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Abstract 

This paper develops an early warning system for sovereign debt crises, broadly defined 

as episodes of outright default, failure of a country to be current on external obligations and 

substantial access to IMF resources. It estimates a multinomial logit model that makes it 

possible to differentiate between three regimes labelled ‘tranquil’, ‘pre-crisis’ and 

‘adjustment’. The model includes a large set of macroeconomic variables and is able to 

predict, in-sample, 78 per cent of onsets of crisis while sending false alarms in 34 per cent of 

tranquil cases; its out-of-sample performance is very similar, with 70 per cent of entries into 

crisis correctly predicted and 20 per cent of tranquil cases triggering false alarms.  
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1. Introduction 

Emerging market economies have experienced disruptive crises caused by such factors 

as their poorly developed financial systems, volatile macroeconomic policies, weak banking 

systems, high dependence on external capital flows and uncertain growth prospects. 

Accordingly, both the academic and the official sector have endeavoured to develop 

models which are able not only to identify weaknesses and vulnerabilities in emerging 

market economies, but also to send timely and correct signals about the onset of a financial 

crisis, the so-called early warning systems (EWS). 

Most of the EWS models developed so far have tried to signal the onset of currency 

and banking crises, both individually or jointly determined (so-called twin-crises). The 

seminal papers in the field are those by Kaminsky, Lizondo and Reinhart (1998) and by 

Frankel and Rose (1996), while a thorough review of these models can be found in Berg, 

Borensztein and Pattillo (2004). 

Until now, however, little work has been done on ‘debt’ crises, which can be broadly 

defined as episodes of default or failure to be current on external obligations. The period 

since 1994 has witnessed large sovereign and corporate defaults, as well as difficulties in 

servicing foreign-currency debt. 

Currency and debt crises may be generated by common factors, such as unfavourable 

macroeconomic developments, deterioration in external financing conditions (e.g. a sudden 

reduction in capital flows or a sharp rise in their cost) or an increase in the extent of 

international investors’ risk aversion. Nevertheless, currency and debt crises do remain quite 

distinct events, considering that: 

1) The two types of crises are not perfectly correlated, as is shown in Sy Amadou (2003): 

a country may have a currency crisis unaccompanied by a debt crisis, or instead may 

fall into arrears or default on its external debt without any major disruption in the 

exchange rate, as happened in Pakistan in 1999. In a sample of 59 countries for the 

period from 1970 to 1999, Reinhart (2002) reaches similar conclusions: although in 

developing countries there is a strong link between currency crises and default, “… 

currency crises … do not, in about one-half of the cases (even in developing 

countries), necessarily lead to default …”. 

2) It is not clear what the causal relationship should be. In fact, one could expect a sharp 

depreciation of the exchange rate in response to an excessively high growth of the 
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external debt or a rapidly worsening scenario for the country’s financing needs; under 

such a scenario, investors might doubt the government’s ability to face its external 

obligations and therefore start selling off assets denominated in that particular 

currency. 

The literature on the empirical determinants of a debt crisis is quite small compared 

with the large body of theoretical and empirical work on currency and banking crises. A 

broad classification is between models based on the evolution of a particular set of 

macroeconomic variables, that could lead to the build-up of a crisis, and models that extract 

information on the probability of a credit event from financial data and the market prices of 

widely traded financial instruments such as sovereign bonds or, more recently, credit default 

swaps (CDSs). As recognized by the IMF itself (2002), any macro-based model should be 

complemented with information on market expectations extracted from bond spreads as well 

as from CDSs. A detailed description of the above-mentioned categories of EWSs for debt 

crises can be found in Ciarlone and Trebeschi (2004). 

The aim of this paper is to develop an EWS for sovereign debt crises, which are 

broadly defined as episodes of outright default, failure of a country to be current on external 

obligations and substantial access to IMF resources. The EWS is based on a multinomial 

logit which allows for three regimes, labelled ‘tranquil’, ‘pre-crisis’ and ‘adjustment’. The 

model includes a large set of macroeconomic variables and is able to predict, in-sample, 78 

per cent of onsets of crisis while sending false alarms in 34 per cent of tranquil cases; its out-

of-sample performance is very similar, with 70 per cent of entries into crisis correctly 

predicted and 20 per cent of tranquil cases triggering false alarms. 

The paper is organized as follows: section 2 covers the definition of debt crisis, the 

data set and the event study analysis; section 3 presents the econometric specification, i.e. 

the multinomial logit; section 4 concludes. 

2. Definition of Debt Crisis, Data and Event Study Analysis 

In defining a debt crisis, the problem is that the event may take on different forms, 

ranging from an outright default on part or all of the stock of external or public debt, to debt-

servicing difficulties determined more by illiquidity than by insolvency. These increasing 

debt servicing difficulties might well be signalled by the accumulation of interest or 

principal arrears (see Detragiache and Spilimbergo, 2001) or by a worsening of the market 
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evaluation of a country’s creditworthiness, as measured by an increasing spread over US 

bonds or euro-denominated securities (see Pescatori and Sy, 2003). The very recent past has 

also witnessed many instances of outright default being prevented by large aid packages 

provided by the International Financial Institutions (e.g. Turkey in 2001 and Brazil in 2002) 

or by restructuring agreements with the private sector (e.g. Uruguay in 2002). 

In what follows, we will describe the procedure used to define the dependent variable, 

i.e. the occurrence of a debt crisis, the macroeconomic variables that we think may be 

significant in determining such an event and their behaviour before and after the occurrence 

of a crisis. All of this will serve as a necessary background for the econometric analysis 

developed in section 3. 

2.1. A new definition of debt crisis 

Our debt crisis indicator is derived from data provided by the World Bank’s Global 

Development Finance database (GDF), the IMF’s International Financial Statistics database 

(IFS), the Paris Club website and internal sources. 

More precisely, we have defined a debt crisis as an event when at least one of the 

following conditions occurs: 

1) A country has officially declared a moratorium on public or external debt payments, 1 or 

it has signed a debt restructuring or rescheduling agreement with official and/or commercial 

creditors. 2 

2) A country has missed payment of interest and/or principal on external obligations vis-a-

vis official and commercial creditors in an amount of more than 5 per cent of the debt 

service ratio paid by year-end. 3 

                                                           
1
 Data on sovereign defaults are essentially drawn from the database the Bank of Italy uses to run the 

quarterly sovereign risk assessment for Italian banks. 

2
 Information about official debt restructurings has been mainly drawn from the Paris Club web site 

(www.parisclub.org) and the World Bank’s yearly publication Global Development Finance; this is the only 

source of information on commercial debt restructurings. 
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3) A country has accumulated arrears of interest and/or principal on external obligations 

towards official and commercial creditors in an amount of more than 5 per cent of the total 

external debt outstanding by year-end. 4  

4) A country has received large assistance from the IMF, where large is defined as access to 

more than 100 per cent of its relative quota. 5  

This definition includes the whole range of forms that a debt crisis can take: outright 

defaults, potential defaults avoided only thanks to a restructuring/rescheduling of external 

debt or to the interventions by the IFIs, mounting debt-servicing difficulties, possibly leading 

to a missed payment on the country’s external obligations or the accumulation of interest 

and/or principal arrears. 

Table 1 gives the chronology of crises from 1980 to 2002 for 28 emerging market 

economies with significant market access: 6 for each country in the sample, the table shows 

the number of episodes as well as their average length. For the sample as a whole, we found 

44 debt crises with an average length of almost 7 years.  

 

                                                                                                                                                                                   
3
 According to the Bank of Italy’s methodology, missed payment is constructed, first by summing the 

“flow” of interest and/or principal arrears incurred by a country during the year and then by dividing this sum 

by the total debt service effectively paid by year-end. 

4
 Arrears are constructed by first summing the stock of interest and/or principal arrears accumulated by a 

country in subsequent years and then by dividing this sum by the total external debt outstanding at year-end. 

5
 The IMF’s International Financial Statistics (IFS) database hosts information on the country’s position 

in the Fund’s capital (i.e. its quota), on the amount of financial resources agreed in each program (typically 

Stand By Agreement and Extended Fund Facility) and on the amount of financial resources effectively drawn 

by the country. In order to detect a crisis, we take the ratio between the amount effectively drawn and the 

country’s quota in the Fund’s capital. 

6
 In order to construct our sample, we started with the set of 31 emerging market economies included in 

the JPMorgan EMBI Global Diversified. As a second step, four countries (Bulgaria, Cote d’Ivoire, Lebanon 

and Ukraine) that lacked comprehensive macroeconomic time series were dropped while South Korea was 

included. After this second step, the dataset comprised the following 28 countries: Argentina, Brazil, Chile, 

China, Colombia, Dominican Republic, Ecuador, Egypt, El Salvador, Hungary, Indonesia, Korea, Malaysia, 

Mexico, Morocco, Nigeria, Pakistan, Panama, Peru, Philippines, Poland, Russia, South Africa, Thailand, 

Tunisia, Turkey, Uruguay and Venezuela. We also tried to include countries such as the Czech Republic, Hong 

Kong, India and Singapore, but lack of comprehensive macroeconomic data forced us to leave them out. 
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Table 1 

EMERGING MARKET ECONOMIES AND DEBT CRISIS EPISODES, 1980 – 2002 
 

Country Number of crises Years in crisis Average length Crisis episodes 

Argentina 2 15 7.5 1983 – 1995; 2001 - … 

Brazil 2 16 8.0 1983 – 1993; 1998 - … 

Chile 1 8 8.0 1983 – 1990 

China --- --- --- --- 

Colombia 1 1 1.0 1988 

Dominican Rep. 2 19 9.5 1982 – 1999; 2002 - … 

Ecuador 1 18 18.0 1983 – 2000 

Egypt 2 13 6.5 1980 – 1991; 1995 

El Salvador 2 5 2.5 1984; 1989 – 1992 

Hungary --- --- --- --- 

Indonesia 1 6 6.0 1997 - … 

Korea 3 6 2.0 1980 – 1981; 1984; 1997 – 1999 

Malaysia --- --- --- --- 

Mexico 2 13 6.5 1982 – 1992; 1995 – 1996 

Morocco 2 11 5.5 1983 – 1992; 1999 

Nigeria 1 17 17.0 1986 - … 

Pakistan 2 6 3.0 1981 – 1982; 1998 – 2001 

Panama 1 13 13.0 1983 – 1995 

Peru 3 16 5.3 1980; 1983 - 1996; 2000 

Philippines 2 9 4.5 1984 – 1991; 1994 

Poland 1 13 13.0 1981 – 1993 

Russia                 * 1 14 14.0 1989 - … 

South Africa 2 6 3.0 1985 – 1989; 1993 

Thailand 2 4 2.0 1981; 1997 – 1999 

Tunisia 1 1 1.0 1991 

Turkey 2 6 3.0 1980 – 1982; 2000 - … 

Uruguay 3 5 1.7 1983; 1986 - 1988; 2002 - … 

Venezuela 2 12 6.0 1984 – 1994; 1998 

Total 44  6.7  

Sources: authors’ calculations based on IMF and World Bank data. 

* Data prior to 1992 are for the former Soviet Union.  

 

For every country in the sample, Table 2 shows which, among the different factors 

mentioned above, are considered the main determinants of a crisis period.  
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Table 2  

EMERGING MARKET ECONOMIES AND DEBT CRISES’ DETERMINANTS 
 

 
Entry 

into crisis 

Moratoria and 

debt restructurings 
IMF position Missed payments Arrears 

Argentina 1983     

 2001     

Brazil 1983     

 1998     

Chile 1983     

Colombia 1988     

Dominican Republic 1982     

 2002     

Ecuador 1983     

Egypt 1980     

 1995     

El Salvador 1984     

 1989     

Indonesia 1997     

Korea 1980     

 1984     

 1997     

Mexico 1982     

 1995     

Morocco 1983     

 1999     

Nigeria 1986     

Pakistan 1981     

 1998     

Panama 1983     

Peru 1980     

 1983     

 2000     

Philippines 1984     

 1994     

Poland 1981     

Russia 1989     

South Africa 1985     

 1993     

Thailand 1981     

 1997     

Tunisia 1991     

Turkey 1980     

 2000     

Uruguay 1983     

 1986     

 2002     

Venezuela 1984     

 1998     
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2.2. Variables used in the econometric specification 

Our set of independent variables comprises 28 macroeconomic and financial 

indicators, largely drawn from the literature on debt sustainability: essentially, they measure 

the burden of external indebtedness, the resources allocated to servicing it, the country’s 

ability to generate foreign-currency revenues, the external monetary and financial conditions, 

the net capital flows. Table 3, constructed following the suggestions in Manasse et al. 

(2003), gives the mean of each variable in the entire sample, for non-crisis episodes, for the 

year before the onset of a debt crisis, for in-crisis years and for years before a country exits a 

crisis. 7 

As the table shows, all the variables that measure external debt (expressed as a 

percentage either of GDP or of exports) and the flow of resources allocated to its service 

(divided either by exports or by international reserves) clearly worsen in the years leading up 

to a crisis. Those variables are below sample average in non-crisis years, they increase in the 

year preceding a crisis, and most of them continue to rise during the crisis itself, dropping to 

significantly lower levels when a country exits from the negative event. 

The variables that measure the country’s ability to generate foreign-currency revenues 

show the opposite pattern, i.e. they significantly decrease in the years preceding a crisis: this 

is the case of export growth, as well as more general openness to international trade; 

moreover, debt crises are also determined by a sharp reduction in the growth rates of private 

capital flows.  

All the measures of the level of international reserves (scaled to GDP, short-term debt, 

total external debt) show a sharp reduction in the years leading up to a debt crisis, while the 

ratios of short-term debt (scaled to GDP, international reserves and total external debt) 

significantly increase from their levels in tranquil periods. 

 

                                                           
7
 A complete description of all the macroeconomic variables used in the econometric analysis is given in 

Appendix 1.  
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Table 3 

DESCRIPTIVE STATISTICS OF MACROECONOMIC AND FINANCIAL 

VARIABLES 

Variable name 
Sample 

mean 

Non 

crisis 

Before 

crisis 
Crisis 

Before exiting 

crisis 

Central government budget balance / GDP -3.3 -2.9 -3.3 -3.9 -2.9 

Current account balance / GDP -1.9 -2.0 -3.7 -1.9 -1.2 

Current account balance / Short-term debt 
(*)
 -16.7 -18.2 -33.3 -12.3 -19.2 

Export growth rate 7.4 9.4 1.9 5.2 8.9 

Federal funds rate 7.1 7.4 8.5 7.1 6.9 

Import growth rate 7.5 9.9 -0.4 5.7 9.3 

Inflation rate (end of period) 72.8 21.2 20.6 173.1 73.6 

Interest on external debt / International reserves 75.9 47.9 142.5 117.0 57.8 

International reserves / GDP 8.7 10.0 6.5 6.2 9.3 

International reserves / Imports (in months of cover) 5.1 5.1 4.7 4.6 5.9 

International reserves / Short-term debt 
(*)
 101.8 125.5 73.6 58.0 127.5 

International reserves / Total external debt 21.5 29.0 14.0 9.6 18.3 

International reserves growth rate 18.4 14.3 0.9 28.7 25.3 

Net inward direct investment / GDP 1.4 1.6 1.0 1.2 1.5 

Openness to international trade 43.9 47.9 36.9 37.8 40.9 

Private capital flows growth rate 98.8 74.7 24.0 66.9 535.1 

Private capital flows / GDP 2.7 3.1 3.6 2.6 1.7 

Real effective exchange rate 101.4 110.4 117.2 87.7 87.6 

Real GDP growth rate 3.4 4.4 2.4 2.2 3.1 

Short-term debt 
(*)
/ GDP 13.0 11.4 13.4 15.5 10.7 

Short-term debt 
(*)
/ International reserves 275.5 196.7 410.1 411.1 174.9 

Short-term debt 
(*)
/ Total external debt 24.8 26.7 28.5 21.7 21.0 

Terms of trade 107.5 106.9 113.3 109.8 97.7 

Total debt service / Exports 44.7 37.2 54.9 54.9 46.1 

Total debt service / International reserves 173.2 120.5 357.5 244.1 116.2 

Total external debt / Exports 318.0 232.9 336.8 454.1 333.9 

Total external debt / GDP 50.6 41.1 47.0 65.9 51.0 

Trade balance / GDP -1.4 -1.9 -3.4 -0.1 -2.3 

Sources: IMF, World Economic Outlook, Sept. 2004; World Bank, Global Development Finance, 2004; Economist 

Intelligent Unit; authors’ calculations 
(*) Short term debt is measured on a remaining maturity basis. 

2.3. Event study analysis 

Event study analysis complements the simple descriptive statistics and is a useful tool 

to investigate the behaviour of explanatory variables around default episodes and to give a 
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graphical interpretation of it. The results of the event study analysis are shown in Chart 1: 

the bold horizontal line represents the average value of the variable during tranquil periods, 

whereas the solid line shows the average value of the variable during stress times with a 95 

per cent confidence interval around it, identified by the two dotted lines. Time goes from t-3 

to t+3, where t is the year in which our debt crisis indicators is equal to one for the first time, 

thus signalling a crisis entry. The event study analysis suggests the following results: 

− Measures of external debt service are significantly different during crisis periods with 

respect to tranquil times: interest payments on external debt, which average 54 per cent of 

the level of international reserves during non-crisis periods, more than double in the year 

preceding a credit event and become increasingly larger in the crisis year and in the 

following one; total debt service, which includes principal repayments as well, displays a 

similar pattern, regardless of whether it is expressed as a percentage of international reserves 

or of exports; total external debt to GDP increases during the run-up to a crisis and, at t+1, it 

becomes significantly higher than its average in tranquil periods. 

− Real GDP growth rates are not only significantly lower during pre-crisis years than the 

tranquil periods’ average, but they exhibit a further worsening during a crisis period, shifting 

from an average of 4 per cent to nearly 0. 

− Measures of the level of international reserves change significantly during crisis periods: 

in particular, the level of reserves as a percentage of total external debt drops from 25.2 per 

cent during tranquil times to 14.4 in the year preceding a crisis. 

− Measures of external debt show revealing patterns: total external debt as a ratio to GDP 

increases from about 45 per cent in the years before a crisis to 60 per cent in the year after 

the credit event. Short-term debt over international reserves increases sharply in the run-up 

to a crisis, from about 220 per cent to 383 per cent. Short-term debt over total external debt 

is significantly higher than its average level during tranquil periods in all the years preceding 

the onset of a debt crisis. 
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− Federal funds rates are significantly higher, in the years before a crisis erupts, than the 

average for tranquil periods: this suggests that the higher the interest rate in the US, the 

harder it is for an emerging country to close its financing gaps.   

Among other variables, we found that private capital flows are not statistically 

different, in crisis years, from the average in tranquil periods (at least at a 95 per cent 

confidence level) but they show a steady declining pattern. This suggests that international 

investors provide financing to emerging market countries up to the year before a credit event 

occurs, withdrawing their funds thereafter. 



 

Chart 1 
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3. A Multinomial Logit Early Warning System for Debt Crises 

3.1. Econometric specification and estimation results 

To find out which variables are significant in determining the onset of a debt crisis, we 

performed an econometric specification originally suggested by the work of Bussiere and 

Fratzscher (2002). More precisely, we have constructed a multinomial logit with three 

regimes: a tranquil period, during which macroeconomic and financial variables are on a 

sustainable path; a pre-crisis event, during which the levels assumed by a subset of 

macroeconomic and financial variables lead the country to experience a debt crisis in the 

following years; an adjustment phase, when the level of the macroeconomic variables revert 



 

 

21

to a more sustainable path. The main difference with Bussiere and Fratzcher’s seminal paper, 

besides the frequency of observations (monthly vs. annual), is that their model applies to 

currency, rather then debt, crises. 

The multinomial logit approach has a great advantage over the simple binomial logit 

used, for instance, by Manasse et al. (2003), in that it makes it possible to construct more 

than two regimes and, thus, to model explicitly the ‘crisis entry’ as opposed to the 

‘adjustment’ regime. In fact, it has been shown that the multinomial logit produces better 

econometric results, since it tackles the so-called post-crisis bias. This can be traced back to 

the difference between the behaviour of macroeconomic variables in the run-up to a crisis 

and the behaviour during the post-crisis adjustment period. Disregarding this different 

behaviour of independent variables, as may occur in a simple binomial logit model, can lead 

to biased coefficient estimates. 

Taking into account this suggestion, we tried to apply the multinomial logit approach 

to the task of predicting debt crises. More precisely, the objective is to predict debt crises 

one or two years before they actually occur. For this reason, we have defined the three 

different regimes according to the rule shown in Table 4.   

Table 4 

REGIME DEFINITION IN THE MULTINOMIAL LOGIT MODEL 

 

Definition of crisis as in section 2.1 Regime in the multinomial 

At time t At time t+1 At time t+2 Model at time t 

0 0 0 

1 0 0 
Tranquil (Y = 0) 

0 0 1 

0 1 0 

0 1 1 

Pre – crisis (Y = 1) 

1 1 0 

1 1 1 

1 0                  1              * 

Adjustment (Y = 2) 

* All the zeroes between two ones have been turned into ones and regarded as part of the adjustment process. 
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The selection of a two-year horizon in the definition of the dependent variable is 

related to the need of using the EWS as a regular tool for policy analysis. Publication lags of 

macroeconomic data reduce the nominal forecast horizon in practical applications, while 

implementation of pre-emptive policy measures would require a long time-span between the 

signal and the credit event. Using yearly frequency would linearly decrease the effective 

forecast horizon within the year to zero before the inclusion of a new observation, while the 

use of a two-year forecast horizon would help in part to mitigate this issue. Unfortunately, a 

longer forecast horizon implies a higher forecast variance. 

Consistently with the binomial crisis indicator specified in section 2.1 - ‘0’ for no 

crisis, ‘1’ for crisis - at time t through time t+2, we have defined the multinomial regimes 

according to the following rule: a tranquil state is defined as the case in which the economy 

will not experience a crisis in the future (i.e. at times t+1 and t+2) regardless of the current 

state (i.e. at time t), while a pre-crisis period is a situation in which an economy will face 

trouble in either or both of the following two years, provided that the crisis indicator is ‘0’ at 

time t. All the other cases are treated as ‘adjustment’ periods after a crisis has already 

erupted and it is still unfolding. 

The multinomial model is estimated with maximum likelihood, with the tranquil 

period as the benchmark, and using as regressors the set of 28 macroeconomic and financial 

variables that were the subject of the event study analysis. The entire sample runs from 1980 

to 2002 but, considering a three-year estimation time period, we have been forced to 

disregard all the variables recorded both in 2001 and 2002. The final regression sample, 

therefore, contains 588 observations. Macroeconomic data at time t are use to predict crisis 

events at times t+1 and t+2. 

The probability of a country being in one of the three states is computed as follows: 
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where Y=0, 1, 2 identifies, respectively, the tranquil regime (the benchmark state), crisis 

entry and the adjustment regime. Therefore, the vectors of coefficients β1 and β2 give a 

measure of the marginal effect of a change in the explanatory variables on the probability of 

being in state 1 or 2 relative to the probability of being in the tranquil regime, as shown in 

Equation (4): 
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Our estimation approach envisages three different steps: 

− First, we run multinomial logit regressions for each of the 28 variables independently 

from one another, excluding all the variables that turn out to be insignificant in determining 

the probability of ‘entering’ and the ‘being’ in an adjustment phase, as well as the variables 

that, although significant, have a counterintuitive sign. This may raise some issues 

concerning omitted variables which, on their turn, may render coefficient estimates biased 

and inefficient, leading to the exclusion of variables that should be otherwise retained 

(Visco, 1978): we are aware of this drawback, which we address it in the third step.  

− Second, we run so-called group-wise regressions, i.e. we group in families - essentially 

according to their nature - all the variables that got through the first step and then we run 

new multinomial logit regressions for each of these groups. As in the first phase, we retained 

only those variables that turned out to be significant and had the correct sign. 
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− Finally, we put together all the variables that got through the first and the second steps 

into a general multinomial logit regression. We restore variables that, for example, were 

found to be significant in the literature or displayed a particular behaviour in the event study 

analysis, but were dropped in either the first or the second steps. 8 Using a ‘general-to-

specific’ approach in order to achieve a parsimonious model, we again drop all the 

insignificant variables. 

At the end of this procedure, we retain just eight variables: the ratio of total external 

debt to exports; the federal funds rate; the interest payments on external debt scaled to 

international reserves; the real GDP annual growth rate; the ratio of short-term debt 

(calculated on a residual maturity basis) to total external debt; the total private capital flows 

on GDP; the annual inflation rate; the ratio of international reserves to total external debt.  

Table 5 summarizes the results obtained from the estimation of the multinomial model. 

The first part of the table is the most important as it shows estimates for β1, giving 

information about the likelihood of the economy’s entering a crisis within two year as 

opposed to the likelihood of its remaining in a tranquil state. The second part of the table 

refers to estimates for β2: these coefficients give information about the likelihood of a 

country’s continuing to be in a recovery state as opposed to the likelihood of its returning to 

a tranquil state, where macroeconomic variables are on a sustainable path. 

 

 

                                                           
8
 This is essentially done in order to avoid the so-called omitted-variable bias, which arises when a 

significant explanatory variable is not taken into account in the regression, determining a significant correlation 

between the other regressors and the residual term. The omitted-variable bias is still more worrisome in non-

linear estimation, such as the one we are performing here, since unlike ordinary least squares it is present 

whether or not the omitted regressors are correlated with the included ones. Two problems may arise in 

connection with the omitted variable bias. On the one hand, variables that are not part of the true model may be 

retained because the bias, induced by some omitted variable, makes them look significantly different from zero. 

This problem should be mitigated by the fact that the model is estimated in the first step using a large set of 

regressors that, hopefully, includes most of the true variables. On the other hand, the bias may cause the 

rejection of a variable that is part of the data generating process. This problem is addressed by adding variables 

that dropped out during the specification process but nonetheless may be important. 
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Table 5 

MULTINOMIAL LOGIT ESTIMATION 

 

Variable Coefficient Std. Error Z-Statistics P-value 

Pre – crisis period (Y=1)    

CONST. -4.39661 0.59114 -7.43748 0.00000 

TEDGDP 0.01881 0.00831 2.26357 0.02360 

FEDFUNDS 0.11367 0.03444 3.30027 0.00100 

INTDEBTRES 0.00892 0.00235 3.78796 0.00020 

REALGDP -0.06079 0.02865 -2.12191 0.03380 

STDRMBTED 0.02280 0.01057 2.15632 0.03110 

TOTCAPFLOWS 0.06897 0.01887 3.65588 0.00030 

    

CONST. -2.77961 0.49251 -5.64375 0.0000 

TEDGDP 0.05095 0.00670 7.60419 0.0000 

INFL 0.00215 0.00044 4.92801 0.0000 

RESTED -0.07210 0.01834 -3.93212 0.0001 

INTDEBTRES 0.00790 0.00249 3.17298 0.0015 

Pseudo R-squared 0.27664    

 

According to the results of our estimation procedure reported in Table 5, we can 

conclude that: 

- The amount of interests a country has to pay on its external debt obligations, scaled 

to international reserves, has a positive marginal effect on the probability of entering 

and being in a crisis: the higher the interest payments, or the lower the level of 

international reserves, the higher the probability of outbreak of a debt crisis - in the 

form of a missed payment or the accumulation of arrears - or the more difficult it is 

to exit from an ongoing crisis. 

- The higher the burden of external indebtedness, measured as the ratio of total 

external debt to GDP, the higher the probability of outbreak of a debt crisis and the 

more difficult it is to exit from an ongoing one. 
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- The real GDP growth rate seems to have a positive marginal effect on the probability 

of entering a crisis: countries with higher growth rates are considered more 

creditworthy than others, making international investors more willing to lend.  

- The federal funds rates have a positive marginal effect on the probability of entering 

a debt crisis: higher funds rate determines tighter liquidity conditions in international 

capital markets, leading to capital rationing or higher borrowing rates.9  

- The higher the ratio of short-term debt to total external debt, the higher the 

probability of incurring a debt crisis.  

- Total private capital flows as a ratio to GDP have a positive marginal effect on the 

probability of entering into a debt crisis. This may be related to the observation that 

international investors seem to provide financing to emerging market countries up to 

the onset of a credit event. 

- Inflation rates seem to have a positive marginal effect on the probability of being in 

an adjustment phase. This might be due to inverse causality, i.e. episodes of 

hyperinflation generated by a debt crises coupled with a currency crisis. Such a 

situation can make an economy more fragile and a crisis more persistent. Moreover, 

the restrictive monetary policy needed to fight high inflation could increase the 

burden of a country’s indebtedness, especially in those cases where a large portion of 

debt is linked to inflation. 

- Countries with high levels of international reserves, scaled to total external 

indebtedness, are better placed to overcome negative credit events. 

                                                           
9
 There is a strand of empirical literature (reviewed in Mc Guire, P. and Schrijvers, M.A., 2003) that 

argues, in fact, that US monetary policy has a direct effect on the yield differentials between developed and 

developing bonds of the same characteristics. A restrictive monetary policy stance on the part of the FED goes 

along with wider spreads on emerging market sovereign debt.  
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3.2. Predictive ability 

A first important test to evaluate the predictive ability of the model is to look at its in-

sample predictive ability: a particular cut-off level, or threshold, has to be identified, above 

which the predicted probability could be considered as sending a signal that a crisis is about 

to occur. The question now is how this ‘optimal’ threshold should be calculated: the lower 

the threshold, the more signals the model will send, with the risk of many false alarms for 

crises that would never occur; the higher the threshold, the lower the numbers of signals, 

with the risk of not capturing the onset of a crisis that actually does occur in the forecast 

horizon. The former can be called ‘type 1’ errors, the latter ‘type 2’ errors, if the null 

hypothesis is no crisis. The choice of the ‘optimal’ threshold for the predicted probabilities 

will have to mediate between these two types of error, and will depend on which is 

considered more worrisome by the analyst. Since a precise rule to determine the ‘optimal’ 

cut-off level does not exist, this problem has been resolved by classifying an observation as 

predicting a crisis when the estimated probability exceeds the in-sample frequency of a 

crisis, i.e. when the economy goes from a tranquil state (Y=0 in the multinomial regime 

definition in Table 4) to a crisis (Y=1 in Table 4). Analogously, a threshold based on in-

sample frequency has been established to determine the exit from a crisis, i.e. when the 

economy goes from a crisis state (Y=1 in Table 4) to a tranquil time (Y=0 in Table 4) instead 

of remaining in crisis (Y=2 in Table 4). 10 

 

 

 

 

 

 

 

 

 

 

 

 

                                                           
10
 The threshold used for signaling entry into crisis is 12 per cent, while that for signaling being in a crisis 

is 32 per cent: these levels have been calculated as the in-sample frequencies of crisis entries and adjustment 

(for a definition of the regimes, please see Table 4). 
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Table 6 

 

MULTINOMIAL LOGIT MODEL: IN-SAMPLE PERFORMANCE 

 

True state Correctly called Not correctly signalled Total   

Pre – crisis 31 9 40 Number of observations correctly called  71% 

Adjustment 158 45 203 
Number of crisis correctly called  

(2 years in adv.) 
73% 

Tranquil 206 104 310 Overall number of crisis correctly called  78% 

Total 395 158 553 

 

Number of false alarms 34% 

  

Crisis entries correctly called (31): Crisis entries not called (9) 
 

Argentina 1983, 2001 

Brazil 1983, 1998 

Chile 1983 

Dominican Rep. 1982 

Ecuador 1983 

El Salvador 1984 

Indonesia 1997 

Korea 1984,1997 

Mexico 1982, 1995 

Morocco 1983 

Nigeria 1986 

 

 

Pakistan 1998 

Panama 1983 

Peru 1983, 2000 

Philippines 1984 

Poland 1982 

South Africa 1985, 1993 

Thailand 1982, 1997 

Turkey 2000 

Uruguay 1983, 1986, 2002 

Venezuela 1984, 1998 

 

Colombia 1988 

Dominican Rep. 2002 

Egypt 1995 

El Salvador 1989 

Morocco 1999 

Pakistan 1982 

Philippines 1994 

Russia 1989 

Tunisia 1991 

 

 

 

The in-sample predictive ability of the model shows that the number of observations 

correctly called is 71 per cent and that the number of crises entries correctly picked up two 

years before the onset of the negative event is 73 per cent. Two more crises (Venezuela in 

1998 and Turkey in 2000) are signalled just one year in advance, bringing the total of crisis 

entries correctly called to 78 per cent.  

 The model fails to predict the exact timing of the crisis that broke out in Russia in 

1989 and lasted for the rest of the sample period (see Table 1): the crisis entry is in fact 

postponed to 1991 but, most importantly, when the crisis deepened in 1998 - with the default 

on ruble-denominated government bonds - the model correctly signals a high probability of a 

credit event. 

The number of false alarms, i.e. the number of tranquil periods that are wrongly 

signalled as crisis, is about 34 per cent: in 104 cases out of 310 our model predicts a 

turbulent period, when a tranquil period materialises instead thereafter. 
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The predictive ability of the multinomial logit results has to be probed also, and 

especially, out-of-sample: we have re-estimated the model with macroeconomic data from 

1980 to 1998 and predicted crisis events from 1999 onwards. The multinomial logit seems to 

perform well: the results for the out-of-sample predictive ability are shown in Table 7. 

Table 7 

 

MULTINOMIAL LOGIT MODEL: OUT OF SAMPLE PERFORMANCE 
*
 

 

True state Correctly called Not correctly signalled Total 
   

Pre – crisis 4 2 6  Number of observations correctly called  70% 

Adjustment 12 16 28  
Number of crisis correctly called  

(2 years in adv.) 
50% 

Tranquil 57 14 71  Overall number of crisis correctly called  67% 

Total 73 32 105  Number of false alarms 20% 

* The model is estimated with data up to 1998 to predict entries from 1999 onwards 

 

Going back to 1998, we would have been able to anticipate 4 out of 6 crisis episodes, 

namely Peru and Turkey in 2000, Argentina in 2001 and Uruguay in 2002, but we would 

have missed the 1999 crisis in Morocco and the 2002 crisis in the Dominican Republic. The 

results show another desirable feature of our model: the number of false alarms is reasonably 

low, with 14 out of 71 tranquil periods incorrectly signalled as crisis events. 

3.3. Robustness Analysis 

Results from the multinomial logit estimation were tested for robustness along two 

lines 

First, we reconsidered the definition of debt crisis. The original one encompasses four 

different conditions: a) outright default and debt restructurings with substantial haircut, b) 

significant access to IMF resources, c) excessive missed payments, d) excessive arrears on 

total external debt. To test for robustness, we performed two regressions using different 
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combinations of the four conditions. In the first one, the dependent variable was derived 

from conditions a) and b) only; in the second one, we also added in condition c).      

Regarding the second line of action, we modified the thresholds used to identify a 

credit event. In the baseline scenario, a crisis occurs when one of the following conditions 

apply: a country has access to the IMF resources in excess of 100 per cent of its quota;  the 

amount of missed payments is above 5 per cent of total debt service; the amount of arrears is 

above 5 per cent of total external debt. We modified the thresholds according to two 

scenarios: in the first, the critical level for missed payments and arrears was increased to 10 

per cent; in the second, these levels were raised to 15 per cent, while the threshold for access 

to IMF resources was raised to 200 per cent of the quota.  

As a final step, we re-estimated the model on a sub-sample of countries. In particular, 

we dropped China, because of the relatively low reliability of its data, and Hungary, Poland 

and Russia, considering that their past political regimes could have influenced their 

macroeconomic data. 

The results of all the regressions previously outlined, not reported here for the sake of 

brevity, show that the original estimates are robust to such modifications. 11 

4. Conclusions 

The paper focuses on debt crises episodes, whose importance has grown in the very 

recent past replacing currency crises as the major source of concern in emerging countries. 

The recent crises in Brazil, Uruguay and Turkey, with their potentially disruptive 

consequences on the stability of the entire global financial system, have led academics and 

private sector analysts to focus their attention on early warning systems that can detect the 

onset of such crises in a timely manner. 

                                                           
11
 The results of robustness analysis are available from the authors upon request. 
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Debt crises can take a variety of forms, ranging from outright default on part or all of 

the stock of external and/or public debt, to more general debt-servicing difficulties 

determined more by illiquidity than by insolvency. This consideration led us to construct a 

new debt crisis indicator able to take these different forms of crises into account. We used 

the indicator to evaluate a series of debt crisis episodes in the period 1980-2002 involving a 

relatively large sample of emerging countries with significant access to international capital 

markets. 

The next step was to discover which factors, among a large set of macroeconomic and 

financial variables, were at the roots of a debt crisis. To perform this task, we ran a 

multinomial logit analysis which is characterised by three regimes instead of two, as in the 

classic logit models applied in debt crises literature until now. The variables found to be 

significant in explaining debt crisis episodes were mainly those that measure the burden of 

external indebtedness and its composition, the external financing conditions and other 

macroeconomic variables that measure the overall health of an economy, such as real GDP 

growth and inflation rates. The in-sample predictive power is good, with 78 per cent of crises 

episodes correctly called, and the model appears to be robust to different specifications 

regarding the dependent variable. Unfortunately, the model sends more than 30 per cent of 

false alarms. Finally, the out-of-sample predictive ability of our model turns out to be good 

as well, with a reasonably low level of false alarms, in the range of 20 per cent. 

EWS models could be very useful instruments to guide policy analysis on emerging 

markets. To improve their information content and predictive power, ideal models should 

aim at integrating the approach based on macroeconomic data, outlined in this paper, with 

information extracted from market instruments (for example, sovereign bonds or, more 

recently, credit default swaps). In order to integrate these two aspects, timely information on 

the relevant macroeconomic variables is needed along with reliable and robust market data. 

With more frequent macroeconomic data and a larger set of countries for which financial 

data are available, further research could be carried out with the aim of better integrating the 

two aspects of an EWS for debt crises. 
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Appendix 1 

Description of Regressors 

VARIABLE DESCRIPTION SOURCE NOTE 

CENGOVBALGDP Central government budget balance / GDP IMF-WEO 

Calculated as the ratio between series GCB (central government budget balance) 

and NGDP (gross domestic product, current prices,  national currency).  

Missing data: Poland, 1980. 

CAGDP Current account balance / GDP IMF-WEO 
Calculated as the ratio between series BCA (current account balance) and NGDPD 

(gross domestic product, current prices, U.S. dollars).  

CASTDRMB 
Current account balance / short term debt 

 (residual maturity basis) 
IMF-WEO EIU 

Calculated as the ratio between series BCA (current account balance) and D_SRM 

(short-term debt outstanding, remaining maturity basis).  

Data for Korea are drawn from the Economist Intelligence Unit database. 

EXPGROWTH Export growth IMF-WEO Calculated as the growth rate of the series BXG (exports of goods). 

FEDFUNDS Federal funds Bloomberg We have calculated it as a yearly average of daily observations. 

IMPGROWTH Import growth IMF-WEO Calculated as the growth rate of the series BMG (imports of goods). 

INFL Inflation rate (end of period) IMF-IFS Calculated as the annual variation of PCPIE (consumer prices, end of period) 

INTDEBTRES 
Interest on external debt / international 

reserves 
IMF-WEO 

Calculated as the ratio between series DSI (total debt interest paid) and BRASS 

(stock of reserves at year end). 

RESGDP International reserves / GDP IMF-WEO 

Calculated as the ratio between series BRASS (stock of reserves at year end) and 

NGDPD (gross domestic product, current prices, U.S. dollars). 

Missing data: Hungary, 1980-1982. 
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VARIABLE DESCRIPTION SOURCE NOTE 

RUIMP 
International reserves / imports (in month 

cover) 
IMF-WEO 

Calculated as the ratio between series BRASS (stock of reserves at year end) and 

BMG (imports of goods). Expressed in month of cover of imports. 

RESSTDRMB 
International reserves / short-term debt 

(residual maturity basis) 
IMF-WEO 

Calculated as the ratio between series BRASS (stock of reserves at year end) and 

D_SRM (short-term debt outstanding, residual maturity basis). 

Missing data: Hungary, 1980-1982; Korea, 1980-1981. 

RESTED International reserves / total external debt  IMF-WEO 
Calculated as the ratio between series BRASS (stock of reserves at year end) and 

D (total debt outstanding at year end). 

RESGROWTH International reserves growth IMF-WEO Calculated as the growth rate of the series BRASS (stock of reserves at year end). 

FDIGDP Net inward direct investments / GDP IMF-WEO 
Calculated as the ratio between series BFD (direct investment, net) and NGDPD 

(gross domestic product, current prices, U.S. dollars). 

OPEN Openness to international trade IMF-WEO 

Calculated as the sum of the series BXG (exports of goods) and BMG (imports of 

goods) divided by the series NGDPD (gross domestic product, current prices, U.S. 

dollars). 

CAPFLOWSGROWTH Private capital flows (growth) IMF-WEO Calculated as the growth rate of the series BFXP (private capital flows, net). 

CAPFLOWSGDP Private capital flows / GDP IMF-WEO 
Calculated as the ratio between series BFXP (private capital flows, net) and 

NGDPD (gross domestic product, current prices, U.S. dollars). 

REER Real effective exchange rate IMF-WEO 

We have used the series in levels.  

Missing data: Nigeria, 1980; Russia, 1980-1993; Tunisia, 1980-1982; Uruguay, 

1980. 

REALGDP Real GDP (growth) IIF  

STDRMBGDP 
Short-term debt (on a residual maturity 

basis) / GDP 
IMF-WEO 

Calculated as the ratio between series D_SRM (short-term debt outstanding, 

residual maturity basis) and NGDPD (gross domestic product, current prices, U.S. 

dollar). 
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VARIABLE DESCRIPTION SOURCE NOTE 

STDRMBRES 
Short-term debt (on a residual maturity 

basis) / international reserves 
IMF-WEO 

Calculated as the ratio between series D_SRM (short-term debt outstanding, 

residual maturity basis) and BRASS (stock of reserves at year end). 

STDRMBTED 
Short-term debt (on a residual maturity 

basis) / total external debt 
IMF-WEO 

Calculated as the ratio between series D_SRM (short-term debt outstanding, 

residual maturity basis) and D (total debt outstanding at year end). 

TOT Terms of trade IMF-WEO Series TTT (terms of trade, goods), in levels. 

TDSEXP Total debt service / exports IMF-WEO 
Calculated as the ratio between series DS (total debt service: interest and 

amortization paid) and BXG (export of goods). 

TDSRES Total debt service / international reserves IMF-WEO 
Calculated as the ratio between series DS (total debt service: interest and 

amortization paid) and BRASS (stock of reserves at year end). 

TEDEXP Total external debt / exports IMF-WEO 
Calculated as the ratio between series D (total debt outstanding at year end) and 

BXG (export of goods). 

TEDGDP Total external debt / GDP IMF-WEO 
Calculated as the ratio between series D (total debt outstanding at year end) and 

NGDPD (gross domestic product, current prices, U.S. dollars). 

TRADEBALGDP Trade balance / GDP IMF-WEO 
Calculated as the ratio between series BT (trade balance) and NGDPD (gross 

domestic product, current prices, U.S. dollars). 



 

 

 

References 

 

Berg A., Borensztein E., Pattillo C., 2004, “Assessing Early Warning Systems: How Have 

They Worked in Practice?”, IMF Working Paper, WP 04/52.  

Bussiere M., Fratzscher M., 2002, “Towards a New Early Warning System of Financial 
Crises”, European Central Bank Working Paper, No. 145. 

Ciarlone A., Trebeschi, G., 2004, “Currency and Debt Crises: A Review of the Early 

Warning Systems”, in Country and Political Risk: Practical Insights for Global 
Finance, S. Wilkin (edited by), RiskBook. 

Ciarlone A., Trebeschi G., 2005, “Designing an Early Warning System for Debt Crises”, 

Emerging Market Review, Vol. 6, N. 4, 376-395. 

Detragiache E., and Spilimbergo A., 2001, “Crises and Liquidity: Evidence and 
Interpretation”, IMF Working Paper, WP 01/2. 

Frankel J. A., Rose A. K., 1996, “Currency Crashes in Emerging Markets: an Empirical 

Treatment”, Journal of International Economics, No. 41, pp. 351-366.   

IMF, 2002, “Early Warning System Models: The Next Step Forward”, Global Financial 
Stability Report, March. 

Kaminsky G. L., Lizondo S., Reinhart C. M., 1998, “Leading indicators of currency crises”, 
IMF Staff Papers, Vol. 88 No. 2, pp. 1-48. 

Manasse P., Roubini N., Schimmelpfennig A., 2003, “Predicting Sovereign Debt Crises”, 

IMF Working Paper, WP 03/221. 

Mc Guire, P., Schrijvers, M.A., 2003, “Common Factors in Emerging Market Spreads”, BIS 
Quarterly Review, December. 

Pescatori A., Sy A. N. R., 2003, “Debt Crises and the Development of International Capital 

Markets”, IMF Working Paper, WP 04/44. 

Reinhart C., 2002, “Default, Currency Crises and Sovereign Credit Ratings”, NBER 
Working Paper Series, No. 8738. 

Sy Amadou N. R., 2003, “Rating the Rating Agencies: Anticipating Currency Crises or Debt 

Crises?”, IMF Working Paper, WP 03/122. 

Visco I., 1978, “On obtaining the right sign of a coefficient estimate by omitting a variable 
from the regression”, Journal of Econometrics, No. 7, pp. 115-117. 



(*) Requests for copies should be sent to: 
Banca d’Italia – Servizio Studi – Divisione Biblioteca e pubblicazioni – Via Nazionale, 91 – 00184 Rome
(fax 0039 06 47922059). They are available on the Internet www.bancaditalia.it.

RECENTLY PUBLISHED “TEMI” (*).

N.  563 – Le strategie di prezzo delle imprese esportatrici italiane, by M. Bugamel l i and R. 
Tedeschi (November 2005).

N.  564 – Technology transfer and economic growth in developing countries: an economic 
analysis, by V. Cr ispol t i and D. Mar coni (November 2005).

N.  565 – La ricchezza finanziaria nei conti finanziari e nell’indagine sui bilanci delle fami-
glie italiane, by R. Bonci, G. Mar chese and A. Ner i (November 2005).

N.  566 – Are there asymmetries in the response of bank interest rates to monetary shocks?, 
by L. Gambacor t a and S. Iannot t i (November 2005).

N.  567 – Un’analisi quantitativa dei meccanismi di riequilibrio del disavanzo esterno degli 
Stati Uniti, by F. Pat er nÒ (November 2005).

N. 568 – Evolution of trade patterns in the new EU member States, by A. Zaghini  
(November 2005).

N. 569 – The private and social return to schooling in Italy, by A. Ciccone, F. Cingano and 
P. Cipol l one (January 2006).

N. 570 – Is there an urban wage premium in Italy?, by S. Di Addar io and E. Pat acchini 
(January 2006).

N. 571 – Production or consumption? Disentangling the skill-agglomeration Connection, 
by Guido de Bl asio (January 2006).

N. 572 – Incentives in universal banks, by Ugo Al ber t azzi (January 2006). 

N. 573 – Le rimesse dei lavoratori emigrati e le crisi di conto corrente, by M. Bugamel l i 
and F. Pat er nÒ (January 2006).

N. 574 – Debt maturity of Italian firms, by Sil via Magr i (January 2006).

N. 575 – Convergence of prices and rates of inflation, by F. Buset t i, S. Fabiani and A. 
Har vey (February 2006).

N. 576 – Stock market fluctuations and money demand in Italy, 1913-2003, by Massimo 
Car uso (February 2006).

N. 577 – Skill dispersion and firm productivity: an analysis with employer-employee matched 
data, by S. Ir anzo, F. Schivar di and E. Toset t i (February 2006).

N. 578 – Produttività e concorrenza estera, by M. Bugamel l i and A. Rosol ia (February 
2006).

N. 579 – Is foreign exchange intervention effective? Some micro-analytical evidence from 
the Czech Republic, by Ant onio Scal ia (February 2006).

N. 580 – Canonical term-structure models with observable factors and the dynamics of bond 
risk premiums, by M. Per icol i and M. Taboga (February 2006).

N. 581 – Did inflation really soar after the euro cash changeover? Indirect evidence from 
ATM withdrawals, by P. Angel ini and F. Lippi (March 2006).

N.  582 – Qual è l’effetto degli incentivi agli investimenti? Una valutazione della legge 
488/92, by R. Br onzini and G. de Bl asio (March 2006).

N.  583 – The value of flexible contracts: evidence from an Italian panel of industrial firms, 
by P. Cipol l one and A. Guel fi (March 2006).

N.  584 – The causes and consequences of venture capital financing. An analysis based on a sample 
of Italian firms, by D. M. Del  Col l e, P. Finaldi Russo and A. General e (March 2006).

N.  585 – Risk-adjusted forecasts of oil prices, by P. Pagano and M. Pisani (March 2006).

N.  586 – The CAPM and the risk appetite index: theoretical differences and empirical 
similarities, by M. Per icol i and M. Sbr acia (March 2006).

N.  587 – Efficiency vs. agency motivations for bank takeovers: some empirical evidence, by 
A. De Vincenzo, C. Doria and C. Salleo (May 2006).



"TEMI" LATER PUBLISHED ELSEWHERE 
 

1999 

L. GUISO and G. PARIGI, Investment and demand uncertainty, Quarterly Journal of Economics, Vol. 114 
(1), pp. 185-228, TD No. 289 (November 1996). 

A. F. POZZOLO, Gli effetti della liberalizzazione valutaria sulle transazioni finanziarie dell’Italia con 
l’estero, Rivista di Politica Economica, Vol. 89 (3), pp. 45-76, TD No. 296 (February 1997). 

A. CUKIERMAN and F. LIPPI, Central bank independence, centralization of wage bargaining, inflation and 
unemployment: theory and evidence, European Economic Review, Vol. 43 (7), pp. 1395-1434, 
TD No. 332 (April 1998). 

P. CASELLI and R. RINALDI, La politica fiscale nei paesi dell’Unione europea negli anni novanta, Studi e 
note di economia, (1), pp. 71-109, TD No. 334 (July 1998).  

A. BRANDOLINI, The distribution of personal income in post-war Italy: Source description, data quality, 
and the time pattern of income inequality, Giornale degli economisti e Annali di economia, Vol. 
58 (2), pp. 183-239, TD No. 350 (April 1999). 

L. GUISO, A. K. KASHYAP, F. PANETTA and D. TERLIZZESE, Will a common European monetary policy 

have asymmetric effects?, Economic Perspectives, Federal Reserve Bank of Chicago, Vol. 23 (4), 
pp. 56-75, TD No. 384 (October 2000). 

 

2000 

P. ANGELINI, Are banks risk-averse? Timing of the operations in the interbank market, Journal of  
Money, Credit and Banking, Vol. 32 (1), pp. 54-73, TD No. 266 (April 1996). 

F. DRUDI and R. GIORDANO, Default Risk and optimal debt management, Journal of Banking and 
Finance, Vol. 24 (6), pp. 861-892, TD No. 278 (September 1996). 

F. DRUDI and R. GIORDANO, Wage indexation, employment and inflation, Scandinavian Journal of 
Economics, Vol. 102 (4), pp. 645-668, TD No. 292 (December 1996). 

F. DRUDI and A. PRATI, Signaling fiscal regime sustainability, European Economic Review, Vol. 44 (10), 
pp. 1897-1930, TD No. 335 (September 1998). 

F. FORNARI and R. VIOLI, The probability density function of interest rates implied in the price of 
options, in: R. Violi, (ed.) , Mercati dei derivati, controllo monetario e stabilità finanziaria, Il 
Mulino, Bologna, TD No. 339 (October 1998). 

D. J. MARCHETTI and G. PARIGI, Energy consumption, survey data and the prediction of industrial 
production in Italy, Journal of Forecasting, Vol. 19 (5), pp. 419-440, TD No. 342 (December 

1998).  

A. BAFFIGI, M. PAGNINI and F. QUINTILIANI, Localismo bancario e distretti industriali: assetto dei 
mercati del credito e finanziamento degli investimenti, in: L.F. Signorini (ed.), Lo sviluppo 
locale: un'indagine della Banca d'Italia sui distretti industriali, Donzelli, TD No. 347 (March 

1999). 

A. SCALIA and V. VACCA, Does market transparency matter? A case study, in: Market Liquidity: 
Research Findings and Selected Policy Implications, Basel, Bank for International Settlements, 
TD No. 359 (October 1999). 

F. SCHIVARDI, Rigidità nel mercato del lavoro, disoccupazione e crescita, Giornale degli economisti e 
Annali di economia, Vol. 59 (1), pp. 117-143, TD No. 364 (December 1999).  

G. BODO, R. GOLINELLI and G. PARIGI, Forecasting industrial production in the euro area, Empirical 
Economics, Vol. 25 (4), pp. 541-561, TD No. 370 (March 2000). 

F. ALTISSIMO, D. J. MARCHETTI and G. P. ONETO, The Italian business cycle: Coincident and leading 
indicators and some stylized facts, Giornale degli economisti e Annali di economia, Vol. 60 (2), 
pp. 147-220, TD No. 377 (October 2000). 

C. MICHELACCI and P. ZAFFARONI, (Fractional) Beta convergence, Journal of Monetary Economics, Vol. 
45, pp. 129-153, TD No. 383 (October 2000).  

R. DE BONIS and A. FERRANDO, The Italian banking structure in the nineties: testing the multimarket 
contact hypothesis, Economic Notes, Vol. 29 (2), pp. 215-241, TD No. 387 (October 2000). 

 

 



 

2001 

M. CARUSO, Stock prices and money velocity: A multi-country analysis, Empirical Economics, Vol. 26  
(4), pp. 651-72, TD No. 264 (February 1996). 

P. CIPOLLONE and D. J. MARCHETTI, Bottlenecks and limits to growth: A multisectoral analysis of Italian 
industry, Journal of Policy Modeling, Vol. 23 (6), pp. 601-620, TD No. 314 (August 1997). 

P. CASELLI, Fiscal consolidations under fixed exchange rates, European Economic Review, Vol. 45 (3), 
pp. 425-450, TD No. 336 (October 1998). 

F. ALTISSIMO and G. L. VIOLANTE, Nonlinear VAR: Some theory and an application to US GNP and 
unemployment, Journal of Applied Econometrics, Vol. 16 (4), pp. 461-486, TD No. 338 (October 

1998). 

F. NUCCI and A. F. POZZOLO, Investment and the exchange rate, European Economic Review, Vol. 45 
(2), pp. 259-283, TD No. 344 (December 1998). 

L. GAMBACORTA, On the institutional design of the European monetary union: Conservatism, stability 
pact and economic shocks, Economic Notes, Vol. 30 (1), pp. 109-143, TD No. 356 (June 1999). 

P. FINALDI RUSSO and P. ROSSI, Credit costraints in italian industrial districts, Applied Economics, Vol. 
33 (11), pp. 1469-1477, TD No. 360 (December 1999). 

A. CUKIERMAN and F. LIPPI, Labor markets and monetary union: A strategic analysis, Economic Journal, 
Vol. 111 (473), pp. 541-565, TD No. 365 (February 2000).  

G. PARIGI and S. SIVIERO, An investment-function-based measure of capacity utilisation, potential output 
and utilised capacity in the Bank of Italy’s quarterly model, Economic Modelling, Vol. 18 (4), 
pp. 525-550, TD No. 367 (February 2000).  

F. BALASSONE and D. MONACELLI,  Emu fiscal rules: Is there a gap?, in: M. Bordignon and D. Da 
Empoli (eds.), Politica fiscale, flessibilità dei mercati e crescita, Milano, Franco Angeli, TD No. 
375 (July 2000). 

A. B. ATKINSON and A. BRANDOLINI, Promise and pitfalls in the use of “secondary" data-sets: Income 
inequality in OECD countries, Journal of Economic Literature, Vol. 39 (3), pp. 771-799, TD No. 
379 (October 2000).  

D. FOCARELLI and A. F. POZZOLO, The determinants of cross-border bank shareholdings: An analysis 
with bank-level data from OECD countries, Journal of Banking and Finance, Vol. 25 (12), pp. 
2305-2337, TD No. 381 (October 2000). 

M. SBRACIA and A. ZAGHINI, Expectations and information in second generation currency crises models, 
Economic Modelling, Vol. 18 (2), pp. 203-222, TD No. 391 (December 2000). 

F. FORNARI and A. MELE, Recovering the probability density function of asset prices using GARCH as 
diffusion approximations, Journal of Empirical Finance, Vol. 8 (1), pp. 83-110, TD No. 396 
(February 2001).  

P. CIPOLLONE, La convergenza dei salari manifatturieri in Europa, Politica economica, Vol. 17 (1), pp. 
97-125, TD No. 398 (February 2001). 

E. BONACCORSI DI PATTI and G. GOBBI, The changing structure of local credit markets: Are small 
businesses special?, Journal of Banking and Finance, Vol. 25 (12), pp. 2209-2237, TD No. 404 
(June 2001).  

CORSETTI G., PERICOLI M., SBRACIA M., Some contagion, some interdependence: more pitfalls in tests of 
financial contagion, Journal of International Money and Finance, 24, 1177-1199, TD No. 408 
(June 2001). 

G. MESSINA, Decentramento fiscale e perequazione regionale. Efficienza e redistribuzione nel nuovo 
sistema di finanziamento delle regioni a statuto ordinario, Studi economici, Vol. 56 (73), pp. 
131-148, TD No. 416 (August 2001). 

 

2002 

R. CESARI and F. PANETTA, Style, fees and performance of Italian equity funds, Journal of Banking and 
Finance, Vol. 26 (1), TD No. 325 (January 1998). 

L. GAMBACORTA, Asymmetric bank lending channels and ECB monetary policy, Economic Modelling, 
Vol. 20 (1), pp. 25-46, TD No. 340 (October 1998). 



C. GIANNINI, “Enemy of none but a common friend of all”? An international perspective on the lender-
of-last-resort function, Essay in International Finance, Vol. 214, Princeton, N. J., Princeton 
University Press, TD No. 341 (December 1998). 

A. ZAGHINI, Fiscal adjustments and economic performing: A comparative study, Applied Economics, 
Vol. 33 (5), pp. 613-624, TD No. 355 (June 1999). 

F. ALTISSIMO, S. SIVIERO and D. TERLIZZESE, How deep are the deep parameters?, Annales d’Economie 
et de Statistique,.(67/68), pp. 207-226, TD No. 354 (June 1999). 

F. FORNARI, C. MONTICELLI, M. PERICOLI and M. TIVEGNA, The impact of news on the exchange rate of 
the lira and long-term interest rates, Economic Modelling, Vol. 19 (4), pp. 611-639, TD No. 358 
(October 1999). 

D. FOCARELLI, F. PANETTA and C. SALLEO, Why do banks merge?, Journal of Money, Credit and 
Banking, Vol. 34 (4), pp. 1047-1066, TD No. 361 (December 1999). 

D. J. MARCHETTI, Markup and the business cycle: Evidence from Italian manufacturing branches, Open 
Economies Review, Vol. 13 (1), pp. 87-103, TD No. 362 (December 1999). 

F. BUSETTI, Testing for stochastic trends in series with structural breaks, Journal of Forecasting, Vol. 21 
(2), pp. 81-105, TD No. 385 (October 2000). 

F. LIPPI, Revisiting the Case for a Populist Central Banker, European Economic Review, Vol. 46 (3), pp. 
601-612, TD No. 386 (October 2000). 

F. PANETTA, The stability of the relation between the stock market and macroeconomic forces, Economic 
Notes, Vol. 31 (3), TD No. 393 (February 2001). 

G. GRANDE and L. VENTURA, Labor income and risky assets under market incompleteness: Evidence 
from Italian data, Journal of Banking and Finance, Vol. 26 (2-3), pp. 597-620, TD No. 399 
(March 2001). 

A. BRANDOLINI, P. CIPOLLONE and P. SESTITO, Earnings dispersion, low pay and household poverty in 
Italy, 1977-1998, in D. Cohen, T. Piketty and G. Saint-Paul (eds.), The Economics of Rising 
Inequalities, pp. 225-264, Oxford, Oxford University Press, TD No. 427 (November 2001). 

L. CANNARI and G. D’ALESSIO, La distribuzione del reddito e della ricchezza nelle regioni italiane, 
Rivista Economica del Mezzogiorno (Trimestrale della SVIMEZ), Vol. XVI (4), pp. 809-847, Il 
Mulino, TD No. 482 (June 2003).  

 

2003 

F. SCHIVARDI, Reallocation and learning over the business cycle, European Economic Review, , Vol. 47 
(1), pp. 95-111, TD No.  345 (December 1998). 

P. CASELLI, P. PAGANO and F. SCHIVARDI, Uncertainty and slowdown of capital accumulation in Europe, 
Applied Economics, Vol. 35 (1), pp. 79-89, TD No.  372 (March 2000). 

P. ANGELINI and N. CETORELLI, The effect of regulatory reform on competition in the banking industry, 
Federal Reserve Bank of Chicago, Journal of Money, Credit and Banking, Vol. 35, pp. 663-684, 
TD No. 380 (October 2000). 

P. PAGANO and G. FERRAGUTO, Endogenous growth with intertemporally dependent preferences, 
Contribution to Macroeconomics, Vol. 3 (1), pp. 1-38, TD No.  382 (October 2000). 

P. PAGANO and F. SCHIVARDI, Firm size distribution and growth, Scandinavian Journal of Economics, 
Vol. 105 (2), pp. 255-274, TD No.  394 (February 2001). 

M. PERICOLI and M. SBRACIA, A Primer on Financial Contagion, Journal of Economic Surveys, Vol. 17 
(4), pp. 571-608, TD No. 407 (June 2001). 

M. SBRACIA and A. ZAGHINI, The role of the banking system in the international transmission of shocks, 
World Economy, Vol. 26 (5), pp. 727-754, TD No. 409 (June 2001). 

E. GAIOTTI and A. GENERALE, Does monetary policy have asymmetric effects? A look at the investment 
decisions of Italian firms, Giornale degli Economisti e Annali di Economia, Vol. 61 (1), pp. 29-
59, TD No. 429 (December 2001). 

L. GAMBACORTA, The Italian banking system and monetary policy transmission: evidence from bank 
level data, in: I. Angeloni, A. Kashyap and B. Mojon (eds.), Monetary Policy Transmission in the 
Euro Area, Cambridge, Cambridge University Press, TD No. 430 (December 2001). 

 

 



M. EHRMANN, L. GAMBACORTA, J. MARTÍNEZ PAGÉS, P. SEVESTRE and A. WORMS, Financial systems and 
the role of banks in monetary policy transmission in the euro area, in: I. Angeloni, A. Kashyap 
and B. Mojon (eds.), Monetary Policy Transmission in the Euro Area, Cambridge, Cambridge 
University Press, TD No. 432 (December 2001). 

F. SPADAFORA, Financial crises, moral hazard and the speciality of the international market: further 
evidence from the pricing of syndicated bank loans to emerging markets, Emerging Markets 
Review, Vol. 4 ( 2),  pp. 167-198, TD No. 438 (March 2002). 

D. FOCARELLI and F. PANETTA, Are mergers beneficial to consumers? Evidence from the market for bank 
deposits, American Economic Review, Vol. 93 (4), pp. 1152-1172, TD No. 448 (July 2002). 

E.VIVIANO, Un'analisi critica delle definizioni di disoccupazione e partecipazione in Italia, Politica 
Economica, Vol. 19 (1), pp. 161-190, TD No. 450 (July 2002). 

M. PAGNINI, Misura e Determinanti dell’Agglomerazione Spaziale nei Comparti Industriali in Italia,  
Rivista di Politica Economica, Vol. 3 (4), pp. 149-196, TD No. 452 (October  2002). 

F. BUSETTI and A. M. ROBERT TAYLOR, Testing against stochastic trend and seasonality in the presence 
of unattended breaks and unit roots, Journal of Econometrics, Vol. 117 (1), pp. 21-53, TD No. 
470 (February 2003). 

 

2004 

F. LIPPI, Strategic monetary policy with non-atomistic wage-setters, Review of Economic Studies, Vol. 70 
(4), pp. 909-919, TD No. 374 (June 2000). 

P. CHIADES and L. GAMBACORTA, The Bernanke and Blinder model in an open economy: The Italian 
case, German Economic Review, Vol. 5 (1), pp. 1-34, TD No. 388 (December 2000). 

M. BUGAMELLI and P. PAGANO, Barriers to Investment in ICT, Applied Economics, Vol. 36 (20), pp. 
2275-2286, TD No. 420 (October 2001).  

A. BAFFIGI, R. GOLINELLI and G. PARIGI, Bridge models to forecast the euro area GDP, International 
Journal of Forecasting, Vol. 20 (3), pp. 447-460,TD No. 456 (December 2002). 

D. AMEL, C. BARNES, F. PANETTA and C. SALLEO, Consolidation and Efficiency in the Financial Sector: 
A Review of the International Evidence, Journal of Banking and Finance, Vol. 28 (10), pp. 2493-
2519, TD No. 464 (December 2002). 

M. PAIELLA, Heterogeneity in financial market participation: appraising its implications for the C-
CAPM, Review of Finance, Vol. 8, pp. 1-36, TD No. 473 (June 2003). 

E. BARUCCI, C. IMPENNA and R. RENÒ, Monetary integration, markets and regulation, Research in 
Banking and Finance, (4), pp. 319-360, TD No. 475 (June 2003). 

G. ARDIZZI, Cost efficiency in the retail payment networks: first evidence from the Italian credit card 
system, Rivista di Politica Economica, Vol. 94, (3), pp. 51-82, TD No. 480 (June 2003). 

E. BONACCORSI DI PATTI and G. DELL’ARICCIA, Bank competition and firm creation, Journal of Money 
Credit and Banking, Vol. 36 (2), pp. 225-251, TD No. 481 (June 2003). 

R. GOLINELLI and G. PARIGI, Consumer sentiment and economic activity: a cross country comparison, 
Journal of Business Cycle Measurement and Analysis, Vol. 1 (2), pp. 147-172, TD No. 484 
(September 2003). 

L. GAMBACORTA and P. E. MISTRULLI, Does bank capital affect lending behavior?, Journal of Financial 
Intermediation, Vol. 13 (4), pp. 436-457, TD No. 486 (September 2003). 

G. GOBBI and F. LOTTI, Entry decisions and adverse selection: an empirical analysis of local credit 
markets, Journal of Financial services Research, Vol. 26 (3), pp. 225-244, TD No. 535 (December 

2004). 

F. CINGANO and F. SCHIVARDI, Identifying the sources of local productivity growth, Journal of the 
European Economic Association,  Vol. 2 (4), pp. 720-742, TD No. 474 (June 2003). 

C. BENTIVOGLI and F. QUINTILIANI, Tecnologia e dinamica dei vantaggi comparati: un confronto fra 
quattro regioni italiane, in C. Conigliani (a cura di), Tra sviluppo e stagnazione: l’economia 
dell’Emilia-Romagna, Bologna, Il Mulino, TD No. 522 (October 2004). 

E. GAIOTTI and F. LIPPI, Pricing behavior and the introduction of the euro:evidence from a panel of 
restaurants, Giornale degli Economisti e Annali di Economia, 2004, Vol. 63(3/4):491-526, TD 

No. 541 (February 2005). 



 

2005 

L. DEDOLA and F. LIPPI, The monetary transmission mechanism: evidence from the industries of 5 OECD 
countries, European Economic Review, 2005, Vol. 49(6): 1543-69, TD No. 389 (December 

2000). 
G. DE BLASIO and S. DI ADDARIO, Do workers benefit from industrial agglomeration?  Journal of regional 

Science, Vol. 45 n.4, pp. 797-827, TD No. 453 (October 2002). 

M. OMICCIOLI, Il credito commerciale: problemi e teorie, in L. Cannari, S. Chiri e M. Omiccioli (a cura 
di), Imprese o intermediari? Aspetti finanziari e commerciali del credito tra imprese in Italia, 
Bologna, Il Mulino, TD No. 494 (June 2004). 

L. CANNARI, S. CHIRI and M. OMICCIOLI, Condizioni del credito commerciale e differenzizione della 
clientela, in L. Cannari, S. Chiri e M. Omiccioli (a cura di), Imprese o intermediari? Aspetti 
finanziari e commerciali del credito tra imprese in Italia, Bologna, Il Mulino, TD No. 495 (June 

2004). 

P. FINALDI RUSSO and L. LEVA, Il debito commerciale in Italia: quanto contano le motivazioni 
finanziarie?, in L. Cannari, S. Chiri e M. Omiccioli (a cura di), Imprese o intermediari? Aspetti 
finanziari e commerciali del credito tra imprese in Italia, Bologna, Il Mulino, TD No. 496 (June 

2004). 

A. CARMIGNANI, Funzionamento della giustizia civile e struttura finanziaria delle imprese: il ruolo del 
credito commerciale, in L. Cannari, S. Chiri e M. Omiccioli (a cura di), Imprese o intermediari? 
Aspetti finanziari e commerciali del credito tra imprese in Italia, Bologna, Il Mulino, TD No. 497 

(June 2004). 

G. DE BLASIO, Credito commerciale e politica monetaria: una verifica basata sull’investimento in scorte, 
in L. Cannari, S. Chiri e M. Omiccioli (a cura di), Imprese o intermediari? Aspetti finanziari e 
commerciali del credito tra imprese in Italia, Bologna, Il Mulino, TD No. 498 (June 2004). 

G. DE BLASIO, Does trade credit substitute bank credit? Evidence from firm-level data. Economic notes, 
Vol. 34 n.1, pp. 85-112, TD No. 498 (June 2004). 

A. DI CESARE, Estimating Expectations of Shocks Using Option Prices, The ICFAI Journal of Derivatives 
Markets, Vol. II (1), pp. 42-53, TD No. 506 (July 2004). 

M. BENVENUTI and M. GALLO, Perché le imprese ricorrono al factoring? Il caso dell'Italia, in L. Cannari, 
S. Chiri e M. Omiccioli (a cura di), Imprese o intermediari? Aspetti finanziari e commerciali del 
credito tra imprese in Italia, Bologna, Il Mulino, TD No. 518 (October 2004). 

P. DEL GIOVANE and R. SABBATINI, L’euro e l’inflazione. Percezioni, fatti e analisi, Bologna, Il Mulino,  
TD No. 532 (December 2004). 

 




