
the homeowner is a college graduate. While having attained a high school
diploma does not change loss aversion with respect to non having attained
it, being a college graduate is associated with lower loss aversion: more
educated homeowners are less prone to keep the price they paid for their
property as a reference for its actual value. Similarly loss aversion is smaller
for older homeowners, as column (5) documents. Whether the cognitive bias
connected with loss aversion be larger or smaller for the elders is debatable,
older people in Italy are certainly on average less financial constrained than
younger ones, have on average larger wealth and are more likely to lie in the
rightward part of the income distribution.
Column (6) introduces an interaction with urban residence, which we
may regard as a proxy for thicker housing markets, where prices might be
more elastic. Nevertheless, loss aversion does not seem to be affected by this
characteristic.
Finally, column (7) introduces an interaction with a dummy which takes
value 1 if the homeowner is resident in a Southern region. Such homeowners
show to be more loss averse than homeowners in regions of the Center of of
the North of Italy.
The variables with which we interacted our main regressor are expected
uation has been checked also by splitting the sample into a sample with LTV ≤ 70% and
a sample with LTV > 70% and results are qualitatively the same. Also the remaining heterogeneous effects estimated in column (2)–(8) have been checked by splitting the sample
and all results hold by and large unchanged.
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Table 4: Heterogeneous effects

Predicted price (α)
reference
dependence (β1 )
loss aversion (β2 )
unobserved quality (β3 )
years since sale
LTV>70%
loss aversion X
LTV>70%
loss aversion X
income top 75%
loss aversion X
wealth top 75%
loss aversion X high school
diploma attainment
loss aversion
college graduate
loss aversion X
age above median
loss aversion X urban

(1)

(2)

(3)

(4)

(5)

(6)

(7)

(8)

(9)

0.959***
(0.018)
0.058*
(0.035)
0.873***
(0.058)
0.148***
(0.035)
0.004*
(0.002)
0.017
(0.017)
0.145
(0.105)

0.958***
(0.018)
0.056
(0.035)
0.972***
(0.062)
0.147***
(0.035)
0.004*
(0.002)
0.022
(0.015)

0.947***
(0.019)
0.060*
(0.034)
1.002***
(0.074)
0.138***
(0.035)
0.004*
(0.002)
0.022
(0.015)

0.958***
(0.018)
0.054
(0.035)
0.940***
(0.086)
0.149***
(0.035)
0.003
(0.002)
0.019
(0.016)

0.960***
(0.018)
0.059*
(0.035)
0.991***
(0.065)
0.148***
(0.035)
0.004*
(0.002)
0.022
(0.016)

0.961***
(0.018)
0.056
(0.035)
0.906***
(0.066)
0.148***
(0.035)
0.004*
(0.002)
0.022
(0.016)

0.958***
(0.018)
0.056
(0.035)
0.847***
(0.059)
0.148***
(0.035)
0.004*
(0.002)
0.022
(0.016)

0.947***
(0.019)
0.060*
(0.031)
0.994***
(0.084)
0.138***
(0.035)
(0.004*)
(0.002)
0.021
(0.017)
0.048
(0.115)

0.945***
(0.019)
0.058*
(0.031)
1.085***
(0.101)
0.139***
(0.035)
(0.004*)
(0.002)
0.021
(0.015)

-0.224**
(0.088)

-0.030
(0.100)
-0.257*** -0.168*
(0.091) (0.096)
0.027
(0.096)
-0.164
(0.107)
-0.184**
(0.085)

-0.265***
(0.084)
0.041
(0.106)
-0.189*
(0.105)
-0.192**
(0.082)
-0.066
(0.086)

loss aversion X South
Household characteristics (1)
P-value of main effect
+ interaction
Observations
R2

yes

yes

yes

yes

yes

yes

0.225**
(0.094)
yes

0.000

0.000

0.000

0.000

0.000

0.000

0.000

4525
0.712

4525
0.712

4525
0.713

4525
0.713

4525
0.712

4525
0.712

4525
0.712

yes

0.172
(0.108)
yes

4525
0.713

4525
0.714

Source: Survey of Household Income and Wealth (2004-2016); transactions come from the Italian Revenue Agency.
Notes: Standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. Robust standard errors clustered at the household level. (1)
Households characteristics are: loan to value dummy (LTV = 1 if LTV >70%), log of the years of schooling, log of real income, log of
real wealth, household size (number of members), class of size of the municipality, class of age of the homeowner, macro-region dummy,
and years since last sale.

to be correlated, therefore it is worth checking whether there is among them
some relevant single predictive factor.
In column (8) we test jointly for heterogeneity in LTV and wealth, as we
22

expect the need to raise debt to buy a dwelling is negatively associated to
wealth. It is noteworthy that the coefficient of LTV interaction, falls from
0.145 to 0.05 respect to column (1). In our opinion, this may raise doubts
about the nexus between LTV and downward sticky reservation prices found
by Genesove and Mayer (1997) and Anenberg (2011): the proper driver of
this association could be not so much the magnitude of the loan but rather
household overall economic conditions.
Column (9) introduces jointly all the interaction which, taken individually, we have found to be statistically significant. Results are qualitatively
unchanged, but the significance of the estimates is lower. In particular,
wealth appears as a rather robust covariate in explaining loss aversion coefficient. Age above the median remains negative and significant and the
Southern location loses both in magnitude and precision, both reflecting
correlation with wealth.
All in all, our results on heterogeneity provide a picture of loss aversion
as a general feature which is mildly hampered by wealth and education.
Heterogeneity is low across groups of agents and loss aversion is strong
besides demographic, socio-cultural and economic characteristics.

8

Concluding remarks

In this paper we test the existence of reference dependence between the purchase price and the homeowner’s evaluation of her dwelling. We find strong
evidence of it in case of estimated loss. We deem that this finding can
explain downward price rigidity in housing markets, an hypothesis which
is suggested by a set of stylized facts. According to our results, this relationship is conditional both on observed and unobserved estimated housing
characteristics. Loss aversion estimated elasticities are within the 0.9-1.0
range, and still above 0.7 even within the least loss averse demographic
groups.
It might worth to add a few words about external validity. Our data
and empirical strategy allow to test for recently bought primarily dwellings,
but the potential case for housing loss aversion is much larger. First, our
educated guess is that findings would be qualitatively confirmed also on
other residential and commercial estates. For instance, Bokhari and Geltner
(2011) show how loss aversion in commercial housing is of similar magnitude
to the one in dwellings. Second, as Tversky and Kahneman (1991) point out,
the “reference point” is not necessarily or only the previous buying price,
but could be other points, or a linear combination of them. It is plausible
to think for instance that, as reference dependence on previous buying price
decays, an alternative reference points rise out, like an average of market
prices in the last years.
Housing market plays a major mediating role of local economic shocks.
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Since Roback (1982) housing supply rigidities have been found to hinder the
translation of positive shocks into actual economic growth. On the other
hand, after economic downturns, troubles may stem from rigidities of prices
rather than quantities. Indeed, downward price elasticity would mitigate
negative shocks on economic activity, as cheaper renting costs for workers
and firms could attenuate decreases in local competitiveness. Our analysis suggests that homeowners could be very reluctant to adjust reservation
prices below their previous sale prices. Therefore, after a negative shock
in housing demand, the share of homeowners in expected loss might rather
keep their real assets idle rather than selling it below their reference price.
Higher resulting vacancy rates could thus yield housing shortages even under
a wide potentially available housing stock. Overall, loss aversion preferences
would then imply, ceteris paribus, that a negative economic shock would
generate a stronger decrease in the economic activity and a lower housing
price contraction respect to standard preferences case.
Generally speaking, urban planning faces a relevant trade-off between
housing availability and land use externalities. That is particularly binding
in highly populated countries like Italy. A higher use of existing housing
stock would thus allow for a more efficient trade-off between these two policy
objectives. Mechanics like the documented loss aversion could thus explain
a large share of increase in housing vacancy rate occurring during economic
downturns.
Behind its economic implication, we believe our findings are a useful
caveat for research based on real wealth data assessed from household surveys, pointing to a potential source of bias.
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Johnson, E. J., Gächter, S., and Herrmann, A. (2006). Exploring the Nature
of Loss Aversion. IZA Discussion Papers 2015, Institute for the Study of
Labor (IZA).
Leung, T. C. and Tsang, K. P. (2013a). Anchoring and loss aversion in
the housing market: Implications on price dynamics. China Economic
Review, 24(C):42–54.
Leung, T. C. and Tsang, K. P. (2013b). Can Anchoring and Loss Aversion
Explain the Predictability of Housing Prices? Pacific Economic Review,
18(1):41–59.
Lucas, Robert E, J. (1978). Asset Prices in an Exchange Economy. Econometrica, 46(6):1429–45.
Ngai, L. R. and Tenreyro, S. (2014). Hot and cold seasons in the housing
market. American Economic Review, 104(12):3991–4026.
Odean, T. (1998). Are investors reluctant to realize their losses?
Journal of Finance, 53(5):1775–1798.

The

Roback, J. (1982). Wages, rents, and the quality of life. Journal of Political
Economy, 90(6):1257–78.
Shefrin, H. and Statman, M. (1985). The disposition to sell winners too early
and ride losers too long: Theory and evidence. The Journal of Finance,
40(3):777–790.
Stein, J. C. (1995). Prices and trading volume in the housing market: A
model with down-payment effects. The Quarterly Journal of Economics,
110(2):379–406.
Tsai, I.-C. (2013). The asymmetric impacts of monetary policy on housing prices: A viewpoint of housing price rigidity. Economic Modelling,
31(C):405–413.
Tversky, A. and Kahneman, D. (1991). Loss aversion in riskless choice:
A reference-dependent model. The Quarterly Journal of Economics,
106(4):1039–1061.
Westerfeld, S., Wullschleger, B., and Gantenbein, P. (2014). Proceedings of
the Second International Conference on Credit Analysis and Risk Management. Cambridge Scholars Publisher.
Wheaton, W. C. (1990). Vacancy, Search, and Prices in a Housing Market
Matching Model. Journal of Political Economy, 98(6):1270–92.

26

RECENTLY PUBLISHED “TEMI” (*)
N. 1223 – The international transmission of US tax shocks: a proxy-SVAR approach, by Luca
Metelli and Filippo Natoli (June 2019).
N. 1224 – Forecasting inflation in the euro area: countries matter!, by Angela Capolongo and
Claudia Pacella (June 2019).
N. 1225 – Domestic and global determinants of inflation: evidence from expectile regression,
by Fabio Busetti, Michele Caivano and Davide Delle Monache (June 2019).
N. 1226 – Relative price dynamics in the Euro area: where do we stand?, by Pietro Cova and
Lisa Rodano (June 2019).
N. 1227 – Optimally solving banks’ legacy problems, by Anatoli Segura and Javier Suarez
(June 2019).
N. 1228 – Il mercato degli affitti nelle città italiane: un’analisi basata sugli annunci online,
di Michele Loberto (Luglio 2019).
N. 1229 – Using credit variables to date business cycle and to estimate the probabilities of
recession in real time, by Valentina Aprigliano and Danilo Liberati (July 2019).
N. 1230 – Disinflationary shocks and inflation target uncertainty, by Stefano Neri and Tiziano
Ropele (July 2019).
N. 1231 – Exchange rate dynamics and unconventional monetary policies: it’s all in the
shadows, by Andrea De Polis and Mario Pietrunti (July 2019).
N. 1232 – Risky bank guarantees, by Taneli Mäkinen, Lucio Sarno and Gabriele Zinna (July
2019).
N. 1233 – News and consumer card payments, by Guerino Ardizzi, Simone Emiliozzi, Juri
Marcucci and Libero Monteforte (October 2019).
N. 1234 – Forecasting with instabilities: an application to DSGE models with Financial
Frictions, by Roberta Cardani, Alessia Paccagnini and Stefania Villa (October
2019).
N. 1235 – The real effects of ‘ndrangheta: firm-level evidence, by Litterio Mirenda, Sauro
Mocetti and Lucia Rizzica (October 2019).
N. 1236 – Forward-looking effective tax rates in the banking sector, by Ernesto Zangari and
Elena Pisano (October 2019).
N. 1237 – A profit elasticity approach to measure banking competition in Italian credit
markets, by Michele Benvenuti and Silvia Del Prete (October 2019).
N. 1238 – What do almost 20 years of micro data and two crises say about the relationship
between central bank and interbank market liquidity? Evidence from Italy, by
Massimiliano Affinito (October 2019).
N. 1239 – Bank credit, liquidity and firm-level investment: are recessions different?, by Ines
Buono and Sara Formai (October 2019).
N. 1240 – Youth drain, entrepreneurship and innovation, by Massimo Anelli, Gaetano Basso,
Giuseppe Ippedico and Giovanni Peri (October 2019).
N. 1241 – Fiscal devaluation and labour market frictions in a monetary union, by Lorenzo
Burlon, Alessandro Notarpietro and Massimiliano Pisani (October 2019).
N. 1242 – Financial conditions and growth at risk in Italy, by Piergiorgio Alessandri,
Leonardo Del Vecchio and Arianna Miglietta (October 2019).

(*) Requests for copies should be sent to:
Banca d’Italia – Servizio Studi di struttura economica e finanziaria – Divisione Biblioteca e Archivio storico – Via
Nazionale, 91 – 00184 Rome – (fax 0039 06 47922059). They are available on the Internet www.bancaditalia.it.

"TEMI" LATER PUBLISHED ELSEWHERE

2017
AABERGE, R., F. BOURGUIGNON, A. BRANDOLINI, F. FERREIRA, J. GORNICK, J. HILLS, M. JÄNTTI, S.
JENKINS, J. MICKLEWRIGHT, E. MARLIER, B. NOLAN, T. PIKETTY, W. RADERMACHER, T. SMEEDING,
N. STERN, J. STIGLITZ, H. SUTHERLAND, Tony Atkinson and his legacy, Review of Income and
Wealth, v. 63, 3, pp. 411-444, WP 1138 (September 2017).
ACCETTURO A., M. BUGAMELLI and A. LAMORGESE, Law enforcement and political participation: Italy
1861-65, Journal of Economic Behavior & Organization, v. 140, pp. 224-245, WP 1124 (July 2017).
ADAMOPOULOU A. and G.M. TANZI, Academic dropout and the great recession, Journal of Human Capital,
V. 11, 1, pp. 35–71, WP 970 (October 2014).
ALBERTAZZI U., M. BOTTERO and G. SENE, Information externalities in the credit market and the spell of
credit rationing, Journal of Financial Intermediation, v. 30, pp. 61–70, WP 980 (November 2014).
ALESSANDRI P. and H. MUMTAZ, Financial indicators and density forecasts for US output and inflation,
Review of Economic Dynamics, v. 24, pp. 66-78, WP 977 (November 2014).
BARBIERI G., C. ROSSETTI and P. SESTITO, Teacher motivation and student learning, Politica
economica/Journal of Economic Policy, v. 33, 1, pp.59-72, WP 761 (June 2010).
BENTIVOGLI C. and M. LITTERIO, Foreign ownership and performance: evidence from a panel of Italian
firms, International Journal of the Economics of Business, v. 24, 3, pp. 251-273, WP 1085
(October 2016).
BRONZINI R. and A. D’IGNAZIO, Bank internationalisation and firm exports: evidence from matched firmbank data, Review of International Economics, v. 25, 3, pp. 476-499 WP 1055 (March 2016).
BRUCHE M. and A. SEGURA, Debt maturity and the liquidity of secondary debt markets, Journal of
Financial Economics, v. 124, 3, pp. 599-613, WP 1049 (January 2016).
BURLON L., Public expenditure distribution, voting, and growth, Journal of Public Economic Theory,, v.
19, 4, pp. 789–810, WP 961 (April 2014).
BURLON L., A. GERALI, A. NOTARPIETRO and M. PISANI, Macroeconomic effectiveness of non-standard
monetary policy and early exit. a model-based evaluation, International Finance, v. 20, 2, pp.155173, WP 1074 (July 2016).
BUSETTI F., Quantile aggregation of density forecasts, Oxford Bulletin of Economics and Statistics, v. 79,
4, pp. 495-512, WP 979 (November 2014).
CESARONI T. and S. IEZZI, The predictive content of business survey indicators: evidence from SIGE,
Journal of Business Cycle Research, v.13, 1, pp 75–104, WP 1031 (October 2015).
CONTI P., D. MARELLA and A. NERI, Statistical matching and uncertainty analysis in combining household
income and expenditure data, Statistical Methods & Applications, v. 26, 3, pp 485–505, WP 1018
(July 2015).
D’AMURI F., Monitoring and disincentives in containing paid sick leave, Labour Economics, v. 49, pp. 7483, WP 787 (January 2011).
D’AMURI F. and J. MARCUCCI, The predictive power of google searches in forecasting unemployment,
International Journal of Forecasting, v. 33, 4, pp. 801-816, WP 891 (November 2012).
DE BLASIO G. and S. POY, The impact of local minimum wages on employment: evidence from Italy in the
1950s, Journal of Regional Science, v. 57, 1, pp. 48-74, WP 953 (March 2014).
DEL GIOVANE P., A. NOBILI and F. M. SIGNORETTI, Assessing the sources of credit supply tightening: was
the sovereign debt crisis different from Lehman?, International Journal of Central Banking, v. 13,
2, pp. 197-234, WP 942 (November 2013).
DEL PRETE S., M. PAGNINI, P. ROSSI and V. VACCA, Lending organization and credit supply during the
2008–2009 crisis, Economic Notes, v. 46, 2, pp. 207–236, WP 1108 (April 2017).
DELLE MONACHE D. and I. PETRELLA, Adaptive models and heavy tails with an application to inflation
forecasting, International Journal of Forecasting, v. 33, 2, pp. 482-501, WP 1052 (March 2016).
FEDERICO S. and E. TOSTI, Exporters and importers of services: firm-level evidence on Italy, The World
Economy, v. 40, 10, pp. 2078-2096, WP 877 (September 2012).
GIACOMELLI S. and C. MENON, Does weak contract enforcement affect firm size? Evidence from the
neighbour's court, Journal of Economic Geography, v. 17, 6, pp. 1251-1282, WP 898 (January 2013).
LOBERTO M. and C. PERRICONE, Does trend inflation make a difference?, Economic Modelling, v. 61, pp.
351–375, WP 1033 (October 2015).

"TEMI" LATER PUBLISHED ELSEWHERE

MANCINI A.L., C. MONFARDINI and S. PASQUA, Is a good example the best sermon? Children’s imitation
of parental reading, Review of Economics of the Household, v. 15, 3, pp 965–993, WP No. 958
(April 2014).
MEEKS R., B. NELSON and P. ALESSANDRI, Shadow banks and macroeconomic instability, Journal of
Money, Credit and Banking, v. 49, 7, pp. 1483–1516, WP 939 (November 2013).
MICUCCI G. and P. ROSSI, Debt restructuring and the role of banks’ organizational structure and lending
technologies, Journal of Financial Services Research, v. 51, 3, pp 339–361, WP 763 (June 2010).
MOCETTI S., M. PAGNINI and E. SETTE, Information technology and banking organization, Journal of
Journal of Financial Services Research, v. 51, pp. 313-338, WP 752 (March 2010).
MOCETTI S. and E. VIVIANO, Looking behind mortgage delinquencies, Journal of Banking & Finance, v. 75,
pp. 53-63, WP 999 (January 2015).
NOBILI A. and F. ZOLLINO, A structural model for the housing and credit market in Italy, Journal of
Housing Economics, v. 36, pp. 73-87, WP 887 (October 2012).
PALAZZO F., Search costs and the severity of adverse selection, Research in Economics, v. 71, 1, pp. 171197, WP 1073 (July 2016).
PATACCHINI E. and E. RAINONE, Social ties and the demand for financial services, Journal of Financial
Services Research, v. 52, 1–2, pp 35–88, WP 1115 (June 2017).
PATACCHINI E., E. RAINONE and Y. ZENOU, Heterogeneous peer effects in education, Journal of Economic
Behavior & Organization, v. 134, pp. 190–227, WP 1048 (January 2016).
SBRANA G., A. SILVESTRINI and F. VENDITTI, Short-term inflation forecasting: the M.E.T.A. approach,
International Journal of Forecasting, v. 33, 4, pp. 1065-1081, WP 1016 (June 2015).
SEGURA A. and J. SUAREZ, How excessive is banks' maturity transformation?, Review of Financial
Studies, v. 30, 10, pp. 3538–3580, WP 1065 (April 2016).
VACCA V., An unexpected crisis? Looking at pricing effectiveness of heterogeneous banks, Economic
Notes, v. 46, 2, pp. 171–206, WP 814 (July 2011).
VERGARA CAFFARELI F., One-way flow networks with decreasing returns to linking, Dynamic Games and
Applications, v. 7, 2, pp. 323-345, WP 734 (November 2009).
ZAGHINI A., A Tale of fragmentation: corporate funding in the euro-area bond market, International
Review of Financial Analysis, v. 49, pp. 59-68, WP 1104 (February 2017).

2018
ACCETTURO A., V. DI GIACINTO, G. MICUCCI and M. PAGNINI, Geography, productivity and trade: does
selection explain why some locations are more productive than others?, Journal of Regional
Science, v. 58, 5, pp. 949-979, WP 910 (April 2013).
ADAMOPOULOU A. and E. KAYA, Young adults living with their parents and the influence of peers, Oxford
Bulletin of Economics and Statistics,v. 80, pp. 689-713, WP 1038 (November 2015).
ANDINI M., E. CIANI, G. DE BLASIO, A. D’IGNAZIO and V. SILVESTRINI, Targeting with machine learning:
an application to a tax rebate program in Italy, Journal of Economic Behavior & Organization, v.
156, pp. 86-102, WP 1158 (December 2017).
BARONE G., G. DE BLASIO and S. MOCETTI, The real effects of credit crunch in the great recession: evidence
from Italian provinces, Regional Science and Urban Economics, v. 70, pp. 352-59, WP 1057 (March
2016).
BELOTTI F. and G. ILARDI Consistent inference in fixed-effects stochastic frontier models, Journal of
Econometrics, v. 202, 2, pp. 161-177, WP 1147 (October 2017).
BERTON F., S. MOCETTI, A. PRESBITERO and M. RICHIARDI, Banks, firms, and jobs, Review of Financial
Studies, v.31, 6, pp. 2113-2156, WP 1097 (February 2017).
BOFONDI M., L. CARPINELLI and E. SETTE, Credit supply during a sovereign debt crisis, Journal of the
European Economic Association, v.16, 3, pp. 696-729, WP 909 (April 2013).
BOKAN N., A. GERALI, S. GOMES, P. JACQUINOT and M. PISANI, EAGLE-FLI: a macroeconomic model of
banking and financial interdependence in the euro area, Economic Modelling, v. 69, C, pp. 249280, WP 1064 (April 2016).

"TEMI" LATER PUBLISHED ELSEWHERE

BRILLI Y. and M. TONELLO, Does increasing compulsory education reduce or displace adolescent crime?
New evidence from administrative and victimization data, CESifo Economic Studies, v. 64, 1, pp.
15–4, WP 1008 (April 2015).
BUONO I. and S. FORMAI The heterogeneous response of domestic sales and exports to bank credit shocks,
Journal of International Economics, v. 113, pp. 55-73, WP 1066 (March 2018).
BURLON L., A. GERALI, A. NOTARPIETRO and M. PISANI, Non-standard monetary policy, asset prices and
macroprudential policy in a monetary union, Journal of International Money and Finance, v. 88,
pp. 25-53, WP 1089 (October 2016).
CARTA F. and M. DE PHLIPPIS, You've Come a long way, baby. Husbands' commuting time and family labour
supply, Regional Science and Urban Economics, v. 69, pp. 25-37, WP 1003 (March 2015).
CARTA F. and L. RIZZICA, Early kindergarten, maternal labor supply and children's outcomes: evidence
from Italy, Journal of Public Economics, v. 158, pp. 79-102, WP 1030 (October 2015).
CASIRAGHI M., E. GAIOTTI, L. RODANO and A. SECCHI, A “Reverse Robin Hood”? The distributional
implications of non-standard monetary policy for Italian households, Journal of International
Money and Finance, v. 85, pp. 215-235, WP 1077 (July 2016).
CECCHETTI S., F. NATOLI and L. SIGALOTTI, Tail co-movement in inflation expectations as an indicator of
anchoring, International Journal of Central Banking, v. 14, 1, pp. 35-71, WP 1025 (July 2015).
CIANI E. and C. DEIANA, No Free lunch, buddy: housing transfers and informal care later in life, Review
of Economics of the Household, v.16, 4, pp. 971-1001, WP 1117 (June 2017).
CIPRIANI M., A. GUARINO, G. GUAZZAROTTI, F. TAGLIATI and S. FISHER, Informational contagion in the
laboratory, Review of Finance, v. 22, 3, pp. 877-904, WP 1063 (April 2016).
DE BLASIO G, S. DE MITRI, S. D’IGNAZIO, P. FINALDI RUSSO and L. STOPPANI, Public guarantees to SME
borrowing. A RDD evaluation, Journal of Banking & Finance, v. 96, pp. 73-86, WP 1111 (April
2017).
GERALI A., A. LOCARNO, A. NOTARPIETRO and M. PISANI, The sovereign crisis and Italy's potential output,
Journal of Policy Modeling, v. 40, 2, pp. 418-433, WP 1010 (June 2015).
LIBERATI D., An estimated DSGE model with search and matching frictions in the credit market,
International Journal of Monetary Economics and Finance (IJMEF), v. 11, 6, pp. 567-617, WP
986 (November 2014).
LINARELLO A., Direct and indirect effects of trade liberalization: evidence from Chile, Journal of
Development Economics, v. 134, pp. 160-175, WP 994 (December 2014).
NUCCI F. and M. RIGGI, Labor force participation, wage rigidities, and inflation, Journal of
Macroeconomics, v. 55, 3 pp. 274-292, WP 1054 (March 2016).
RIGON M. and F. ZANETTI, Optimal monetary policy and fiscal policy interaction in a non_ricardian
economy, International Journal of Central Banking, v. 14 3, pp. 389-436, WP 1155 (December
2017).
SEGURA A., Why did sponsor banks rescue their SIVs?, Review of Finance, v. 22, 2, pp. 661-697, WP
1100 (February 2017).

2019
ALBANESE G., M. CIOFFI and P. TOMMASINO, Legislators' behaviour and electoral rules: evidence from an
Italian reform, European Journal of Political Economy, v. 59, pp. 423-444, WP 1135 (September
2017).
ARNAUDO D., G. MICUCCI, M. RIGON and P. ROSSI, Should I stay or should I go? Firms’ mobility across
banks in the aftermath of the financial crisis, Italian Economic Journal / Rivista italiana degli
economisti, v. 5, 1, pp. 17-37, WP 1086 (October 2016).
BASSO G., F. D’AMURI and G. PERI, Immigrants, labor market dynamics and adjustment to shocks in the
euro area, IMF Economic Review, v. 67, 3, pp. 528-572, WP 1195 (November 2018).
BUSETTI F. and M. CAIVANO, Low frequency drivers of the real interest rate: empirical evidence for
advanced economies, International Finance, v. 22, 2, pp. 171-185, WP 1132 (September 2017).
CAPPELLETTI G., G. GUAZZAROTTI and P. TOMMASINO, Tax deferral and mutual fund inflows: evidence
from a quasi-natural experiment, Fiscal Studies, v. 40, 2, pp. 211-237, WP 938 (November 2013).

"TEMI" LATER PUBLISHED ELSEWHERE

CARDANI R., A. PACCAGNINI and S. VILLA, Forecasting with instabilities: an application to DSGE models
with financial frictions, Journal of Macroeconomics, v. 61, WP 1234 (September 2019).
CIANI E., F. DAVID and G. DE BLASIO, Local responses to labor demand shocks: a re-assessment of the
case of Italy, Regional Science and Urban Economics, v. 75, pp. 1-21, WP 1112 (April 2017).
CIANI E. and P. FISHER, Dif-in-dif estimators of multiplicative treatment effects, Journal of Econometric
Methods, v. 8. 1, pp. 1-10, WP 985 (November 2014).
CHIADES P., L. GRECO, V. MENGOTTO, L. MORETTI and P. VALBONESI, Fiscal consolidation by
intergovernmental transfers cuts? The unpleasant effect on expenditure arrears, Economic
Modelling, v. 77, pp. 266-275, WP 985 (July 2016).
COLETTA M., R. DE BONIS and S. PIERMATTEI, Household debt in OECD countries: the role of supply-side
and demand-side factors, Social Indicators Research, v. 143, 3, pp. 1185–1217, WP 989
(November 2014).
COVA P., P. PAGANO and M. PISANI, Domestic and international effects of the Eurosystem Expanded Asset
Purchase Programme, IMF Economic Review, v. 67, 2, pp. 315-348, WP 1036 (October 2015).
GIORDANO C., M. MARINUCCI and A. SILVESTRINI, The macro determinants of firms' and households'
investment: evidence from Italy, Economic Modelling, v. 78, pp. 118-133, WP 1167 (March 2018).
GOMELLINI M., D. PELLEGRINO and F. GIFFONI, Human capital and urban growth in Italy,1981-2001,
Review of Urban & Regional Development Studies, v. 31, 2, pp. 77-101, WP 1127 (July 2017).
MAGRI S, Are lenders using risk-based pricing in the Italian consumer loan market? The effect of the 2008
crisis, Journal of Credit Risk, v. 15, 1, pp. 27-65, WP 1164 (January 2018).
MIGLIETTA A, C. PICILLO and M. PIETRUNTI, The impact of margin policies on the Italian repo market,
The North American Journal of Economics and Finance, v. 50, WP 1028 (October 2015).
MONTEFORTE L. and V. RAPONI, Short-term forecasts of economic activity: are fortnightly factors useful?,
Journal of Forecasting, v. 38, 3, pp. 207-221, WP 1177 (June 2018).
MERCATANTI A., T. MAKINEN and A. SILVESTRINI, The role of financial factors for european corporate
investment, Journal of International Money and Finance, v. 96, pp. 246-258, WP 1148 (October 2017).
NERI S. and A. NOTARPIETRO, Collateral constraints, the zero lower bound, and the debt–deflation
mechanism, Economics Letters, v. 174, pp. 144-148, WP 1040 (November 2015).
RIGGI M., Capital destruction, jobless recoveries, and the discipline device role of unemployment,
Macroeconomic Dynamics, v. 23, 2, pp. 590-624, WP 871 (July 2012).

FORTHCOMING
ALBANESE G., G. DE BLASIO and P. SESTITO, Trust, risk and time preferences: evidence from survey data,
International Review of Economics, WP 911 (April 2013).
APRIGLIANO V., G. ARDIZZI and L. MONTEFORTE, Using the payment system data to forecast the economic
activity, International Journal of Central Banking, WP 1098 (February 2017).
ARDUINI T., E. PATACCHINI and E. RAINONE, Treatment effects with heterogeneous externalities, Journal of
Business & Economic Statistics, WP 974 (October 2014).
BRONZINI R., G. CARAMELLINO and S. MAGRI, Venture capitalists at work: a Diff-in-Diff approach at latestages of the screening process, Journal of Business Venturing, WP 1131 (September 2017).
BELOTTI F. and G. ILARDI, Consistent inference in fixed-effects stochastic frontier models, Journal of
Econometrics, WP 1147 (October 2017).
CIANI E. and G. DE BLASIO, European structural funds during the crisis: evidence from Southern Italy,
IZA Journal of Labor Policy, WP 1029 (October 2015).
COIBION O., Y. GORODNICHENKO and T. ROPELE, Inflation expectations and firms' decisions: new causal
evidence, Quarterly Journal of Economics, WP 1219 (April 2019).
CORSELLO F. and V. NISPI LANDI, Labor market and financial shocks: a time-varying analysis, Journal of
Money, Credit and Banking, WP 1179 (June 2018).
COVA P., P. PAGANO, A. NOTARPIETRO and M. PISANI, Secular stagnation, R&D, public investment and
monetary policy: a global-model perspective, Macroeconomic Dynamics, WP 1156 (December 2017).

"TEMI" LATER PUBLISHED ELSEWHERE

D’AMURI F., Monitoring and disincentives in containing paid sick leave, Labour Economics, WP 787
(January 2011).
D’IGNAZIO A. and C. MENON, The causal effect of credit Guarantees for SMEs: evidence from Italy,
Scandinavian Journal of Economics, WP 900 (February 2013).
ERCOLANI V. and J. VALLE E AZEVEDO, How can the government spending multiplier be small at the zero
lower bound?, Macroeconomic Dynamics, WP 1174 (April 2018).
FEDERICO S. and E. TOSTI, Exporters and importers of services: firm-level evidence on Italy, The World
Economy, WP 877 (September 2012).
FERRERO G., M. GROSS and S. NERI, On secular stagnation and low interest rates: demography matters,
International Finance, WP 1137 (September 2017).
GERALI A. and S. NERI, Natural rates across the Atlantic, Journal of Macroeconomics, WP 1140
(September 2017).
GIACOMELLI S. and C. MENON, Does weak contract enforcement affect firm size? Evidence from the
neighbour's court, Journal of Economic Geography, WP 898 (January 2013).
LIBERATI D. and M. LOBERTO, Taxation and housing markets with search frictions, Journal of Housing
Economics, WP 1105 (March 2017).
LOSCHIAVO D., Household debt and income inequality: evidence from italian survey data, Review of
Income and Wealth, WP 1095 (January 2017).
NATOLI F. and L. SIGALOTTI, Tail co-movement in inflation expectations as an indicator of anchoring,
International Journal of Central Banking, WP 1025 (July 2015).
PANCRAZI R. and M. PIETRUNTI, Natural expectations and home equity extraction, Journal of Housing
Economics, WP 984 (November 2014).
PEREDA FERNANDEZ S., Teachers and cheaters. Just an anagram?, Journal of Human Capital, WP 1047
(January 2016).
RAINONE E., The network nature of otc interest rates, Journal of Financial Markets, WP 1022 (July 2015).
RIZZICA L., Raising aspirations and higher education. evidence from the UK's widening participation
policy, Journal of Labor Economics, WP 1188 (September 2018).
SEGURA A., Why did sponsor banks rescue their SIVs?, Review of Finance, WP 1100 (February 2017).

